
 

14 V May 2026

https://doi.org/10.22214/ijraset.2026.81528



International Journal for Research in Applied Science & Engineering Technology (IJRASET) 
                                                                                           ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538 

                                                                                                                Volume 14 Issue V May 2026- Available at www.ijraset.com 
     

 
214 ©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 

AI- Based Legal Advisor System 
 

Arjun Singh1, Priyanshu Sahu2, Kavya Singh3, Anuj Singh4 

Computer Science & Engineering, Shri Ramswaroop Memorial College of Engineering & Management, Lucknow, India 
 
Abstract: The advancement of Artificial Intelligence (AI) has opened new possibilities in the legal sector. This review paper 
focuses on developing an AI-Based Legal Advisor System that can provide users with legal information, case references, and 
suggestions for common legal queries. The system utilizes Natural Language Processing (NLP) and Machine Learning (ML) 
techniques to understand user queries in simple language and provide relevant responses based on Indian law databases. The 
project aims to help individuals access legal assistance easily without depending solely on human lawyers for basic guidance. 
The system will not replace professional legal advice but will act as a support tool for understanding legal rights and 
procedures. 
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I. INTRODUCTION 
In today’s rapidly advancing digital era, Artificial Intelligence (AI) has emerged as one of the most transformative technologies 
reshaping industries across the world. From healthcare and education to finance and governance, AI has proven its potential to 
improve efficiency, reduce human effort, and enhance decision-making processes. Among these domains, the legal sector has begun 
to witness a remarkable shift toward automation and intelligent systems. Traditionally, legal advice and services have been 
expensive, time-consuming, and often inaccessible to the general public. Many individuals avoid seeking legal help for minor issues 
due to lack of awareness, high lawyer fees, or complex legal language. This situation highlights the urgent need for a system that can 
make legal information more understandable, affordable, and easily accessible to everyone. 
The AI-Based Legal Advisor System aims to bridge this gap by leveraging the power of Artificial Intelligence, Machine Learning 
(ML), and Natural Language Processing (NLP) to provide users with instant, accurate, and context-based legal assistance. It acts as 
a virtual legal consultant that can understand user queries written in natural language (English or Hindi), interpret their intent, and 
provide  appropriate responses, including relevant laws, rights, and procedures. Such a system can be extremely helpful for people 
who need guidance on basic legal matters like filing an FIR, consumer rights, property disputes, cybercrimes, or employment issues, 
without visiting a lawyer every time. AI-based systems like ROSS Intelligence, Do Not Pay, and Legal Robot have already 
demonstrated the potential of intelligent legal tools in western countries. However, these platforms primarily focus on U.S. or 
European legal frameworks, leaving a significant gap in the Indian context. India has a vast and complex legal system with 
numerous laws, acts, and sections spread across various domains such as civil, criminal, constitutional, and administrative law. The 
integration of AI with Indian legal data can simplify this complexity by providing categorized and user-friendly responses. 
Moreover, with the increasing adoption of digital platforms by government and judiciary systems, the introduction of AI-driven legal 
tools aligns perfectly with the vision of “Digital India” and e-Governance. The proposed system uses Natural Language Processing 
to analyze user input and Machine Learning models to classify and match it with the most relevant legal information stored in the 
database. It can provide not only textual responses but also links to authentic sources such as the Indian Penal Code (IPC), Criminal 
Procedure Code (CrPC), or Consumer Protection Act. Additionally, the system can be expanded to support multilingual interactions, 
making it accessible to rural and non-English-speaking users. The overall goal of this project is not to replace professional lawyers 
but to assist users with preliminary legal knowledge and awareness. By reducing the initial dependency on human lawyers for small 
queries, it can save time, effort, and cost. Furthermore, it can act as a knowledge base for students, paralegals, and organizations 
working in the field of legal aid. In conclusion, the AI-Based Legal Advisor System represents a step toward a smarter, more 
transparent, and inclusive justice ecosystem. By combining technology with legal intelligence, it aims to democratize access to legal 
services and empower citizens with the information they need to make informed legal decisions. 

 
II. LITERATURE REVIEW  

AI-based legal advisor systems have become pivotal in transforming the delivery of legal services by leveraging advancements in 
artificial intelligence, particularly in natural language processing (NLP) and machine learning. Early AI in law began with rule-
based systems like HYPO and CATO, which formalized case-based reasoning but struggled with scalability and adaptability.  
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As AI evolved, transformer models such as BERT and GPT have taken the forefront due to their superior ability to understand and 
generate human-like legal language. 
Transformers in legal AI employ self-attention mechanisms, allowing them to capture complex contextual relationships in legal 
documents without relying on sequential data processing. These models excel in tasks such as legal document summarization, 
contract analysis, and case prediction. For example, Legal-BERT and fine-tuned GPT models demonstrate high accuracy and have 
set new benchmarks in legal NLP tasks. 
Traditional machine learning models such as Random Forests, Support Vector Machines (SVMs), and Long Short-Term Memory 
networks (LSTMs) still contribute, especially in classification and document clustering tasks. However, transformer models have 
surpassed others in handling large-scale, complex legal datasets. 
Applications of AI-based legal advisors span automated contract review, legal research assistance, real-time document drafting, and 
litigation strategy planning. These systems enhance efficiency, reduce human error, and make legal knowledge more accessible to 
both professionals and the public. Despite these benefits, challenges around data privacy, ethical AI use, interpretability, and the 
need for vast annotated datasets remain. 
Future directions focus on integrating AI advisors more deeply with legal databases and court management systems, improving 
explainability, ensuring compliance with legal standards, and democratizing access to justice through scalable AI solutions. 
Overall, the convergence of advanced transformer architectures and traditional machine learning techniques is driving a new era of 
intelligent legal support tools, promising increased efficiency, accuracy, and fairness across the legal landscape. 
1) Early AI in Legal Practice: Initial attempts focused on encoding legal rules and precedents with expert systems, allowing basic 

inference but limited flexibility. 
2) Transformer Models: Transformers use self-attention to capture long-range dependencies in text, making them ideal for legal 

documents with complex semantics. BERT-based and GPT-based models now excel in tasks like contract review, legal 
research, and predictive analytics. 

3) Traditional Machine Learning Models: Models like Support Vector Machines (SVMs), Random Forests (RF), and Long Short-
Term Memory (LSTM) networks remain useful for specific classification and pattern recognition tasks in legal datasets but 
cannot match transformer models’ language modelling power. 

4) Applications in Legal Advisory: AI advisors perform tasks from document summarization to compliance checking and 
litigation prediction, increasing efficiency and reducing human error. 

5) Challenges: Issues include dataset annotation gaps, interpretability of AI predictions, legal data privacy, and maintaining ethical 
standards. 

6) Future Directions:  Integration with court databases, explainable AI, continuous learning, and democratizing access to legal 
advice will drive future innovation. 

 
Table I.  Summary Of Transformer And Ml Models 

Aspect  Description  

Approach  AI-based legal advisor systems use transformer models combined with traditional machine learning algorithms to understand, analyse, and 
generate legal text 

Input Data  Legal documents, case laws, statutory laws, contracts, client queries, and annotated legal datasets are primarily used as input data . 

Key ML Models  Random Forest, Support Vector Machines (SVM), Convolutional Neural Networks (CNN), Long Short-Term Memory (LSTM), and 
hybrid models alongside transformers 

Transformer Models  Legal-BERT, GPT-4 fine-tuned, Lex-BERT, Hybrid BERT-CNN, Legal L LaMA, Co Counsel AI, Multi-modal transformers, and custom 
transformer architectures . 

Software  
Requirements  

Python, TensorFlow, PyTorch, Hugging Face Transformers, FastAPI for deployment, NLP libraries for pre-processing and model serving . 

Hardware  
Requirements  

High-end GPUs (e.g., NVIDIA RTX 3090, A100) for deep learning training and inference . 

Advantages  High accuracy for legal text understanding, scalability to large datasets, ability to grasp complex language context, and improved output 
quality via attention mechanisms . 

Disadvantages  Large labeled dataset requirements, computationally expensive training, risk of bias and ethical concerns, and challenges in 
interpretability . 

Evaluation Metrics  Accuracy, Precision, Recall, F1-score, BLEU score for text generation and summarization tasks . 

Future Scope  Integration with legal databases, real-time case analysis, multilingual legal assistance, enhanced AI explainability, and democratisation of 
legal services . 

Challenges  Data privacy, scarcity of quality annotated data, maintaining fairness and transparency, and regulatory compliance . 
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III. SUMMARY TABLE FOR DIFFERENT TRANSFORMER MODELS  
This table for different Transformer models used in AI  based lawyer detection system, providing various data in summary form..  

    
Table II.  Different Model Of Transformers 

Models   Dataset    Performance  
Metrics  

Legal-BERT Case Law, Statutes Accuracy: 91.5%, F1-Score: 0.89 
GPT-4 (Fine-
tuned) 

Legal Contracts, Client 
Queries 

Accuracy: 93.0%, Recall:0.91 

Lex-BERT Litigation data , 
Contracts  

Accuracy:90.2%, 
Precision:0.88 

Hybrid BERT-
CNN 

Legal text + 
Annotations 

Accuracy:92.0%, 
F1-Score:0.90 

LegalLLama Multijurisdictional, 
Legal text  

Accuracy:89.8%, 
Recall:0.87 

Co Counsel AI Westlaw, Practical 
Law 

Task-specific Accuracy: 94.8% 

Multi-modal 
Transformer 

Text + Legal 
Knowledge Graphs 

Precision: 0.91, F1-Score: 0.90 

Custom 
Transformer 

Law Firm Proprietary 
Data 

Accuracy: 91.2%, Precision: 0.89 

 
IV. SUMMARY TABLE  

This table summarizing various machine learning models including CNN, RF, RNN, SVM, LSTM, Transformer, and a hybrid 
model of CNN and RF. The accuracy percentages are approximate and can vary based on specific implementations and datasets .  
 

TABLE III.   VARIOUS MACHINE LEARNING MODELS 
Model   Descriptions  Accuracy  
CNN  Automated feature extraction 

from legal documents and 
images 

70% - 90%  

Random forest   Ensemble of decision trees for 
classification in legal cases.  

70% - 85%  

RNN  Captures sequential 
dependencies in legal texts 

60% - 80%  

SVM    Finds boundary hyperplanes for 
legal classification 

65% - 85%  

LSTM  Handles long term 
dependencies in legal 
sequences  

70% - 85%  

Transformer  Uses self-attention for 
comprehensive legal text 
analysis.  

80% - 95%  

CNN  +  RF  
(Hybrid)  

Combines CNN for feature 
extraction with RF classification 

80% - 96%  
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V. COMPARISON GRAPH  
The following table provides a comparison of the mongrel  
CNN- RF .  

 
Comparison graph of different model 

 
VI. CONCLUSION  

Future explorations should focus on expanding large-scale annotated datasets, improving model interpretability, addressing data 
privacy concerns, and integrating legal AI systems with existing court and case management infrastructures. Such advancements 
will further optimize AI-driven legal advisory services, making legal support more accessible and efficient for professionals and 
clients alike. 
In conclusion, combining transformer-based models with traditional machine learning techniques presents a promising path for the 
future development of AI legal advisors, poised to transform the legal landscape toward greater accuracy and accessibility. 
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