IJRASET

International Journal For Research in
Applied Science and Engineering Technology

" INTERNATIONAL JOURNAL
FOR RESEARCH

IN APPLIED SCIENCE & ENGINEERING TECHNOLOGQGY

Volume: 14 Issue: i Month of publication: February 2026

DOIl: https://doi.org/10.22214/ijraset.2026.77714

www.ijraset.com
Call: (£)08813907089 | E-mail ID: ijraset@gmail.com




International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 14 Issue Il Feb 2026- Available at www.ijraset.com

Build Wealth Consultant Using Agentic Al

Ms. Supriya Nandkumar Mali, Ms. Aditi Dipak Ambi?, Ms. Panjali Raosaheb Ghatage®, Prof. Janhavi B. Sutar*
Computer Science and Engineering Department, DKTE’s Yashwantrao Chavan Polytechnic, Ichalkaranji

Abstract: The rapid digitization of financial services has created a demand for intelligent systems capable of delivering
personalized, data-driven investment guidance. Traditional financial advisory methods are often expensive, limited in
accessibility, and highly dependent on human expertise. Existing robo-advisory platforms, while automated, lack true autonomy,
contextual reasoning, and adaptive decision-making capabilities. This paper presents the design and implementation of an
Agentic Al-based Wealth Consultant—an intelligent, autonomous financial advisory system capable of dynamic risk profiling,
portfolio optimization, and real-time analysis of financial data. The proposed system utilizes large language models (LLMs),
machine learning algorithms, and financial analytics, all integrated within an autonomous agent architecture. The agent
continuously perceives financial data, evaluates user profiles, performs reasoning over investment constraints, and executes
portfolio recommendations without manual intervention. The methodology incorporates structured financial datasets, supervised
learning techniques for risk prediction, and optimization algorithms for asset allocation. Security, ethical Al governance, and
regulatory compliance considerations are embedded within the system design. The key contribution of this work lies in
transforming static robo-advisory mechanisms into an adaptive, goal-oriented agent capable of contextual financial reasoning
and personalized wealth management. The system demonstrates improved scalability, responsiveness, and user-centric financial
intelligence, making it suitable for next-generation fintech applications.
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L. INTRODUCTION
Artificial Intelligence (Al) has become a major driving force in modern financial services, supporting automation, predictive
modeling, and intelligent analysis of large financial datasets. Digital advisory platforms have made investment services more
accessible by offering algorithm-based portfolio suggestions at lower costs. Despite these advancements, many existing solutions
depend on fixed rules and predefined risk models, which restrict their ability to respond effectively to rapidly changing market
conditions and individual investor needs.
With increasing market volatility and economic uncertainty, there is a strong demand for systems that can perform deeper
contextual analysis and provide adaptive, personalized financial guidance.
An Agentic Al-based Wealth Consultant is designed to overcome these challenges by enabling autonomous and goal-oriented
decision-making. The system integrates machine learning techniques, advanced language models, and real-time financial data
processing to evaluate user profiles and generate tailored investment strategies. It continuously monitors market trends, adjusts
recommendations based on evolving conditions, and aligns decisions with the user’s financial objectives and risk tolerance. By
incorporating transparency, data protection measures, and regulatory considerations, the proposed solution promotes responsible and
secure financial advisory services while advancing intelligent wealth management technologies.

1. LITERATURE REVIEW
The adoption of Artificial Intelligence in financial advisory systems has expanded rapidly due to advancements in machine learning
and financial technology. Several studies related to Al in finance, robo-advisory systems, investment prediction models,
Transformer architectures, and agent-based intelligence are reviewed below.

A. Alin Financial Services

Artificial Intelligence has been widely implemented in financial analytics, including credit risk assessment, fraud detection, and
market forecasting. Machine learning models improve predictive performance by analyzing large financial datasets and identifying
hidden patterns [1]. However, most Al-driven systems focus on numerical prediction rather than interactive advisory intelligence.
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B. Robo-Advisory Platforms

Robo-advisors provide automated investment recommendations based on predefined risk profiles and portfolio allocation strategies
[2]. These systems commonly utilize Modern Portfolio Theory for asset diversification. While robo-advisors enhance accessibility
and reduce advisory costs, they lack contextual awareness and adaptive conversational capabilities.

C. Machine Learning for Investment Prediction

Supervised learning techniques such as Support Vector Machines and Neural Networks have been applied to stock price forecasting
and volatility prediction. Deep learning models further enhance forecasting accuracy by capturing nonlinear relationships in
financial time-series data.

D. Transformer Architecture and Attention Mechanism

The introduction of the Transformer model significantly improved sequence modeling through the self-attention mechanism.
Decoder-only Transformer architectures have demonstrated strong capabilities in autoregressive text generation and contextual
understanding. These properties make them suitable for intelligent conversational advisory systems.

E. Agent-Based Intelligent Systems

Agent-based systems operate autonomously by perceiving inputs, making decisions, and executing goal-oriented actions. In
financial environments, agent-based models have been applied to automated trading and distributed simulations. However, limited
research integrates agent-oriented reasoning with personalized wealth advisory systems.

1. EXISTING SYSTEM
Traditional financial advisory services operate through human consultants, rule-based robo-advisors, and algorithmic portfolio
optimization tools. Human advisors provide personalized guidance but face limitations in scalability and cost. Robo-advisors
automate asset allocation using predefined risk categories and fixed portfolio models, improving accessibility but lacking contextual
understanding and conversational adaptability. Algorithm-driven systems rely on historical data and mathematical models, offering
computational efficiency but limited personalization and flexibility. Key limitations of existing systems include rigid portfolio
strategies, minimal adaptive learning, restricted natural language interaction, centralized security concerns, and insufficient
customization for diverse investor needs. These constraints justify the development of a more intelligent and autonomous financial
advisory solution.

V. PROPOSED SYSTEM
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Fig. system block diagram
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The proposed Agentic Al-Based Wealth Consultant system is designed to function as an autonomous financial advisor, offering
real-time, personalized financial guidance to users.

A. System Architecture

The architecture of the system is composed of the following key components:

1) User Interface Module: This component allows users to interact with the system by inputting their financial goals and
monitoring portfolio progress through a user-friendly interface.

2) Risk Profiling Agent: The agent analyzes the user's financial profile to assess their risk tolerance using machine learning
models, categorizing them into appropriate risk groups: conservative, moderate, or aggressive.

3) Portfolio Optimization Engine: This engine generates optimized asset allocations, balancing risk and return based on modern
financial theories and optimization algorithms.

4) Financial Data Processing Unit: This unit collects and processes real-time financial data from various sources, including market
feeds, news, and APIs, ensuring that the system can provide up-to-date recommendations.

5) Large Language Model (LLM) Reasoning Agent: Using natural language processing (NLP), this agent interprets user queries
and financial goals, generating personalized recommendations while explaining the reasoning behind each recommendation.

6) Compliance and Security Module: Ensures that the system adheres to ethical Al standards and financial regulations, while
maintaining robust data privacy and security measures to protect user information.

7) Database Layer: Stores user profiles, historical data, financial strategies, and market trends, enabling the system to continually
learn and adapt over time.

B. Autonomous Decision-Making Agent

At the heart of the system is the Autonomous Decision-Making Agent, which is responsible for:
1) Understanding and interpreting user financial goals and preferences

2) Evaluating risk tolerance based on user input

3) Analyzing historical data and real-time market trends

4) Generating customized investment strategies tailored to the user's needs

5) Providing transparent explanations for all recommendations

This agent operates on a perception-reasoning-action cycle:

a) Perception: It collects both user financial inputs and market data, including stock prices and macroeconomic indicators.

b) Reasoning: The agent applies LLM-based contextual analysis to interpret user queries, while leveraging machine learning
algorithms for trend prediction and decision-making.

c) Action: Based on the insights, the agent generates personalized portfolio recommendations designed to meet the user's financial
objectives and risk profile.

C. Risk Profiling Module

The Risk Profiling Module classifies users into different risk categories (conservative, moderate, or aggressive) using machine
learning techniques such as:

1) Logistic Regression

2) Random Forest Classifiers

This module enhances the accuracy of risk classification by incorporating behavioral financial indicators (e.g., spending behavior,
past investments), which allow for a more personalized risk assessment.

D. Portfolio Optimization Engine

The Portfolio Optimization Engine is responsible for creating optimized investment portfolios. It uses advanced financial concepts
such as:

1) Modern Portfolio Theory (MPT)

2) Mean-Variance Optimization

3) Monte Carlo Simulations
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The goal is to select a diversified range of assets that maximize expected returns while minimizing potential risks, ensuring an
optimal balance of risk and reward.

E. Real-Time Financial Data Analysis

The Real-Time Financial Data Analysis unit ensures that the system stays updated with the latest market trends. It collects financial
data from various sources using APIs, enabling the system to track:

1) Market fluctuations

2) Volatility indices

3) Macroeconomic indicators

By analyzing real-time data, the system can dynamically adjust and rebalance investment strategies in response to market changes,
providing timely and relevant financial advice.

F. Innovation

Unlike traditional rule-based robo-advisors, the proposed system integrates reasoning-based intelligence with quantitative financial
models, allowing it to generate personalized, adaptive strategies. This approach ensures that the system can make context-aware
decisions and adapt its recommendations to changing market conditions and evolving user preferences.

V. METHODOLOGY

1) Problem Identification: Identify the limitations of traditional financial advisory services, such as high cost and limited
accessibility. The goal is to develop an affordable Al-based wealth consultant for all users.

2) Data Collection: Collect structured data (stock prices, mutual funds, reports) and unstructured data (news, user queries). Use
APIs for real-time financial data.

3) Data Processing: Clean and organize data. Apply Machine Learning models to predict trends and classify users based on risk
profile.

4) Al Model Development: Develop an Agentic Al system with NLP for user interaction and predictive analytics for investment
suggestions.

5) System Integration: Create a simple web interface for portfolio tracking and personalized recommendations.

6) Testing: Test the system using historical data. Check accuracy, performance, and usability.

7) Implementation & Maintenance: Deploy the system and continuously update it. Ensure data security and privacy protection.

VI. FUTURE SCOPE
The proposed system can be extended in several directions:
1) Blockchain Integration — Secure and transparent transaction recording.
2) Real-Time Market Prediction — Advanced deep learning for predictive analytics.
3) Multi-Agent Collaboration — Distributed agents specializing in taxation, insurance, and retirement planning.
4) Global Financial Compliance Adaptation — Automated regulatory adjustments across countries.
5) Voice-Based Advisory Systems — Conversational Al integration.
These enhancements can transform the system into a comprehensive intelligent financial ecosystem.

VII. CONCLUSION

This paper presented the design and implementation of an Agentic Al-based Wealth Consultant capable of autonomous financial
advisory decision-making. The system addresses limitations of traditional and robo-advisory platforms by integrating reasoning-
based intelligence, quantitative optimization, and adaptive learning mechanisms. The autonomous agent demonstrates improved
personalization, scalability, and responsiveness to dynamic market conditions. Incorporating ethical Al practices ensures
transparency, fairness, and compliance with financial regulations. The proposed system contributes to the advancement of intelligent
fintech solutions by introducing contextual autonomy in wealth management. The integration of LLM reasoning with financial
analytics establishes a foundation for next-generation Al-driven advisory systems capable of delivering secure, scalable, and
intelligent financial services.
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