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Abstarct: Cardiovascular diseases (CVDs) remain one of the leading causes of mortality worldwide, largely due to the lack of
early detection, continuous monitoring, and personalized healthcare solutions. Traditional healthcare systems often rely on
periodic medical consultations, which limits proactive disease prevention and individualized care. Additionally, patients lack
access to integrated platforms that combine risk prediction, lifestyle planning, and medication adherence in a single ecosystem.
To address these challenges, this paper presents CardioSphere, an Al-driven cardiovascular health management platform that
integrates machine learning, artificial intelligence, and modern web technologies. The system employs a Random Forest
Classifier trained on clinical health parameters to predict heart disease risk with high accuracy. It further enhances preventive
healthcare by generating personalized workout routines and dietary plans using Al models tailored to user-specific health
conditions and lifestyle factors. The platform includes a medication tracking system with automated SMS reminders, an
interactive dashboard for real-time health insights, and a community forum for peer support and knowledge sharing. Built using
Next.js, FastAPI, and MongoDB, CardioSphere provides a scalable and user-friendly solution for proactive cardiovascular
health management. By combining predictive analytics with intelligent recommendations, the system empowers individuals to
make informed decisions and adopt healthier lifestyles, contributing to improved long-term health outcomes.

L. INTRODUCTION
Cardiovascular diseases have become a major global health concern, accounting for millions of deaths annually. Early detection and
prevention are critical to reducing the risk and improving patient outcomes. However, most individuals lack access to continuous
monitoring systems and personalized health guidance. Traditional healthcare approaches are reactive rather than proactive, focusing
on treatment after symptoms appear rather than prevention.
Recent advancements in machine learning and artificial intelligence have enabled the development of predictive healthcare systems
capable of analyzing large volumes of health data to identify risk factors and generate recommendations. At the same time, modern
web technologies allow these systems to be delivered through interactive and accessible platforms.
Despite these advancements, existing solutions often suffer from fragmentation. Risk prediction tools, fitness applications, diet
planners, and medication trackers are typically separate systems, requiring users to switch between multiple platforms. This leads to
reduced usability, poor engagement, and lack of continuity in healthcare management.
To overcome these limitations, this project introduces CardioSphere, a unified platform that integrates risk prediction, Al-based
wellness planning, medication management, and community interaction into a single system. By combining predictive analytics
with real-time monitoring and intelligent recommendations, CardioSphere aims to provide a comprehensive and user-centric
approach to cardiovascular health management.

1. RELATED PREVIOUSLY DONE WORK
Research in healthcare technology has explored various domains including predictive analytics, Al-based recommendation systems,
and digital health platforms.
Machine learning models such as Logistic Regression, Decision Trees, and Random Forests have been widely used for heart disease
prediction. Studies have shown that Random Forest models provide high accuracy and robustness when dealing with complex health
datasets.
Al-based recommendation systems have also been applied in fitness and nutrition planning, where natural language processing
models generate personalized plans based on user inputs. However, these systems are often standalone and not integrated with
health prediction models.
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Mobile health applications and wearable devices provide monitoring features such as heart rate tracking and step counting. While
these tools offer valuable data, they lack predictive capabilities and integrated decision support systems.

Despite these advancements, existing systems face several limitations:

1) Lack of integration between prediction, planning, and monitoring modules

2) Limited personalization based on individual health conditions

3) Absence of unified platforms for complete health management

4) Minimal use of Al for intelligent recommendations

CardioSphere addresses these gaps by integrating machine learning, Al-driven planning, and real-time monitoring into a single
platform.

1. MATERIALS AND METHODS

The development of CardioSphere follows a structured methodology combining data analysis, system design, and Al integration.

1) Data Collection and Processing: The system uses a healthcare dataset containing multiple clinical parameters such as blood
pressure, cholesterol levels, BMI, and lifestyle factors. Data preprocessing techniques including normalization and feature
selection are applied to improve model performance.

2) Model Development: A Random Forest Classifier is trained using the processed dataset. The model is evaluated using metrics
such as accuracy and ROC AUC to ensure reliable predictions.

3) System Architecture Design: A modular architecture is designed separating frontend, backend, database, and Al services. This
ensures scalability and maintainability.

4) Frontend Development: The user interface is developed using Next.js, providing an interactive and responsive experience.

5) Backend Development: FastAPI is used to build RESTful APIs for handling requests, processing data, and integrating Al
services.

6) Al Integration: Al models are integrated for generating personalized workout and diet plans based on user inputs.

7) Testing and Evaluation: The system is tested using functional, integration, and performance testing techniques to ensure

reliability.
V. IMPLEMENTATION
CardioSphere is implemented as a full-stack web application following a client-server architecture.
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Fig 1: Flowchart of CardioSphere System Workflow

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 1467



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 14 Issue V May 2026- Available at www.ijraset.com

V. FLOWCHART EXPLANATION
1. Start and Authentication
e The process begins with the user accessing the application.
e The user performs registration/login using secure authentication (Clerk).
e Only authenticated users are allowed to access the system.
2. User Dashboard
e  After successful login, the user is redirected to the dashboard.
e The dashboard acts as the central interface of the application.
e The user selects the required feature from available modules.
3. Feature Selection
e The system provides multiple modules for user interaction:
0 Risk Assessment
0 Workout Plan
o DietPlan
0 Medication Tracker
o0 Community Forum
4. Data Input by User
e Risk Assessment: User enters health details such as age, blood pressure, cholesterol, BMI, etc.
e Workout Plan: User provides fitness details like weight, goals, and activity level.
e Diet Plan: User specifies dietary preferences and restrictions.
e Medication Tracker: User adds medication details such as dosage, timing, and duration.
e Community Forum: User creates posts, asks questions, and interacts with others.
5. Backend Processing (FastAPI)
e All user inputs are sent to the backend through APIs.
e The backend processes requests and validates the data.
e It ensures secure handling of all user information.
6. Processing Layer
e Machine Learning Model: Predicts heart disease risk using Random Forest.
e Al Engine: Generates personalized workout and diet plans.
o Database: Stores and retrieves user data, predictions, and plans using MongoDB.
7. Medication Reminder System
e Medication data is used to schedule reminders.
e The system integrates with Twilio to send SMS natifications.
e  Ensures timely medication adherence.
8. Response Generation
e The backend processes the data and generates results.
e The response is sent back to the frontend.
9. Display Results
e The results are displayed on the dashboard.
e Includes risk prediction, Al-generated plans, medication status, and health insights.
10. User Interaction
e The user can update information, track progress, and explore features.
e  Continuous interaction improves system usability.
11. End
e  The workflow completes after displaying results.
e The system remains active for further user actions.
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VI. SYSTEM DESIGN/ARCHITECTURE
The system follows a modular architecture with four layers:
1) Presentation Layer — User interface built using Next.js
2) Application Layer — FastAPI backend handling logic
3) Data Layer — MongoDB database
4) AI/ML Layer — Prediction and recommendation modules
This layered design ensures scalability, maintainability, and efficient data flow.
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VIL. EVALUATION METRICS

The performance and effectiveness of the CardioSphere system are evaluated using a combination of machine learning, system
performance, and usability metrics.
1) Prediction Accuracy (30%)
0 Measures the correctness of the heart disease risk predictions generated by the Random Forest model.
0 Higher accuracy indicates better reliability of the predictive system.
2) ROC AUC Score (25%)
o0 Evaluates the classification performance of the model across different thresholds.
0 Ahigher ROC AUC value indicates better distinction between risk classes.
3) System Performance (20%)
0 Measures API response time, system latency, and ability to handle multiple user requests.
o0 Ensures smooth and efficient system operation.
4)  Usability (15%)
0 Assesses user experience based on ease of use, interface design, and accessibility.
0 Ensures that users can interact with the system effectively.
5) Al Recommendation Quality (10%)
0 Evaluates the relevance and usefulness of Al-generated workout and diet plans.
0 Ensures personalized and meaningful recommendations for users.

VIIl.  IMPLEMENTATION PHASES

A. System Design

The system design phase involves the development of the conceptual architecture of CardioSphere. It includes a Next.js-based
frontend for user interaction and a FastAPI backend for handling APIs, machine learning models, and Al services. The architecture
integrates key components such as Clerk authentication, ML prediction service, Al planner module, medication tracking system,
community module, and MongoDB database. This modular design improves scalability, maintainability, and performance by
separating frontend, backend, Al, and database layers. However, designing such an integrated system requires careful planning to
manage data flow, ensure secure authentication, and maintain smooth interaction between multiple components.
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B. Prototype Implementation

In this phase, the core modules of the system are developed, including heart disease prediction, Al-based workout and diet planners,
medication tracking, and an interactive dashboard. The frontend is implemented using React and TypeScript, while the backend
APIs are built using FastAPI, with MongoDB handling data storage. This stage allows early testing of system functionalities such as
prediction accuracy, Al-generated recommendations, and user interaction. It supports iterative development and debugging.
However, integrating multiple modules like ML models, Al APIs, and frontend components may introduce synchronization
challenges and requires efficient APl communication.

C. Integration into Real Environment

This phase focuses on deploying the backend server and integrating it with the frontend through REST APIs. The system is tested in
a real environment where users interact with features such as prediction, planning, and medication tracking. External services like
Clerk for authentication and Twilio for SMS reminders are also integrated. This enables real-world validation of system
performance and ensures that all components function correctly in a live setup. Challenges include handling API latency, ensuring
secure communication, managing third-party service dependencies, and maintaining consistent performance across different devices
and network conditions.

D. Testing and Performance Evaluation

The final phase involves evaluating the system using unit testing, integration testing, system testing, and performance testing. Key
metrics such as prediction accuracy, API response time, system reliability, and user experience are used to assess effectiveness. This
phase helps in identifying bugs, improving system stability, and optimizing ML and Al outputs. However, challenges include
validating Al-generated responses for correctness, ensuring consistent performance under varying loads, and resolving integration
issues between frontend, backend, and external services.

IX. RESULTS AND DISCUSSION

The CardioSphere system demonstrates effective integration of machine learning and artificial intelligence for cardiovascular health
management. The Random Forest model provides reliable heart disease risk predictions based on user input parameters, enabling
early identification of potential health issues.

The Al-powered modules successfully generate personalized workout and diet plans, enhancing user engagement and promoting
healthier lifestyle choices. The medication tracking system with SMS reminders ensures improved adherence to prescribed
treatments, while the interactive dashboard presents health insights in a clear and user-friendly manner. From a system perspective,
the application performs efficiently with fast API response times and smooth frontend-backend communication, ensuring a seamless
user experience. The modular architecture allows easy integration of different components, making the system scalable and
maintainable. However, certain limitations exist, such as dependency on dataset quality for prediction accuracy and the need for
further validation of Al-generated recommendations in real-world scenarios. Overall, the results indicate that CardioSphere is a
functional, reliable, and user-centric platform that effectively combines predictive analytics and Al to support preventive healthcare
and continuous health monitoring.

X. CONCLUSION

CardioSphere presents an intelligent and integrated approach to cardiovascular health management by combining machine learning,
artificial intelligence, and modern web technologies into a unified platform. The system enables early prediction of heart disease
risk using a Random Forest model trained on multiple health parameters, while also providing personalized workout and diet plans
through Al-driven recommendations tailored to individual user profiles. In addition, features such as medication tracking with
automated SMS reminders, an interactive dashboard for real-time health insights, and a community forum for user engagement
enhance the overall effectiveness of the platform.

The implementation of a scalable architecture using Next.js, FastAPI, and MongoDB ensures efficient performance, flexibility, and
maintainability. Although the system may require further real-world validation and enhancements, it successfully demonstrates the
potential of integrating predictive analytics and Al to support preventive healthcare. Overall, CardioSphere empowers users to take
proactive control of their cardiovascular health and represents a significant step toward personalized and data-driven healthcare
solutions.
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