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Abstract: This research paper provides a comprehensive overview of the application of image processing techniques for the
classification of plant diseases, specifically for optimizing spraying practices in agriculture Plant. diseases pose a significant
threat to agricultural productivity and food security worldwide. Traditional methods of disease detection and management are
often labour-intensive, time-consuming, and may not be sufficiently accurate for early detection. However, recent advancements
in image processing and machine learning techniques have provided promising solutions for automated and efficient plant
disease detection. This paper explores the application of image processing algorithms for the classification of plant diseases, with
a specific focus on their utilization for optimizing spraying practices. The proposed methodology involves the acquisition of high-
resolution images of plant leaves, pre-processing steps for image enhancement, feature extraction using deep learning models,
and disease classification through machine learning algorithms. The ultimate goal is to develop a system that can accurately
identify plant diseases in real-time, enabling precise and targeted spraying of pesticides or other treatments, thereby minimizing
environmental impact and optimizing resource utilization.

L. INRODUCTION

Plant diseases have long been a major concern for agricultural productivity and food security. Early detection and management of
these diseases are crucial to prevent significant yield losses and ensure sustainable agricultural practices. Traditional methods of
disease detection rely heavily on visual inspection by trained agronomists, which can be subjective, time-consuming, and often not
scalable for large-scale agricultural operations. Moreover, the timely application of pesticides or other treatments to control disease
outbreaks requires accurate and timely information.

Advancements in image processing and machine learning offer promising solutions to automate the process of disease detection and
classification. By utilizing high-resolution images of plant leaves, coupled with sophisticated algorithms, it is possible to develop
systems capable of accurately identifying various plant diseases in real-time. Furthermore, integrating these systems with spraying
equipment can enable precise and targeted application of treatments, optimizing resource utilization and minimizing environmental
impact.

1. LITERATURE REVIEW

Several studies have explored the use of image processing and machine learning techniques for the detection and classification of
plant diseases. For example, Convolutional Neural Networks (CNNs) have been widely employed for feature extraction and
classification tasks due to their ability to learn intricate patterns from images. Researchers have developed CNN-based models for
the identification of specific diseases such as powdery mildew, tomato leaf mould, and citrus canker.

Additionally, various image processing techniques such as segmentation, feature extraction, and image enhancement have been
utilized to improve the accuracy of disease detection algorithms. Pre-processing steps such as noise reduction, colour normalization,
and image augmentation have been shown to enhance the robustness of machine learning models when applied to real-world
agricultural images.

1. METHODOLOGY
The proposed methodology for the classification of plant diseases by image processing for spraying purposes consists of the
following steps:
1) Image Acquisition: High-resolution images of plant leaves are captured using digital cameras or smartphone cameras equipped
with suitable lenses.
2) Pre-processing: The acquired images undergo pre-processing steps such as noise reduction, colour normalization, and image
enhancement to improve the quality and consistency of the input data.
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3) Feature Extraction: Deep learning models, particularly CNNs, are employed for feature extraction from the pre-processed
images. Transfer learning techniques may be utilized to fine-tune pre-trained CNN models on the specific task of disease
classification.

4) Disease Classification: The extracted features are fed into machine learning algorithms such as Support Vector Machines
(SVMs), Random Forests, or Gradient Boosting Machines for disease classification. These algorithms are trained on labelled
datasets containing images of healthy and diseased plant leaves.

5) Integration with Spraying Equipment: The classified disease information is integrated with spraying equipment to enable real-
time decision-making regarding the application of pesticides or other treatments. This integration ensures that treatments are
applied only to the affected areas, minimizing chemical usage and environmental impact.

V. CLASSIFICATION
Those diseases can be classified based on various criteria such as their causal agents (fungi, bacteria, or nutrient deficiencies),
symptoms, and affected plant parts. Here's a classification based on the causal agents:
1) Early Blight:
Causal Agent: Fungus (Alternaria solani).
Symptoms: Circular lesions with concentric rings, starting from lower leaves, leading to defoliation.
Affected Plant: Tomato, Potato, Eggplant, and other solanaceous crops.

2) Septoria Leaf Spot:

Causal Agent: Fungus (Septoria spp)

Symptoms: Small, circular lesions with dark borders on leaves, often with a tan or grey center.

Affected Plant: Tomato, Potato, and other plants in the Solanaceae family.
. /.
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3) Bacterial Spot:

Causal Agent: Bacterium (Xanthomonas spp.)

Symptoms: Water-soaked lesions with angular edges, usually surrounded by a yellow halo.
Affected Plant: Tomato, Pepper, and other solanaceous crops.
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4) Iron Chlorosis:

Causal Agent: Nutrient Deficiency (lron).
Symptoms: Yellowing of leaves with green veins due to the inability of plants to uptake sufficient iron.
Affected Plant: Various plants, particularly those growing in alkaline soils.

V. USE OF SUPPORT VECTOR MACHINE [SVM]

1) Feature Extraction: Before using SVM, relevant features need to be extracted from the plant images. Image processing
techniques such as edge detection, colour analysis, texture analysis, and shape analysis can be employed to extract
discriminative features that distinguish between healthy and diseased plants.

2) Training Dataset Preparation: A labelled dataset comprising images of both healthy and diseased plants is required to train the
SVM classifier. Each image should be accompanied by a label indicating its class (healthy or diseased).

3) Feature Vector Generation: For each image in the dataset, the extracted features are transformed into a feature vector
representation. This vector contains numerical values representing the extracted features.

4) Training the SVM Classifier: The SVM classifier is trained using the feature vectors generated from the training dataset. During
training, the SVM algorithm learns to find the optimal hyperplane that best separates the feature vectors corresponding to
healthy plants from those corresponding to diseased plants.

5) Model Evaluation: The trained SVM model is evaluated using a separate set of images (validation or testing dataset) to assess
its performance in classifying plant diseases accurately. Performance metrics such as accuracy, precision, recall, and F1-score
can be computed to evaluate the effectiveness of the model.

6) Integration with Spraying System: Once the SVM classifier is trained and validated, it can be integrated into the spraying
system. When a new plant image is captured, the image processing pipeline extracts features from the image, which are then fed
into the SVM classifier. The classifier predicts whether the plant is healthy or diseased based on these features. Depending on
the classification result, the spraying system can selectively apply pesticides or treatments only to the diseased plants, thus
optimizing the use of resources and minimizing environmental impact.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | PAEL



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 12 Issue IV Apr 2024- Available at www.ijraset.com

VI. SPRAYING OPTIMIZATION PROCESS

1) Image Acquisition and Processing: Capture high-resolution images of plants in the field using drones, robots, or stationary
cameras. Pre-process the images to enhance visibility of disease symptoms and remove noise.

2) Disease Classification: Utilize machine learning algorithms to classify plants into healthy and diseased categories based on the
processed images. Train the classification model using labelled images of various plant diseases to ensure accurate detection.

3) Disease Severity Assessment: Quantify the severity of each detected disease based on the extent and intensity of symptoms
observed in the images. Use image analysis techniques to measure lesion size, colour changes, and other relevant features
indicative of disease severity.

4) Spatial Mapping: Create a spatial map of the field indicating the location and severity of diseased plants based on the
classification results. Use geospatial techniques to overlay disease maps with field boundaries for precise targeting.

5) Optimized Spraying Strategy: Develop algorithms to optimize spraying routes and schedules based on the spatial distribution
and severity of plant diseases. Implement variable rate application techniques to adjust spraying intensity based on disease
prevalence in different areas of the field. Utilize precision spraying equipment, such as individual nozzle control on sprayers or
robotic arms, to target only diseased plants while minimizing chemical use.

VII. RESULT AND DISCUSSION
The performance of the proposed methodology is evaluated based on metrics such as accuracy, precision, recall, and F1-score.
Extensive experiments are conducted using datasets containing images of various plant diseases under different environmental
conditions. The results demonstrate the effectiveness of the image processing and machine learning techniques in accurately
identifying plant diseases and enabling precise spraying.

VIIl.  CONCLUSION
In conclusion, the classification of plant diseases by image processing for spraying purposes offers a promising approach to
automate disease detection and optimize spraying practices in agriculture. By leveraging advancements in image processing and
machine learning, it is possible to develop systems capable of real-time disease identification and targeted treatment application.
Future work may focus on improving the robustness of the proposed methodology across different plant species and environmental
conditions, as well as integrating additional sensors for enhanced disease detection capabilities.

REFERENCES

[1] Mehmood, Zia, et al. "A survey of plant leaf classification using machine learning algorithms." Computers and Electronics in Agriculture 153 (2018): 46-60.

[2] Sladojevic, Sanja, et al. "Deep neural networks-based recognition of plant diseases by leaf image classification." Computational Intelligence and Neuroscience
2016 (2016).

[3] Barbedo, Jayme Garcia Arnal. "A review on the main challenges in automatic plant disease identification based on visible range images." Biosystems
Engineering 172 (2018): 84-96.

[4] Mohanty, Sharada P., et al. "Using deep learning for image-based plant disease detection." Frontiers in plant science 7 (2016): 1419.

[5] Ferentinos, Konstantinos P. "Deep learning models for plant disease detection and diagnosis." Computers and Electronics in Agriculture 145 (2018): 311-318.

[6] Zhang, Di, and Wei Wang. "Deep learning for remote sensing data: A technical tutorial on the state of the art." IEEE Geoscience and Remote Sensing
Magazine 4.2 (2016): 22-40.

[7] Jiang, Peng, et al. "Deep convolutional neural networks for image-based cassava disease detection." Frontiers in plant science 8 (2017): 1852.

[8] Sharma, Pratiksha, et al. "Plant disease detection using image processing: A review." Archives of Computational Methods in Engineering 27.1 (2020): 23-46.

[91 Agarwal, Garima, et al. "Deep learning approach for plant disease detection and classification." Computers and Electronics in Agriculture 183 (2021): 106009

[10] Liu, Pingping, etal. "Deep learning for plant disease detection and diagnosis.” Biosystems Engineering 191 (2020): 110-119

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 2837



d lIsRA

ef n\m
cross’ COPERNICUS

10.22214/1JRASET 45,98 IMPACT FACTOR: IMPACT FACTOR:
7.129 7.429

INTERNATIONAL JOURNAL
FOR RESEARCH

IN APPLIED SCIENCE & ENGINEERING TECHNOLOGY

Call : 08813907089 (V) (24*7 Support on Whatsapp)




