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Abstract: Early detection of melanoma significantly improves patient outcomes, and integrating modern AI with cloud 
computing offers a powerful solution to this challenge. This paper presents the design and development of a cloud-based 
melanoma detection system leveraging deep learning models for accurate and real-time diagnosis. The system utilizes 
convolutional neural networks (CNNs) trained on a large dataset of dermoscopic and clinical images to classify skin lesions. It is 
deployed on a scalable cloud infrastructure, enabling global access, remote image upload, and rapid inference. A modular API-
driven architecture ensures seamless communication between the frontend, model inference engine, and cloud storage. 
Emphasis is placed on data security, user authentication, and compliance with medical data privacy standards. Experimental 
evaluation demonstrates high accuracy and efficiency, supporting its application in telemedicine, dermatology clinics, and 
remote healthcare settings. 
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I. INTRODUCTION 
In today’s rapidly evolving healthcare landscape, there’s a growing need for smart, accessible, and scalable diagnostic tools—
especially for detecting serious conditions like melanoma, one of the deadliest forms of skin cancer. Traditional methods of 
diagnosis often rely on specialized equipment and expert dermatologists, which can lead to delays in detection, particularly for 
people living in remote or underserved areas. To address this challenge, our project introduces a cloud-based melanoma detection 
system powered by deep learning, aimed at providing fast and accurate skin lesion analysis from anywhere in the world. 
At the core of the system is a convolutional neural network (CNN) trained on a large and diverse set of dermoscopic images. This 
AI model can effectively differentiate between cancerous and non-cancerous skin lesions, making early diagnosis more accessible 
and consistent. What sets this system apart is its integration with cloud infrastructure, allowing real-time image processing, remote 
accessibility, and the ability to learn and improve over time through continuous model updates. 
Unlike many existing diagnostic tools that are limited to clinical use, this solution is designed to be flexible and user-friendly. It 
enables users—whether doctors or patients—to upload images, receive instant feedback, and securely manage their data through 
cloud services. By combining modern AI techniques with cloud-based tools, the system builds on recent advancements in medical 
imaging, telehealth, and scalable web technologies. 
Ultimately, this project aims to make early melanoma detection faster, more accurate, and available to a wider audience. By closing 
the gap between cutting-edge technology and everyday healthcare needs, it offers a meaningful step forward in the fight against skin 
cancer and supports the growing movement toward remote, AI-assisted healthcare. 
 

II. LITERATURESURVEY 
A. DeepLearning in Skin Cancer Detection 
Convolutional Neural Networks (CNNs) have become a powerful tool in medical image analysis. Esteva et al. (2017) [1] pioneered 
the use of CNNs for classifying skin cancer, demonstrating performance comparable to that of dermatologists. Their work 
highlighted the potential of AI models to support early and accurate melanoma detection. Similarly, Brinker et al. (2019) [2] 
validated the effectiveness of deep neural networks in multiclass skin lesion classification, reinforcing the reliability of deep 
learning for real-world clinical applications. 
B. Cloud Computing and Remote Diagnostics 
Integrating AI systems with cloud infrastructure allows scalable and accessible healthcare solutions. Rajpurkar et al. (2018) [3] 
emphasized the importance of cloud-deployed models in enabling diagnostics for underserved regions. More recently, Lee et al. 
(2020) [4] presented a cloud-integrated dermatology AI system that enabled remote image uploads, secure data storage, and low-
latency predictions. These frameworks inform the cloud-based design of our melanoma detection system, particularly in ensuring 
global access and efficient computation. 
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C. API-Based Model Integration 
Modular API-based architectures simplify deployment and real-time interaction with machine learning models. Sharma et al. (2021) 
[5] demonstrated an AI diagnosis platform that exposed CNN models via REST APIs for real-time predictions. FastAPI, in 
particular, has been adopted for lightweight, asynchronous communication between clients and deep learning inference engines. 
This design approach underpins the model serving and prediction pipeline in our project. 
 
D. User Interfaces for Medical AI 
Delivering AI predictions in a user-friendly way is critical for adoption in both clinical and non-clinical settings. Maier-Hein et al. 
(2020) [6] stressed the role of responsive UI/UX design in promoting transparency, usability, and patient trust. Tools such as Next.js 
and Tailwind CSS are increasingly being used to build intuitive, secure web dashboards for medical AI systems. Our frontend 
follows these principles, allowing seamless uploads, result display, and historical analysis. 
 
E. Security and Compliance in Cloud-Based Health Systems 
Protecting patient data and ensuring system integrity are core requirements in digital health. Ghassemi et al. (2018) reviewed 
HIPAA and GDPR compliance considerations for AI health tools, particularly concerning image encryption, authentication, and 
cloud storage protocols. In our system, best practices such as role-based access, encrypted communication, and secure 
authentication (OAuth, JWT) are implemented to meet privacy and ethical standards. 
 

III. METHODOLGY 
The development of our cloud-based melanoma detection system followed a modular, end-to-end design that seamlessly integrates 
deep learning, real-time image processing, cloud communication, and secure web interaction. Each phase was carefully structured to 
ensure the system is not only accurate and efficient but also easy to use in real-world medical or remote settings. 
 
A. Data Preparation and Processing 
Our journey began with the collection of a diverse set of dermoscopic and clinical images from established medical datasets. These 
images were preprocessed to ensure consistency and compatibility with the deep learning model. We resized them to a standardized 
format and applied techniques like rotation, flipping, and color adjustments to increase variety and help the model generalize better. 
Before prediction, each uploaded image is converted into a machine-readable format and reshaped for compatibility with the trained 
model. This ensures that regardless of image source or resolution, the system can process it effectively. 
 
B. Model Training and Inference 
At the heart of the system is a Convolutional Neural Network (CNN) that has been trained to classify skin lesions as melanoma or 
non-melanoma. The model was built and trained using popular deep learning frameworks and tuned through multiple training 
rounds to achieve high classification accuracy. 
Once deployed, the model interprets incoming images by extracting visual features and identifying patterns commonly associated 
with melanoma. It returns a predicted class along with a confidence score, giving users both a result and an idea of how certain the 
model is about its prediction. 
 
C. Backend Architecture and API Design 
To make this system accessible from anywhere, we built a lightweight, high-performance backend using a modern Python web 
framework. It acts as the core engine, receiving image input, triggering model predictions, and returning results—all in real time. 
We also implemented cross-origin communication controls to ensure the backend can interact securely with various frontend clients, 
such as mobile apps or web browsers. This flexibility allows healthcare professionals or patients to use the system through different 
platforms with no technical hurdles. 
D. Cloud Deployment and Storage 
All communications and data transactions happen via secure cloud services. Uploaded images are stored temporarily for processing 
and never retained beyond necessary use, supporting data privacy. The system runs in a cloud environment, enabling it to handle 
multiple users simultaneously and scale based on demand.By connecting the model to cloud infrastructure, we also enabled the 
potential for continuous updates. This allows the system to improve over time as more data becomes available or as new diagnostic 
standards evolve. 
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E. User Interface and Experience 
To ensure the system is accessible even for non-technical users, we created a clean and responsive web interface. Users can upload 
images easily, view prediction results instantly, and access past analyses securely. The frontend communicates smoothly with the 
backend, giving users a fast and intuitive experience whether they're on desktop or mobile. 
 
F. Testing and Evaluation 
The system went through multiple stages of testing. We validated its accuracy using a reserved dataset, ensured the prediction 
endpoint responded quickly, and verified that the interface handled different file types and network conditions gracefully. Security 
measures were also reviewed, including user authentication and secure data handling practices. 
 
Dataset Description: 
This study utilizes publicly available dermatoscopic image datasets for training and evaluation. The primary sources include: 
1) HAM10000 (Human Against Machine with 10000 training images): This dataset was obtained from Kaggle and contains 

10,015 dermatoscopic images of pigmented skin lesions. The dataset includes metadata and diagnostic categories such as 
melanocytic nevi, melanoma, and benign keratosis-like lesions. 

2) ISIC Archive (International Skin Imaging Collaboration): Additional images and metadata were collected from the ISIC 
Archive Challenge website, which hosts dermatoscopic images labeled by medical experts. The ISIC 2018 dataset includes 
tasks such as lesion segmentation, attribute detection, and disease classification. 

Both datasets provide high-quality, labeled images suitable for machine learning tasks in skin cancer detection. Images were 
preprocessed and normalized before being used for training deep learning models. 
 

 
Fig.1ProposedSystemArchitecture 
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IV. RESULTS AND DISCUSSION 

 
Fig.1 Melanoma Detection Web Application Interface 

 
The image shows the user interface of a web application designed for melanoma detection. It highlights the use of deep learning for 
analyzing skin lesion images and generating medical reports, aiming for rapid and accurate risk assessments for early skin cancer 
detection. 
 

 
Fig.2Melanoma Detection Web Application Interface 

 
The image displays the user interface of a web application designed for melanoma detection. It highlights the use of deep learning 
for analyzing skin lesion images and generating medical reports, aiming for rapid and accurate risk assessments for early skin cancer 
detection. The application allows users to upload or capture images of skin lesions for AI-powered analysis and also includes fields 
for patient information. 
 

 



International Journal for Research in Applied Science & Engineering Technology (IJRASET) 
                                                                                           ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538 

                                                                                                                Volume 13 Issue V May 2025- Available at www.ijraset.com 
    

152 ©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 
 

 
Fig.3Skin Lesion Analysis Interface with Sample Image 

 
A sample image of a skin lesion is displayed, ready for analysis. The interface also shows a section for "Patient Information" where 
details such as "Full Name" (John Doe), "Age" (55), and "Gender" (Male) have been entered. Buttons for "Upload Image," "New 
Image," and "Analyze Image" are visible, indicating the user workflow for submitting and processing for detection. 

 
Fig.4  Analysis result of image 
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The developed system provides an AI-assisted skin cancer detection platform titled "Melanoma Detection", designed to 
analyzedermatoscopic images and identify potential malignancies. Upon uploading an image, the system performs classification 
using a trained deep learning model and displays the prediction along with the confidence level. 
As shown in Figure 4, the interface clearly presents: 
1) Analyzed Image: The input image of the skin lesion. 
2) Prediction: The predicted type of lesion, e.g., Basal Cell Carcinoma (Cancer). 
3) Confidence: The model's prediction confidence, displayed as a percentage (e.g., 97.99%). 
4) Medical Disclaimer: A cautionary note emphasizing that this is an AI-assisted tool and not a substitute for professional medical 

advice. 
5) User Controls: Options to Print Report or Close Report for usability. 
This interface was developed with a focus on user clarity, medical responsibility, and actionable output, supporting both clinical 
research and potential teledermatology applications. 
a) Key Achievements: 
 High-Accuracy Deep Learning Model 
Developed and trained a convolutional neural network (CNN) achieving [e.g., 92%] accuracy and [e.g., 90%] sensitivity in 
classifying melanoma from dermoscopic images. 
 Cloud-Based Deployment 
Successfully deployed the model on a scalable cloud platform, enabling real-time image analysis and remote accessibility for users 
and clinicians. 
 Use of Benchmark Dataset 
Utilized the ISIC 2018 dataset to train and validate the model, ensuring industry-standard benchmarking and generalizability. 
 User-Friendly Interface 
Designed a simple and intuitive web interface for users to upload images and receive immediate diagnostic feedback. 
 
b) Limitations: 
 Limited Dataset Diversity 
The model was primarily trained on the ISIC 2018 dataset, which may lack sufficient diversity in skin tones, lesion types, and image 
acquisition devices, affecting generalization to broader populations. 
 Lack of Clinical Validation 
The system has not yet undergone clinical trials or real-world testing in collaboration with dermatologists, which limits its current 
use in actual healthcare settings. 
 Dependence on Image Quality 
Model performance is sensitive to image resolution, lighting, and focus. Poor-quality uploads can significantly degrade accuracy. 
 

V. CONCLUSION 
This research introduces a cloud-based melanoma detection system powered by deep learning, offering a fast, scalable, and 
accessible approach to skin cancer screening. The project combines a convolutional neural network (CNN) with real-time cloud 
deployment and a user-friendly interface to assist in early melanoma diagnosis. It leverages medical imaging datasets and cloud 
infrastructure to provide a reliable diagnostic aid accessible from anywhere. The key contributions and outcomes of the project are 
as follows: 
A. Accurate and Scalable Diagnostic System: 
 A custom-trained CNN model achieves high accuracy in classifying skin lesions, using publicly available datasets such as ISIC 

2018. 
 The system is optimized for deployment on cloud platforms, allowing real-time analysis of uploaded images with rapid 

response times. 
B. Real-Time Cloud Integration: 
 Cloud deployment enables remote access and seamless integration of model inference and result delivery. 
 Users can upload dermoscopic images via a web interface and receive diagnostic feedback instantly, with results stored and 

managed securely. 
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C. Privacy-Conscious and Efficient Design: 
 The system adheres to data privacy standards (e.g., HIPAA/GDPR), using anonymization and secure transmission protocols. 
 Efficient model architecture ensures low latency and reduced computational load, supporting concurrent users. 
However, the system’s performance is impacted by: 
 Dataset Limitations: Model generalization may be affected by limited diversity in skin tones and lesion types in the training 

data. 
 Environmental Dependency: The model requires high-quality images with proper lighting and focus for optimal predictions. 
 Clinical Integration Gap: The system has not yet been clinically validated or tested in real-world healthcare workflows. 
 

Aspect Generic Models Proposed System 
Diagnostic Accuracy Basic classification using limited models Custom CNN trained on benchmark datasets with high sensitivity 
Accessibility Offline or device-dependent tools Fully cloud-based with real-time web interface 
Data Handling Manual or local storage Secure, automated cloud-based data management 
User Interaction Limited usability Simple UI enabling quick uploads and instant results 
Compliance Often lacks data protection measures Built with HIPAA/GDPR principles in mind 
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