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Abstract: Chatbots have long been a significant area of research. With their applications being more common across a variety of 
industries. These artificially intelligent conversational agents are made to mimic human communication through textual or 
audio means. From basic rule-based systems to sophisticated AI-driven apps that can comprehend, interpret, and react to 
intricate user inquiries, chatbot technology has significantly evolved over time. The creation and integration of numerous 
fundamental technologies that improve the chatbot's usability, flexibility, and functionality have been the main drivers of this 
advancement. 
The main technologies that have influenced the chatbot landscape are thoroughly reviewed in this paper. It presents the five 
main technologies—natural language processing (NLP), pattern matching, semantic web, data mining, and context-aware 
computing—that are essential to the creation of contemporary chatbots. Natural language processing (NLP) has revolutionized 
human communication and machine learning by allowing chatbots to comprehend and produce human language. Advanced 
language models enable chatbots to process user input more precisely and contextually, producing responses that are more 
accurate and pertinent. Despite being an earlier method, pattern matching has developed alongside machine learning techniques 
to enable chatbots to identify patterns in user input, continuously enhance their responses, and offer a more customized 
experience for consumers. 
Keywords: Chatbot, Semantic Web, Data Mining, Pattern Recognition, Natural Language Processing, Natural Language 
Understanding, Natural Language Generation, and Text-Aware Computing. 
 

I. INTRODUCTION 
Artificial intelligence (AI) systems have recently been developed by computers to offer services that are human-friendly and based 
on human comprehension [1]. These AI systems' primary technology is language intelligence, which enables users to interact with 
one another and access information without being constrained by language barriers. Additionally, because instant messaging-based 
social networking services are so convenient, mobile messengers are already combining sophisticated systems that offer more than 
just messaging capabilities. 
Chatbots are one of the language-intelligence technologies that are now gaining a lot of interest in both academic and real-world 
contexts. A non-human virtual conversation robot that can respond to customer inquiries is known as a chatbot [2]. Users can 
quickly get the information they need by sending messages to the chatbot services without having to visit websites or launch apps. 
As a result, numerous businesses are presently using chatbots to provide a range of services to their clients as part of their 
advertising and company marketing efforts [3,4]. Because there are many kinds of chatbots using different approaches, it is vital to 
research the features of chatbots to increase their conversational maturity and carry out more pertinent interactions with them. 
Enabling machines to speak natural language to people is one of the fundamental problems of chatbots. In 1950, Alan Tune 
introduced the basic concept of a chatbot, and in 1966, the ELIZA mimicked human conversation. But this has exposed constraints 
that appear to be intelligent. By expanding the ELIZA system later in 1995, ELIZA attempted to create a discourse pattern using the 
AI markup language (AIML); yet its shortcomings remain apparent. Jabberwacky was a trailblazer in the field of voice-based 
systems in text-based systems in 1988. This was one of the earliest attempts to build AI through human interaction. Recently, 
chatbots have integrated AI technology so that they can comprehend context and react when a user asks questions or gives 
commands in a human language correspondingly. Since deep learning technology is used in this case as the discussions mount up, a 
foundation has been established to increase accuracy via self-education. 
In terms of natural language processing (NLP), natural language understanding (NLU), and natural language generating (NLG), 
chatbots are now researching this crucial topic.  Additionally, chatbots are examining a variety of technologies, including the 
semantic web, data, and pattern recognition. Mining and computers are sensitive to context.  The millennial generation's preference 
for messaging apps and the development of AI-related technology are fueling the chatbot industry's expansion.  
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At the moment, Facebook Messenger and WhatsApp hold the largest market shares worldwide, while WeChat and LINE hold the 
same shares in China and Japan, respectively. According to many users, mobile messaging apps are anticipated to develop into 
messaging platforms rather than just communication apps thanks to chatbot services. 
In the future, it might also develop into a medium- and long-term growth engine. The app- focused mobile marketplaces will be 
subsumed into chatbot platforms if AI-based chatbots proliferate quickly. Additionally, it's possible that the Companies' current 
customer counseling centers may be replaced with automated interactive chatbot platforms that are accessible from anywhere at any 
time. Furthermore, it is anticipated that chatbots will develop into consulting firms with knowledge in industries like law, medicine, 
and finance. Additionally, as deep learning technology advances, current businesses, public services, online-to-offline (O2O) 
models, and personal assistant systems—such as intelligent personal assistants, or IPAs, will be integrated with new technologies to 
increase their reliance on chatbots. 
The primary goals of these chatbot studies are to determine how well chatbots comprehend user messages and how well they can 
respond with pertinent information. Numerous researchers continue to investigate methods to accomplish these final objectives; 
hence, a variety of chatbots have been created using complex techniques. Chatbots will be actively used in the future to raise 
customer happiness in every aspect of daily life. This document is organized as follows. In Section 2, the methods for creating 
chatbots are examined, and the available research is reviewed. The fields in which chatbot research is being used are introduced in 
Section 3. Future directions are outlined in Section 4, which brings the paper to a close.  
 

II. LITERATURE REVIEW 
Artificial Intelligence (AI) has improved automation, efficiency, and user engagement, which has drastically changed customer 
service. The literature on AI-powered chatbots explores their evolution, technological advancements, and implementation 
challenges. 
Abiagom and Ijomah (2024) examined the role of AI in customer service, highlighting key technologies such as Natural Language 
Processing (NLP), chatbots, and speech recognition. They emphasized that AI-driven interactions enhance customer satisfaction by 
offering personalized and real-time responses. However, challenges such as data quality, privacy concerns, and system integration 
need to be addressed. 
Amballa (2023) discussed AI-powered customer care technologies such as chatbots, email automation, and IVR call automation. 
His research emphasized that AI improves service delivery by reducing response times and optimizing human resource allocation. 
His findings indicate that AI-driven triage mechanisms prioritize critical customer queries, routing them to human agents for 
resolution. 
Suta et al. (2020) explored machine learning approaches in chatbots, concluding that NLP remains a key factor in chatbot efficiency. 
The study highlighted advancements in sentiment analysis, intent recognition, and automatic response generation, which contribute 
to improved human-like interactions. 
Sai Abitha (2021) categorized chatbots based on their architecture, interaction style, and industry applications. She analyzed chatbot 
implementation in sectors like healthcare, education, and customer service, emphasizing their ability to handle repetitive tasks 
efficiently. 
The integration of AI chatbots faces several challenges, including algorithmic bias, data privacy issues, and user acceptance. Future 
research should focus on improving chatbot personalization, enhancing contextual understanding, and addressing ethical concerns 
associated with AI deployment. 
 In the USA and the UK, Ekechi, Chukwurah, Oyeniyi, and Okeke (2024) evaluated user satisfaction with AI-driven chatbots across 
national borders. The study found that while chatbots improve customer service efficiency through quick response times and 
automated interactions, regional differences in language and cultural expectations affect user satisfaction. The research underscores 
the necessity of adapting chatbot technology to local user needs for optimal performance. Additionally, the study found that 
customers in the USA expect faster response times and greater personalization, whereas UK users value accuracy and politeness in 
chatbot interactions【16】. 
 Farhan Aslam (2023) looked at the most recent advancements in chatbot technology, such as deep learning, machine learning, and 
natural language processing (NLP).The study emphasizes how chatbots are becoming more prevalent in virtual assistants, 
emphasizing their ability to provide contextual understanding and personalized interactions. However, ethical concerns regarding 
privacy and AI bias remain critical challenges that need to be addressed. The study also discusses the limitations of NLP models in 
understanding nuanced customer queries and the importance of continuous learning for chatbots to enhance their adaptability【17】. 
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In 2019, Netra Pal Singh and Devender Singh looked into the employment of chatbots in Indian banks.Their research found that 
while banks have heavily invested in chatbot technology, their functionalities remain limited to handling predefined queries. The 
study suggests that greater AI integration and customer education are required to maximize chatbot efficiency in banking services. 
Additionally, the research highlights the reluctance of customers to fully trust AI-driven banking services due to concerns over data 
security and miscommunication 
【18】. 
Fatin Aqilah Binti Mohamad Roslan and Norliza Binti Ahmad (2023) analyzed how AI- powered voice assistants like Siri, Alexa, 
and Google Assistant have transformed customer service. These assistants enhance customer experience by providing real-time 
responses and personalized interactions. However, the study highlights growing concerns over data privacy and security, which 
need to be addressed to maintain consumer trust. The researchers also point out that user expectations have shifted, with a demand 
for more human-like conversational abilities in voice assistants【19】.Jessie Anderson (2024) investigated how AI chatbots affected 
CRM. The research found that chatbots have evolved from simple question-answering bots to intelligent virtual assistants capable of 
predictive analytics and multilingual adaptability. AI-driven automation in CRM has improved operational efficiency and customer 
engagement, although challenges such as chatbot misinterpretation and lack of human-like interactions persist. The study also 
suggests that businesses that effectively integrate chatbots into their CRM systems experience higher customer retention rates【20】. 
 In 2022, Monica Teodora Tudorache and Luminița Nicolescu carried out a thorough analysis of the literature regarding chatbots' 
function in customer support.Their study categorized customer experiences into chatbot-related, customer-related, and context-
related factors, finding that response relevance and problem resolution are the most critical elements influencing user satisfaction. 
The research suggests that continuous AI training and updates are necessary for improved chatbot performance. Furthermore, their 
findings indicate that chatbots with enhanced emotional intelligence features can significantly improve customer interactions【21】. 
Nidal Al Said, Dmitry Gura, and Dmitry Karlov (2022) assessed the effectiveness of AI-powered voice assistants in responding to 
user inquiries.The study found that while virtual assistants excel in structured tasks, they struggle with complex, open-ended 
queries. The research highlights the need for improved AI comprehension and adaptability for broader use cases. Additionally, the 
study suggests that voice assistants should be enhanced with multimodal capabilities to provide richer, more interactive user 
experiences【29】. 
Nicolescu and Tudorache (2022) focused on user adoption trends and trust-building elements in their systematic literature review. 
Key findings suggest that chatbot anthropomorphism, conversational skills, and response accuracy play vital roles in customer 
engagement.  Furthermore, the report emphasizes how customisation can boost client loyalty. The research also suggests that users 
are more likely to engage with chatbots that use humor, empathy, and context-awareness to create a more natural conversational 
flow【29】. 
Another study examined the efficiency of AI-powered chatbots in smart devices. It found that while chatbots are effective in 
automating routine interactions, their limitations in understanding nuanced human emotions and complex requests remain a 
challenge. The study suggests that future chatbot development should focus on integrating emotional intelligence and advanced 
contextual learning. Moreover, the findings indicate that the integration of chatbots with IoT devices could enhance their usability in 
smart home environments【29】 
 

III. APPLIED CHATBOT TECHNIQUES 
A. Techniques Overview 
Chatbots have evolved beyond their initial use in simple word-based interactions and are now being explored across diverse fields. 
This expansion has made it necessary to revisit and redefine key concepts in light of modern technological progress. 
At the core of chatbot systems lies Natural Language Processing (NLP), which provides both a historical foundation and a 
technological framework. NLP is a central research domain in Artificial Intelligence (AI), enabling machines such as computers to 
analyze and work with human language. It can be divided into three specialized branches: NLP (processing), NLU (understanding), 
and NLG (generation). 
NLP encompasses general techniques that process and extract information from text, making it useful in applications like chatbots, 
information retrieval, question answering, document classification, text clustering, machine translation, and intelligent agents.  
NLU goes further by focusing on understanding the deeper semantics of natural language, handling complexities such as ambiguity 
and context. 
NLG involves producing coherent, human-like language, making chatbot interactions more natural and engaging. 
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To move beyond basic language processing, next-generation chatbots must integrate multiple advanced technologies, including 
pattern recognition, semantic web frameworks, data mining, and context-aware computing. 
Pattern recognition plays a crucial role in this integration. Within AI and cognitive science, it addresses the challenge of identifying 
and categorizing inputs such as sounds, text, or visual forms. In the context of chatbots, pattern recognition enables the classification 
of user queries into meaningful categories, enhancing the accuracy of responses. 
The semantic web contributes by allowing machines to interpret not just the surface meaning of data but also the relationships 
between concepts. Unlike traditional web technologies that merely present information, the semantic web encodes knowledge in a 
structured, machine-readable format. For example, while the standard web may only display that "bananas are yellow," the semantic 
web can represent and reason about the conceptual relationship between "banana" and "yellow." This capability can make chatbots 
more intelligent by enabling them to conduct dialogues with a deeper contextual understanding. 
Data mining is another powerful component, particularly when dealing with large-scale, unstructured data. By applying techniques 
such as association analysis, chatbots can identify frequently co-occurring phrases or questions, while regression analysis helps 
uncover relationships between dependent and independent variables. These methods allow chatbots to learn from historical 
interactions and generate more relevant and informed responses. 
 
B. Natural Language Processing 
Research in Natural Language Processing (NLP) has proposed system architectures designed to handle specific types of questions, 
as well as frameworks capable of generating diverse questions. Beyond chatbots, NLP technologies are widely applied across 
multiple domains of study. A key objective of many NLP-based studies is to facilitate ontology learning, where systems acquire 
structured knowledge representations from unstructured text. 
Within NLP, Natural Language Understanding (NLU) is an area that has attracted significant attention. It has been applied in 
interactive agents, including those used in educational settings. Modern devices such as smartphones and tablets often require NLU 
engines to interpret user input, provide meaningful responses, and connect seamlessly with available applications. One practical 
approach in NLU involves using keyword extraction to explore the properties of text corpora and classify different types of texts. 
Other research has examined NLU specifically in the context of voice-based communication, emphasizing its role in enabling 
natural human–machine interaction. 
Natural Language Generation (NLG), on the other hand, has evolved from producing very basic outputs to becoming a critical 
component in conversational systems. Key aspects of NLG include deciding when to generate responses, planning content, 
lexicalization, reference generation, sentence structuring, and surface realization of language. With advances in XML-based web 
technologies, recent studies have highlighted the importance of NLG in voice-enabled chatbot systems. 
Traditionally, NLG relied heavily on template-based methods, where pre-designed frameworks dictated how responses were 
generated. While effective, these approaches often lacked flexibility. More recent work has introduced algorithmic methods to move 
beyond rigid templates, allowing for dynamic and context-aware responses. The growing reliance on voice recognition technologies 
has further accelerated NLG research, as conversational systems must now provide accurate, coherent, and contextually relevant 
replies to user speech. 
 
C. Pattern Recognition 
In chatbot systems, pattern recognition is often applied to identify and interpret user input once NLP techniques have been executed. 
This process enhances basic responses, making them more contextually accurate and capable of supporting tasks such as 
information retrieval, collaborative exchanges, and research-oriented conversations. In cases where advanced machine learning 
modules or complex NLP components such as syntactic and semantic analysis are absent, pattern recognition—particularly through 
AIML-based architectures—acts as a substitute. These AIML frameworks have been used to provide services across multiple 
programming environments and have proven useful in structuring responses within pattern analysis systems. 
Pattern recognition in chatbots generally follows two distinct methodologies. The first employs a depth-first search algorithm, which 
requires substantial data resources for effective analysis. The second relies on keyword-driven grammar interpretation, where 
responses are generated by matching user input to predefined patterns. Both approaches contribute to improving the precision and 
adaptability of chatbot interactions. 
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D. Semantic Web 
As the digital marketplace expands, one significant advancement is the emergence of the Semantic Web. The conventional World 
Wide Web hosts an immense volume of information, making it necessary to distinguish between older and contemporary 
terminology and to extract relevant insights from diverse sources. The Semantic Web addresses this challenge by transforming the 
traditional web into a network of meaning, where information is not only presented but also structured for intelligent processing. 
At the core of this framework lies the concept of ontology. In philosophy, ontology refers to the study of being, including notions 
such as existence, reality, and the relationships between fundamental categories of entities. Rooted in metaphysics, it explores 
questions about what exists, how entities are organized, and how they can be classified or related within hierarchical structures. 
In the context of the Semantic Web, ontology serves as a structured representation of knowledge that enables machines to interpret 
and connect information across different resources. This structured knowledge extraction is essential for developing new 
information retrieval tools capable of efficiently managing and interpreting the vast data available on the web. 
 
E. Data Mining 
Text mining has emerged as an advanced technology with notable commercial significance, as it provides in-depth analytical results 
rather than surface-level findings. Large-scale networked cluster systems are often employed to support extensive topical 
exploration, offering high levels of accessibility, adaptability, and efficiency. Despite these advances, certain aspects of data mining 
within chatbot applications remain insufficiently explored. 
Data mining itself is a critical component of text mining, defined as the process of identifying patterns within large datasets. It 
combines methods from machine learning, statistics, and database management to reveal useful knowledge. With rapid progress in 
computing power, data storage, and connectivity, the volume of digital data has increased at an unprecedented rate. Consequently, 
data mining has established itself as a multidisciplinary field that plays an essential role in computer science. 
The applications of data mining are widespread, spanning industries such as engineering, science, business, and government. Its 
growing importance reflects the recognition that extracting meaningful insights from data can create significant societal and 
economic value. This recognition has fueled demand not only for advanced data mining tools but also for skilled professionals 
capable of developing novel methodologies and applying them to real-world challenges. To meet this demand, academic and 
professional programs in data mining have been introduced worldwide, highlighting its status as a rapidly growing and impactful 
discipline. 
 
F. Text-Aware Computing 
In daily communication, people naturally adjust their voices depending on the environment—for instance, raising volume in noisy 
surroundings to ensure clarity or lowering it in formal settings like meetings to avoid disturbance. Similarly, text-aware computing 
seeks to adapt interactions by enabling systems to recognize and respond to context. Such technology allows computers to perform 
functions like presenting schedules or identifying individuals when required. 
Beyond basic system comprehension, text-aware computing focuses on deeper capabilities such as interpreting contextual 
information and recognizing concepts within a given environment. Research in this area has explored its applications for 
restructuring contextual data, integrating advanced technologies, and strengthening security measures. These developments aim to 
improve the precision and reliability of context recognition, making text-aware computing a critical element in the evolution of 
intelligent systems. 

 
G. Various Techniques 
Human communication often changes according to the environment—voices are raised in noisy surroundings to ensure audibility, 
while in formal or quiet settings, people speak softly to avoid causing disturbance. In a similar way, text-aware computing is 
designed to adjust system responses based on contextual awareness. This technology enables computers to perform context-sensitive 
tasks such as displaying schedules or recognizing specific individuals when needed. 
Unlike traditional systems that operate on predefined commands, text-aware computing emphasizes a deeper understanding of 
contextual information and the recognition of relevant concepts within an environment. Current research has investigated its 
potential for reorganizing contextual data, integrating cutting-edge technologies, and enhancing security frameworks. These 
advancements collectively contribute to achieving more accurate context recognition, positioning text-aware computing as a vital 
component in the advancement of intelligent and adaptive computing systems. 
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IV. COMPARISON OF PAST PUBLISHED RESEARCH PAPER 
With the increasing relevance of chatbots and AI-based conversational systems in healthcare, the five selected research studies 
provide a broad and insightful perspective on the topic. Abdul-Kader and Woods (2015) emphasize the technical aspects, presenting 
design frameworks and methodologies for chatbot development. In contrast, Dale (2016) adopts a wider lens by outlining the 
historical progression and conceptual foundations of chatbot evolution. Shum et al. (2018) focus specifically on social chatbots, 
highlighting their practical applications in healthcare-related communication. Deshpande et al. (2017) contribute by exploring deep 
learning approaches, AI architectures, and implementation strategies, which are crucial for building intelligent healthcare solutions. 
Finally, Berry (2004) addresses essential foundations in text mining, clustering, and classification, all of which underpin natural 
language processing techniques used in medical chatbots. 
Together, these studies offer a balanced blend of theoretical insights, technical design principles, practical applications, advanced AI 
methods, and core NLP concepts. Their combined contributions make them highly valuable for understanding the role and potential 
of AI-driven chatbots in the healthcare sector. 
 

Table-1 Comparison of past published research paper 
S. No. Authors & Year Title Key Focus Strengths Limitations Comparison with Other Papers 

1. Dale, R. (2016) "The Return of 
the Chatbots" 

Provides an 
overview of 
chatbot evolution 
and AI-driven 
conversational 
agents. 

Offers a historical 
perspective on 
chatbot 
development, 
evaluating key 
technological 
advancements. 
 

Lacks in- depth 
technical details on 
chatbot 
frameworks. 

More general than Abdul- Kader & 
Woods (2015), which focuses 
specifically on chatbot design 
methodologies. 

2. Abdul- Kader, S. 
A., & 
Woods, J. 
C. (2015) 

"Survey on 
Chatbot Design 
Techniques in 
Speech 
Conversation 
Systems" 

Explores different 
chatbot design 
approaches, 
including rule- 
based, pattern 
matching, and AI-
driven chatbots. 
 

Comprehensive 
analysis of chatbot 
development 
techniques, 
covering NLP and 
pattern recognition. 

Does not 
extensively discuss 
deep learning and 
context-aware 
computing. 

More technical than Dale (2016) 
but lacks future trend discussions 
like Shum et al. (2018). 

3. Shum, H. Y., He, 
X., 
& Li, D. 
(2018) 

"From Eliza to 
XiaoIce: 
Challenges and 
Opportunities 
with Social 
Chatbots" 

Examines the 
evolution of 
social chatbots, 
with a focus on 
Microsoft's 
XiaoIce. 
 

Strong emphasis 
on real-world 
applications and 
chatbot 
performance in 
social settings. 

Limited technical 
exploration of 
chatbot 
architectures. 

More practical than Dale (2016) 
and Abdul-Kader & Woods (2015) 
but less technical than Deshpande 
et al. (2017). 

4. Deshpande, A., 
Shahane, A., 
Gadre, D., & 
Joshi, P. 
M. (2017) 

"A Survey of 
Various 
Chatbot 
Implementation 
Techniques" 

Provides a 
technical review 
of chatbot 
frameworks, AI 
models, and deep 
learning 
approaches. 
 

 thoroughly 
discusses statistical 
models, chatbot 
frameworks, 
AIML, and deep 
learning. 
 

Limited focus on 
chatbot 
applications in 
business and 
industry. 

More technical than Dale (2016) 
and Shum et al. (2018) but lacks 
industry application insights. 
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5. Berry, M. 
W. (2004) 

"Survey of Text 
Mining: 
Clustering, 
Classification, 
and Retrieval" 

Discusses text 
mining techniques 
relevant to 
chatbot AI and 
NLP. 

Provides an in- 
depth 
understanding of 
unsupervised 
learning, 
clustering, and 
classification for 
chatbots. 

Focuses more on 
text mining 
techniques rather 
than chatbot- 
specific 
applications. 

More foundational than Deshpande 
et al. (2017) but lacks chatbot- 
specific insights like Shum et al. 
(2018). 

 
V. CONCLUSION 

This research investigates the chatbot academic papers that have utilized the previously mentioned five technologies, categorizing 
them into five distinct groups. Regarding NLP or pattern recognition technology, numerous studies have been suggested since these 
technologies have been in use with chatbots for a significant duration. However, the implementation of relatively modern 
technologies such as data mining, situational computing, and semantic webs in chatbots has been relatively rare; as a result, these 
technologies were able to suggest a future line of inquiry. The chatbot industry is anticipated to expand rapidly in the coming years 
as a variety of chatbot products have been launched lately. Chatbots have boundless potential for advancement, and they are 
evolving to be more human-like than ever before. Notably, AI technologies significantly impact the enhancement of intelligence 
within chatbots. Moving forward, it is essential to explore ways to create chatbots that utilize voice command techniques that can be 
seamlessly integrated with them.  Additionally, chatbot platform websites like "Chatfuel" offer APIs for developing similar voice 
command techniques. com,” “Conversable. com,” “Dialogflow. com,” “Gupshup. io,” “RASA. com,” “Manuchat. com,” “Danbee. 
ai,” and “Playchat. ai.” There are two main aspects in this area of research: the effectiveness of chatbots in understanding users’ 
messages and their ability to deliver suitable responses in regard to context. Consider a situation where the chatbot is so 
sophisticated that users won't be able to tell if they are speaking with a chatbot or not. People will become accustomed to conversing 
with chatbots, and it will feel as natural as engaging with others, browsing the Internet, and viewing videos. 
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