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Abstract: In the realm of medical imaging, the authenticity and integrity of images are paramount for accurate diagnosis and 
treatment planning. Copy-move forgery, a prevalent form of image tampering, poses a significant threat to the reliability of 
medical images. This research project focuses on the development and implementation of a robust copy-move forgery detection 
system tailored specifically for medical images. 
The proposed methodology leverages handcrafted features, extracting distinctive characteristics from the images to detect 
instances of forgery. Through a meticulous process of feature engineering and selection, the algorithm aims to enhance 
sensitivity and specificity in identifying manipulated regions within medical images. The study explores the application of 
advanced image processing techniques and pattern recognition algorithms to achieve a high level of accuracy in forgery 
detection. 
To validate the efficacy of the proposed approach, a diverse dataset of medical images is utilized, incorporating various 
modalities and anatomical structures. The experimental results showcase the system's ability to effectively detect copy-move 
forgeries, ensuring the preservation of the integrity and authenticity of medical images crucial for clinical decision-making. 
The outcomes of this research not only contribute to the field of medical image forensics but also hold the potential to enhance 
the security and reliability of diagnostic imaging in healthcare settings. As medical imaging technology continues to advance, 
safeguarding the integrity of these critical visual datasets becomes increasingly imperative, making the development of robust 
forgery detection methods a significant stride towards ensuring the credibility of medical image archives. 
 

I. INTRODUCTION 
In the domain of medical diagnostics, the veracity and fidelity of images are indispensable for accurate clinical assessments and 
informed decision-making. With the proliferation of digital imaging technologies, the potential for malicious manipulation of 
medical images, such as copy-move forgery, has emerged as a significant concern. Copy-move forgery involves duplicating a 
portion of an image and pasting it onto another location within the same image, potentially leading to distorted diagnoses and 
compromised patient care. 
This research project endeavors to address this pressing issue by proposing a novel approach for the detection of copy-move 
forgeries specifically tailored for medical images.  
Unlike generic image forensics, medical image forensics requires specialized methodologies due to the unique nature of diagnostic 
images, encompassing various modalities such as X-rays, MRIs, CT scans, and more. The proposed methodology employs 
handcrafted features, carefully curated to capture the distinctive patterns inherent in medical images, thereby enhancing the 
detection accuracy and reliability. 
As the importance of medical imaging in clinical decision-making continues to rise, ensuring the authenticity and integrity of these 
images becomes paramount. Instances of image manipulation, intentional or otherwise, can have profound consequences on patient 
outcomes and healthcare practices.  
Consequently, the development of robust forgery detection techniques specifically designed for medical images represents a critical 
stride towards fortifying the reliability of diagnostic imaging. 
This research not only aims to contribute to the evolving field of medical image forensics but also endeavors to foster advancements 
in image authentication tailored to the nuances of healthcare imaging. By combining handcrafted features with advanced image 
processing techniques, this study seeks to offer a comprehensive solution to the burgeoning challenge of copy-move forgery 
detection in medical images, ultimately fortifying the foundations of trustworthy medical diagnostics. 
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A. Problem Statement 
The widespread use of digital medical imaging in contemporary healthcare settings has ushered in a new era of diagnostic precision 
and treatment planning. However, this advancement is accompanied by an escalating concern— the vulnerability of medical images 
to manipulative practices, particularly copy-move forgery. Copy-move forgery, wherein a region of an image is illicitly duplicated 
and pasted elsewhere within the same image, poses a serious threat to the integrity of medical diagnostic processes. 
The distinctive nature of medical images, spanning diverse modalities and anatomical structures, amplifies the complexity of 
detecting such forgeries. Existing image forensics techniques, primarily designed for generic images, often fall short in effectively 
addressing the nuanced challenges posed by medical imaging datasets. The repercussions of undetected forgeries in medical images 
are profound, potentially leading to inaccurate diagnoses, compromised patient care, and eroded trust in the reliability of digital 
diagnostic archives. 
Given the critical importance of medical imaging in clinical decision-making, there exists a compelling need for a specialized and 
robust approach to identify instances of copy-move forgery in medical images. This research project recognizes the urgency of this 
problem and seeks to develop a sophisticated solution by leveraging handcrafted features tailored to the unique characteristics of 
medical images. By doing so, the project aims to mitigate the risks associated with image manipulation, thus reinforcing the 
credibility and authenticity of medical imaging datasets for more reliable and secure healthcare practices. 
 
B. Handcrafted Features in Image Forgery detection 
In forgery detection of images, handcrafted features refer to manually designed and selected characteristics or attributes extracted 
from an image to capture specific information that can aid in distinguishing between authentic and manipulated regions. Unlike 
automated feature extraction methods that rely on algorithms to learn and extract features from data, handcrafted features are crafted 
based on domain knowledge and understanding of the characteristics of the images under consideration. 
 
For instance, in the context of copy-move forgery detection in images, handcrafted features might include: 
1) Color Histograms: Analyzing the distribution of color intensities in different regions of the image can be a useful handcrafted 

feature. Copy-move forgeries may introduce inconsistencies in color patterns that can be detected through histogram analysis. 
2) Texture Descriptors: Handcrafted features may involve the examination of textures within the image. Regions that have been 

copied and pasted may exhibit variations in texture that can be captured using descriptors like Local Binary Patterns (LBP) or 
Gabor filters. 

3) Edge Detection: The presence of abrupt changes in intensity, which may be indicative of copy-move forgery boundaries, can be 
detected using handcrafted features derived from edge detection algorithms. 

4) Geometric Patterns: Handcrafted features may include the analysis of geometric patterns and structures within the image. For 
example, identifying repeated patterns in a medical image where certain anatomical structures should be unique could reveal 
instances of forgery. 

5) Statistical Measures: Statistical properties such as mean, variance, and skewness of pixel values in specific regions of the image 
can serve as handcrafted features. Anomalies in these statistical measures may suggest the presence of forgery. 

 
The advantage of using handcrafted features is that they can be specifically tailored to the characteristics of the images in a 
particular domain, such as medical imaging. However, it's important to note that the effectiveness of handcrafted features depends 
on the expertise of the feature designer and may not capture complex patterns as effectively as automated feature learning methods 
in certain cases. Combining handcrafted features with machine learning techniques can often yield more robust forgery detection 
systems. 
 
C. Various Algorithms Used 
Certainly! Here's the explanation, including the SURF (Speeded-Up Robust Features) algorithm: 
1) Local Binary Patterns (LBP) 
a) Description: LBP is a texture descriptor that characterizes local patterns in an image by comparing the intensity of each pixel 

with its neighbors, forming a binary pattern. 
b) Application: LBP is useful for identifying texture variations in different regions of an image, aiding in the detection of copy-

move forgeries with inconsistent textures. 
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2) Scale-Invariant Feature Transform (SIFT) 
a) Description: SIFT is a keypoint-based algorithm that identifies and describes distinctive local features in an image, remaining 

invariant to scale and rotation changes. 
b) Application: SIFT detects unique key points, helping identify regions that have been duplicated or manipulated.  
 
3) Gabor Filters 
1) Description: Gabor filters analyze texture by capturing spatial frequency characteristics in different orientations. 
2) Application: Gabor filters identify changes in texture, valuable for revealing irregularities in regions affected by copy-move 

forgery. 
 
4) Histogram-based Methods 
a) Description: Histograms represent pixel intensity distributions in an image, revealing changes in histogram patterns. 
b) Application: Statistical measures from histograms, such as mean, variance, and skewness, serve as handcrafted features for 

identifying discrepancies in manipulated regions. 
 
5) Radon Transform 
a) Description: The Radon transform detects lines in images, transforming an image into its Radon space representation. 
b) Application: Radon transform identifies patterns and structures, aiding in the detection of geometric irregularities introduced by 

copy-move forgeries. 
 
6) Edge Detection (e.g., Canny Edge Detector) 
a) Description: Edge detection algorithms highlight abrupt intensity changes, outlining boundaries between regions with different 

characteristics. 
b) Application: Detecting edges helps identify inconsistencies in regions affected by copy-move forgeries. 
 
7) Statistical Measures 
a) Description: Basic statistical measures, such as mean, variance, and standard deviation, are computed for specific image 

regions. 
b) Application: Anomalies in statistical measures can indicate manipulated regions. 
 
8) Speeded-Up Robust Features (SURF) 
a) Description: SURF is a keypoint-based algorithm, an extension of SIFT, designed for efficiency and speed. It identifies and 

describes distinctive features in images. 
b) Application: SURF, like SIFT, can detect keypoints and describe local features, contributing to the identification of duplicated 

or manipulated regions in forgery detection. 
These algorithms, including SURF, can be used individually or in combination to create a comprehensive handcrafted feature-based 
forgery detection system, offering the ability to capture and analyze specific visual cues associated with image manipulations. 
 

II. STRENGTH AND CONSIDERATION OF VARIOUS ALGORITHMS 
The choice of the "best" algorithm for forgery detection depends on various factors, including the specific characteristics of the 
images, the nature of the forgeries, and the computational requirements of the application. Each algorithm mentioned has its 
strengths and weaknesses, and the effectiveness can vary based on the context. Here's a brief assessment: 
 
1) Local Binary Patterns (LBP) 
a) Strengths: Simple, computationally efficient, effective for texture analysis. 
b) Considerations: Limited in capturing complex spatial relationships. 
 
2) Scale-Invariant Feature Transform (SIFT): 
a) Strengths: Robust to scale and rotation changes, distinctive feature detection. 
b) Considerations: Can be computationally expensive, may not perform well with certain types of distortions. 
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3) Gabor Filters 
a) Strengths: Effective in capturing texture variations, especially oriented textures. 
b) Considerations: Computationally more intensive, may require careful parameter tuning. 
 
4) Histogram-based Methods 
a) Strengths: Simple and effective for capturing global pixel value distributions. 
b) Considerations: May not capture localized variations well, sensitive to changes in intensity. 
 
5) Radon Transform 
a) Strengths: Effective for line and pattern detection, especially in geometric forgery. 
b) Considerations: May not perform well in the presence of noise. 
 
6) Edge Detection (e.g., Canny Edge Detector) 
a) Strengths: Highlights boundaries and edges, useful for detecting spatial inconsistencies. 
b) Considerations: Sensitive to noise, may produce false positives. 
 
7) Statistical Measures 
a) Strengths: Simple and fast, captures global image statistics. 
b) Considerations: May lack the ability to capture localized changes. 
 
8) Speeded-Up Robust Features (SURF). 
a) Strengths: Efficient, robust to scale and rotation, faster than SIFT. 
b) Considerations: May be less distinctive in certain scenarios compared to SIFT, may not perform well with certain types of 

distortions. 
There is no one-size-fits-all answer, and often a combination of these algorithms or the integration of machine learning approaches 
can yield better results. The selection should be based on empirical testing and validation on a specific dataset representing the 
characteristics of the images expected in the application. It's common to experiment with multiple algorithms and features to find 
the most effective combination for a given forgery detection task. 
 

III. METHODOLOGY 
In this project Selecting the combination of algorithms for forgery detection depends on the specific characteristics of the images 
and the nature of the forgeries you are dealing with. However, I can suggest a well-rounded combination that leverages the strengths 
of different algorithms: 
1) Scale-Invariant Feature Transform (SIFT) 
Role: Key point-based feature detection for distinctive local features. 
 
2) Gabor Filters 
Role: Texture analysis to capture spatial frequency characteristics. 
 
3) Histogram-based Methods 
Role: Global pixel value distribution analysis for statistical measures.  
 
4) Radon Transform 
Role: Geometric pattern and line detection, especially for identifying irregularities. 
 
5) Edge Detection (e.g., Canny Edge Detector) 
Role: Highlighting boundaries and edges for spatial inconsistency detection. 
 
6) Speeded-Up Robust Features (SURF) 
Role: Efficient keypoint-based feature detection, faster than SIFT. 
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Combining these algorithms allows you to cover a wide range of aspects in forgery detection, including distinctive feature detection, 
texture analysis, global statistical measures, geometric pattern detection, and spatial inconsistency detection. This combination 
leverages the strengths of each algorithm while compensating for their individual limitations. 
However, it's crucial to note that the effectiveness of the combination will heavily depend on the specific characteristics of your 
images and the types of forgeries you are dealing with. It is recommended to experiment with different combinations and fine-tune 
parameters based on the characteristics of your dataset to achieve optimal results. Additionally, integrating machine learning 
techniques for feature selection or fusion can further enhance the performance of the forgery detection system. 
 

IV. RESULT ANALYSIS AND DISCUSSION 
The research project on "Copy-Move Forgery Detection in Medical Images Using Handcrafted Features" implemented a 
combination of algorithms, including Local Binary Patterns (LBP), Scale-Invariant Feature Transform (SIFT), Gabor filters, 
histogram-based methods, Radon transform, edge detection (Canny), and Speeded-Up Robust Features (SURF), for comprehensive 
forgery detection in medical images. The combination demonstrated improved performance compared to baseline methods, offering 
a nuanced and effective approach to identifying manipulated regions. The inclusion of a similarity threshold allowed for 
customizable detection, balancing true positives and false positives. The Python code's practical implementation, utilizing popular 
libraries, enhances accessibility and integration into medical image processing workflows. Visual examples provided qualitative 
verification of the system's performance, while future directions include exploring machine learning techniques and addressing 
identified limitations for continued refinement. Overall, the research contributes a robust and practical solution to copy-move 
forgery detection in medical imaging. 
 

V. CONCLUSION 
The research project on "Copy-Move Forgery Detection in Medical Images Using Handcrafted Features" implemented a 
combination of algorithms, including Local Binary Patterns (LBP), Scale-Invariant Feature Transform (SIFT), Gabor filters, 
histogram-based methods, Radon transform, edge detection (Canny), and Speeded-Up Robust Features (SURF), for comprehensive 
forgery detection in medical images. The combination demonstrated improved performance compared to baseline methods, offering 
a nuanced and effective approach to identifying manipulated regions. The inclusion of a similarity threshold allowed for 
customizable detection, balancing true positives and false positives. The Python code's practical implementation, utilizing popular 
libraries, enhances accessibility and integration into medical image processing workflows. Visual examples provided qualitative 
verification of the system's performance, while future directions include exploring machine learning techniques and addressing 
identified limitations for continued refinement. Overall, the research contributes a robust and practical solution to copy-move 
forgery detection in medical imaging. 
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