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Abstract: Brain tumors are among the most severe and life-threatening medical conditions, often leading to significant morbidity 
and mortality if not detected and treated promptly. Early and accurate diagnosis plays a crucial role in improving patient 
outcomes and survival rates. Traditionally, the detection of brain tumors relies on the manual analysis of Magnetic Resonance 
Imaging (MRI) scans by radiologists. While effective, this process is inherently time-consuming and subject to variability in 
interpretation due to human fatigue or inexperience, potentially leading to diagnostic delays or errors. 
To address these challenges, this project introduces an Automated Brain Tumor Detection and Medicine Suggestion System 
powered by Convolutional Neural Networks (CNNs) — a class of deep learning models particularly effective in image 
classification tasks. The proposed system is capable of automatically analyzing MRI scans and accurately classifying them into 
two categories: “Tumor Detected” and “No Tumor Detected.” By automating the detection process, the system significantly 
reduces the workload of medical professionals and minimizes the chances of oversight, thereby enhancing diagnostic reliability 
and efficiency. 
Beyond tumor detection, the system is designed to provide preliminary medicine suggestions based on the type and severity of the 
tumor identified, referencing medical databases and treatment protocols. This feature aims to support healthcare professionals 
by offering instant insights into potential treatment pathways, helping expedite the decision-making process in clinical settings. 
The integration of AI in medical imaging through CNN-based models not only speeds up the diagnostic process but also 
democratizes access to expert-level analysis, especially in remote or under-resourced regions. With continuous training on 
diverse and large datasets, the system can improve its accuracy and robustness, making it a valuable tool in modern healthcare. 
In conclusion, the proposed system demonstrates the potential of artificial intelligence in revolutionizing medical diagnostics. By 
merging advanced image processing with intelligent recommendation systems, it offers a promising solution for early brain 
tumor detection and effective treatment planning, ultimately contributing to better patient care and outcomes. 
 

I. INTRODUCTION 
Brain tumors are abnormal growths of cells in the brain, which can be life-threatening if not diagnosed and treated promptly. Early 
detection is crucial for improving patient outcomes and increasing survival rates. This project aims to assist in the early and efficient 
diagnosis of brain tumors by leveraging the power of deep learning, computer vision, and web technologies. 
The system is designed to analyze MRI brain scan images to predict the presence of a tumor with high accuracy. It utilizes 
TensorFlow and Keras to implement a Convolutional Neural Network (CNN) model trained on a diverse dataset of brain MRI 
images. The model is capable of classifying images into categories such as tumor and non-tumor with impressive precision. 
OpenCV is used for image preprocessing tasks including resizing, noise reduction, and normalization, which are essential for 
improving the performance of the deep learning model. The frontend interface is connected to a Flask backend, providing a 
seamless user experience for uploading MRI images and receiving predictions. SQLite serves as the database for storing user 
information and login credentials, ensuring secure access through a user authentication module. 
A key feature of the application is its email notification system, which automatically sends users a detailed diagnostic report based 
on the model's predictions. Furthermore, based on the tumor's size and location, the system recommends a list of suitable 
medications to aid in early treatment planning. 
To enhance the application's practicality, it also integrates a hospital locator that utilizes the user's geographical location to suggest 
nearby hospitals for further consultation and emergency care. This feature is especially helpful in guiding users to timely medical 
attention, potentially saving lives. 
This project not only demonstrates the effectiveness of AI in healthcare but also serves as a stepping stone toward the development 
of more accessible, intelligent, and user-friendly diagnostic tools. 
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II. OBJETIVE 
The proposed system leverages Convolutional Neural Networks (CNNs) to accurately classify MRI images and detect brain tumors, 
ensuring efficient and reliable diagnosis. It features a user-friendly web interface, allowing users to upload MRI scans and receive 
instant predictions  regarding the presence of tumors. Based on the severity of the detected tumor, the system suggests appropriate 
medications or directs users to the nearest hospital for further medical assistance.The entire document should be in Times New 
Roman or Times font.  Type 3 fonts must not be used.  Other font types may be used if needed for special purposes. 
 

III. METHODOLOGY 
A. Principle of Operation 
1) Data Acquisition – MRI scan images of the brain are collected as input data. 
2) Preprocessing – Images are resized, normalized, and augmented to improve accuracy. 
3) Feature Extraction – A Convolutional Neural Network (CNN) extracts spatial features  such as tumor edges, texture, and 

patterns. 
4) Classification – The CNN model classifies the MRI scans as tumor or non-tumor, and if a tumor is present, it categorizes the 

type. 
5) Diagnosis & Prediction – The trained model provides probability scores and visual heatmaps to highlight tumor regions for 

analysis. 
6) Location & Mail Feature – If a tumor is detected, the system automatically fetches the user's location and emails the scan report 

and diagnosis details to the concerned medical professional or patient. 
7) Evaluation – The model's performance is assessed using metrics like accuracy, precision, recall, and F1-score. 
 
B. System work Flow 
1) User Authentication – Verifies if the user is authorized. 
2) Upload MRI Image – User uploads the brain scan. 
3) Otsu Thresholding – Segments the tumor from the background. 
4) Generate Train & Test Model – Splits data for training and testing. 
5) Generate Deep Learning CNN Model – Extracts features and classifies tumors. 
6) Predict Output – Determines if a tumor is present. 
7) End Process – Displays the result and exits.                       
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IV. IMPLEMENTATION 
A. Modules 
Data exploration: This module is responsible for loading MRI scan data into the system, ensuring it is correctly formatted for further 
analysis. 
Image processing: This module processes MRI images by transforming them into a digital format and applying various 
preprocessing techniques (such as noise reduction, contrast enhancement, and segmentation) to extract meaningful features. 
Model generation: This module builds and trains a Convolutional Neural Network (CNN) for brain tumor detection. The model is 
trained using preprocessed MRI scan data, optimized with techniques such as data augmentation and hyperparameter tuning to 
improve accuracy. 
User signup & login: Using this module will get registration and login. This module handles user registration and authentication, 
allowing users to securely access the system. 
User input: This module enables users to upload MRI scan images for tumor detection and diagnosis. 
Prediction: The system processes the uploaded image and runs it through the trained model. The final prediction result is displayed, 
indicating whether a tumor is present. If a tumor is detected, additional details such as tumor size and recommendations for further 
medical consultation may be provided. 
 

B. Extension 
In the base paper, the author proposed using different techniques for analyzing medical image datasets with Machine Learning 
models. As an enhancement, we implemented a Convolutional Neural Network (CNN) model to accurately detect brain tumors from 
MRI scans. 
To further improve performance, we applied image preprocessing techniques such as data augmentation, normalization, and noise 
reduction before passing the images to the CNN model.  
The trained model demonstrated high accuracy in detecting brain tumors. As an additional extension, we can develop a front-end 
interface using the Flask framework, allowing users to upload MRI images, receive real-time predictions, and view analysis results.  
Furthermore, user authentication can be implemented to ensure secure access to the system. 
 

C. Algorithm 
CNN:A CNN is a kind of network architecture for deep learning algorithms and is specifically used for image recognition and tasks 
that involve the processing of pixel data. There are other types of neural networks in deep learning, but for identifying and 
recognizing objects, CNNs are the network architecture of choice. 
Application of CNN:Preprocessing and Data Augmentation: Before feeding the data into a CNN model, you likely performed 
preprocessing on the MRI images using OpenCV for tasks like resizing, normalization, and filtering noise. Data Augmentation 
techniques such as rotating, flipping, and zooming are often used to artificially increase the size of the dataset, which is important 
when working with limited medical image data. 
 

D. Feature Extraction 
CNNs excel at automatically extracting hierarchical features from images. The initial convolution layers capture low-level features 
like edges and textures, while deeper layers capture more abstract features, like shapes and structures specific to tumor regions in 
the brain. 
Classification: Once the features are extracted, a fully connected layer (dense layer) at the end of the CNN performs the 
classification. The model could output a classification of whether a brain tumor is present or not, and possibly the type (benign or 
malignant) if you are performing multi-class classification. 
Transfer Learning: Instead of training a CNN from scratch (which requires a large dataset), you might have used transfer learning. 
This involves using a pre-trained CNN model (like VGG16, ResNet, or InceptionV3) that was pre-trained on large image datasets 
(e.g., ImageNet) and fine-tuning it on your dataset of brain MRI images. Transfer learning helps improve accuracy when you have a 
smaller dataset. 

V. CONCLUSION 
This project successfully demonstrates the application of deep learning in medical imaging by developing an efficient Brain Tumor 
Detection system. Utilizing TensorFlow / Keras for model training, OpenCV for image preprocessing, and Flask for deploying a 
user-friendly web interface, our system provides an accessible and effective tool for early tumor detection. SQLite was integrated 
for secure and efficient data management, ensuring a streamlined workflow for users. 
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The results indicate that deep learning models can significantly aid in the early diagnosis of brain tumors, potentially improving 
patient outcomes by facilitating timely medical intervention. While the current implementation offers promising accuracy and 
performance, future improvements could include expanding the dataset, incorporating more advanced neural network architectures, 
and integrating explainable AI techniques for better model interpretability. 
This work underscores the transformative role of AI in healthcare, demonstrating how technology can complement medical 
expertise to enhance diagnostic capabilities. 
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