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Abstract: Agriculture is experiencing a period of technological change, driven by the addition of intelligent technologies into
agricultural technology. The integration of smart systems into farm machinery has greatly improved soil fertility management
and crop productivity. Advanced technologies such as sensors, 10T, Al, and precision agriculture tools enable real-time
monitoring of critical soil parameters, leading to targeted interventions for improving soil health. Automated machinery with
GPS and Al-driven algorithms ensures efficient seed placement, precise fertilizer application, and weed management, thereby
minimizing resource wastage and environmental impact. Such insights based on data allow farmers to take appropriate decisions
based on changing conditions and improve farming practices sustainably, but their large-scale adaptation can be impeded due to
high implementation costs, issues with privacy over the data, and expertise over technicalities. But even these challenges are seen
in light of increasing yield, input costs reduced, and sustainability-promoting benefits, thereby raising productivity and meeting
the causes for environmental conservation and food security.

Keywords: Precision agriculture, Soil fertility, Smart farming systems, Crop yield enhancement, Internet of things (loT),
Artificial intelligence (Al)

L. INTRODUCTION
The foundation of human civilization, agriculture, is facing hitherto unheard-of difficulties in the twenty-first century. By 2050, the
world's population is expected to have grown to around 10 billion people, necessitating a major increase in food production [1].
However, this work needs to be done in the face of declining arable land, degraded soil, and growing climate change effects [2]. For
the agriculture sector to overcome these obstacles and maintain environmental stewardship and productivity, creative and
sustainable solutions are needed.

A. The Importance of Soil Fertility and Crop Productivity

Agriculture's two main pillars are crop productivity and soil fertility. The ability of soil to supply crops with essential nutrients is
known as soil fertility, and it has a direct impact on both the amount and quality of output [3]. Significant soil degradation has
resulted from overuse of arable land as well as unsustainable agricultural methods, including excessive fertilizing and inappropriate
irrigation. Crop yields are decreased by poor soil health. This impacts farmer livelihood sand food security. The yield that can be
obtained per unit of land, however, is known as crop productivity [4]. Increased productivity without further arable land
development is crucial if one does not wish to eliminate trees from a forest or, at the very least, reduce biodiversity. Increased output
with traditional techniques, including unrestrained use of pesticides, fertilizers, and irrigation, is harmful to the environment and
inefficient. Techniques for yields that are more sustainable and highly effective must be found quickly.

B. Emergence of Smart Systems in Agriculture

This new paradigm in agricultural practice makes way for the shift towards intelligent systems in farming. The smart systems make
use of all the latest technologies to help solve specific needs in soil and crops with more error-free data-driven information than
traditional techniques, which are intuitive and equal division of resources.

In order to improve agricultural operations, smart farm machinery integrates advancements like artificial intelligence, big data
analytics, GIS, and the Internet of Things [5]. These devices allow for the most effective use of water, fertilizer, and pesticide
inputs; they also enable the real-time, accurate monitoring of field conditions, and they mechanize several repetitive tasks, such as
planting and harvesting.

Thus, farm output will increase substantially due to this type of integration of technology, but without some corresponding reduction
in environmental degradation along with depleting critical resources.
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C. The Role of Smart Systems in Soil Fertility and Crop Productivity

The smart soil fertility system [6], installed on farms and self-motoring equipment, provides real-time pH and moisture status
reports. Based on the circumstances being monitored, the system then adjusts intervention into particular farm parts. VRT precisely
applies fertilizers and ameliorants to agricultural soils, utilizing all nutrients and generating minimal waste [7]. Site-specific
management is made possible by the use of geospatial tools to create detailed soil maps that display spatial changes within fields.
Additionally, smart systems contribute to increased crop output [8]. Using Al- and loT-based technologies, precise agriculture
makes sure that the right number of plants are planted, when to water them, and how to handle pests [9]. This minimizes losses and
increases yields. Drones and autonomous machinery enhance operational efficiency by ensuring high-resolution field data for quick
decision-making and automating manual tasks [10].

D. Obijectives of The Review

The review explores the integration of smart systems in farm machinery to improve soil fertility and crop productivity. It focuses on
the fundamental technologies like 10T, Al, robotics, and geospatial tools that form the basis of smart farming systems. These
technologies can address challenges like resource inefficiency, environmental degradation, and the growing demand for food
production. However, the review also identifies limitations like high costs, data privacy concerns, and technical expertise
requirements that may hinder large-scale adoption. A case study is included to illustrate the real-world impact of these smart
systems, highlighting their potential to address global agricultural issues. The paper aims to demonstrate how smart farming can
achieve sustainability and food security through innovative agricultural practices and future trends.

1. TECHNOLOGICAL FRAMEWORK OF SMART SYSTEMS IN AGRICULTURE
Traditional farming methods have been replaced by precision, automation, and data-driven decision-making processes as a result of
the agriculture sector's use of intelligent technologies. These systems are built on a broad technological framework that seeks to
improve soil fertility and boost crop yields by combining a number of advanced instruments and methods. The key components of
such an infrastructure are discussed below:

A. Internet of Things in Agriculture

The internet of things is completely changing agriculture by connecting various sensors, devices, and equipment to create a network
for real-time data collection and communication [11]. 10T sensors track soil parameters like pH levels, moisture, temperature, and
nutrient content, which are transmitted to a centralized system for site-specific interventions [12]. Weather monitoring is another
crucial application, with loT-enabled weather stations gathering localized data to help farmers plan irrigation schedules, pest control
strategies, and optimal planting times. 10T devices also monitor livestock health and behavior, minimizing disease risks and
ensuring efficient feeding practices. 10T reduces manual labor through automation, such as intelligent irrigation systems that adjust
water delivery based on soil moisture levels, ensuring crops receive the right amount of water while conserving resources [13], [14].
This precision reduces waste, improves crop yield, and enhances overall farm productivity [15]. loT-based automation improves
accuracy while decreasing manual labor, such as intelligent irrigation systems that conserve resources while preserving ideal
growing conditions for crops. Fig. 1 illustrates the diverse applications of 10T across various agricultural domains. It emphasizes
how loT-enabled sensors and devices contribute to real-time data collection and precision farming, enabling resource optimization
and improved productivity.

/ Internet
\ Of Things
SMART GRID ’ _

SMART eIty

Fig. 1 Uses of IoT in different areas
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B. Artificial Intelligence and Machine Learning

Using agricultural data, it assists in finding trends and forecasting results before recommending them to Al and ML systems. This

gives the farmer the ability to make decisions that go beyond gut instinct [16], [17]. There are several key applications showing

below:

1) Analytics that predict: Al makes preventive treatments possible by forecasting crop illnesses, insect outbreaks, and weather
changes [18]. This allows farmers to take timely preventive measures, reducing losses and improving yields. For example, Al
systems in vineyards can detect early signs of fungal infections, enabling immediate intervention and preventing widespread
damage.

2) Crop management: Al uses field-based data to determine the optimal periods for seeding, crop rotation, and fertilizer
application rates. This precision reduces resource wastage while maximizing growth potential. For example, Al algorithms
recommend the best crop rotation plans based on soil health and weather predictions [19].

3) Yield estimation: To assist farmers in organizing harvests and marketing plans, machine learning models employ both historical
and current data to estimate yields. These predictions help farmers plan harvests, optimize storage, and develop marketing
strategies [20]. For example, in rice fields, Al predicts insect outbreaks with over 90% accuracy, ensuring timely application of
pesticides [21]. Fig. 2 highlights the role of Al and ML in enabling precision agriculture. It illustrates key applications such as
predictive analytics, crop management, and yield estimation, showcasing how data-driven technologies optimize farming
practices.

Satellite

C. Geospatial Technologies: GIS and GPS

The core geospatial technologies, GIS and GPS, are examples of further such technologies. They offer high-accuracy mapping and

spatial data for each segment of a field. Agricultural GIS Detailed maps of soil properties, crop health, and field variability are

created by GIS technologies processing satellite photos, drone videos, and field data [23]. These serve as site-specific management
guidelines that guarantee resource distribution.

1) GPS in equipment: Precision in planting, fertilizing, and harvesting is achieved by the use of GPS-guided tractors and
harvesters. By minimizing overlap and reducing input waste, productivity is raised and urban connectivity is enhanced[24],
[25].

2) Remote sensing and drones: Mounting multispectral cameras on unmanned aerial vehicles (drones) allows for the capture of
high-resolution photographs of fields [26]. These pictures are useful for assessing insect damage, crop Vigor, and water stress,
so treatments can be assessed. be the target.

3) Geospatial tools benefits: By detecting field variability and identifying trouble spots, geospatial technologies assist farmers in
applying inputs correctly, lowering expenses and their impact on the environment [27].

D. Analytics of Big Data
Big data's most crucial function is to handle and interpret the vast amounts of data produced by sensors and IoT devices, as well as
by GIS tools that use advanced analytics to turn the data into action for farmers.
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1) Important uses analyzing historical data: Examining past data on weather patterns, agricultural performance, and soil fertility
trends. Some, such as Climate Field View or Farm Logs, offer dashboards that gather a lot of data for decisions, often as basic
as when to apply fungicides or water [28].

2) Supply chain optimization: Big data reduces post-harvest losses, streamlines inventory management, and connects farm
operations to supply networks. The idea of big data analytics is a highly powerful environment for a decision because of its
integration with Al and IoT [29]. For example, an examination of meteorological data inputs from soil sensors and crop
imaging can be used to provide a fertilization strategy for particular locations.

E. Robotics and Autonomous Machinery

Automation and precision are being introduced into farm operations as a result of autonomous machinery and robotics [30].
Autonomous tractors equipped with GPS and Al perform tasks like tilling, planting, and fertilizing with minimal human
intervention, ensuring consistent results and reducing human errors [31]. Robotic harvesters automate fruit and vegetable picking,
improving timeliness and quality while minimizing labor requirements. Drones play a dual role by monitoring fields with high-
resolution imaging and delivering precise pesticide or fertilizer applications, significantly reducing chemical usage and
environmental impact [32]. These advancements enhance operational efficiency, lower costs, and ensure scalability, making
agriculture more sustainable and adaptable to modern challenges.

F. Agricultural Traceability Using Blockchain

Blockchain technology appears to be quite useful for agriculture, despite the fact that it is not yet widely used. Along the farm-to-
market supply chain, block chain technology's traceability increases supply chain transparency like seeds, fertilizers, and pesticides,
ensuring quality standards and compliance with sustainable practices [33]. It also enables product certification, such as organic or
ethical farming labels, which builds consumer trust and adds value to produce. Additionally, blockchain secures data from
unauthorized access, ensuring reliable information exchange from farm to market. By fostering accountability and consumer
confidence, blockchain creates a more trustworthy and efficient agricultural ecosystem.

G. Technology Integration

Here is where full integration will offer real power in intelligent systems. Data is brought in by 10T, interpreted by Al and analytics,
and then used by autonomous machines. Block chain builds supply chain confidence, while geospatial tools guarantee precise
interventions. In this sense, the combined effects of these technologies enhance the farm's sustainability and productivity.

1. SMART SYSTEM'S ROLE IN SOIL FERTILITY MANAGEMENT
Soil fertility has a direct impact on crop health, growth, and yield. The balance between soil health, nutrient supply, and
environmental sustainability is the key to controlling fertility [34].Conventional fertilizer and other amendment applications for soil
fertility usually follow a consistent application process, which may result in inefficiency, nutrient imbalances, environmental harm
particularly stream contamination or soil degradation. In the face of the aforementioned difficulties, smart systems made possible by
advanced technology provide creative answers to the precise, data-driven method of managing soil fertility. Table 1 outlines the
components and benefits of smart systems in improving soil fertility, such as 10T sensors, variable rate technology, and geospatial
analysis showcasing the role of smart systems in farm machinery for soil fertility and crop productivity.
Table 1. Smart systems’ role in soil fertility

Component Function Example applications Benefits References

10T sensors Real-time soil condition monitoring Tracking moisture, pH, nutrient Timely interventions, reduced [35]
levels uncertainty

Variable rate technology | Precision application of inputs Field-specific fertilizer and lime Reduced waste, increased [36]
application efficiency

Geospatial analysis Detailed soil mapping Identifying erosion-prone areas Better resource allocation [37]

[38]

Al-based systems Data-driven recommendations Fertilizer scheduling, irrigation Enhanced decision-making
planning

Organic matter Preservation of soil organic content Monitoring carbon sequestration Improved microbial health, water [39]

management retention

Fertilizer optimization Balanced nutrient application Custom blends for field-specific Reduced environmental impact [40]
needs

Erosion management Minimizing soil loss Contour plowing, buffer strip Sustained fertility, reduced [41]
placement degradation
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A. Monitoring and Diagnosing Soil in Situ

loT-based soil sensors allow for real-time soil parameter monitoring through smart systems. These sensors will take measurements

and supply information. on important soil health indicators in a timely manner, allowing farmers to determine when actions are

required.

1) Tracked parameters: In order to regulate irrigation and prevent waterlogging or drought stress, the moisture content of the soil
is an extremely important factor to consider [42].

2) Nutrient Levels: It helps direct fertilizer applications by tracking the amounts of potassium, phosphorus, and nitrogen. Thus, the
pH of the soil keeps microbial activity and nutrient uptake at optimal levels. Root growth and seed germination are impacted by
temperature. Benefits Real-time data guarantees that interventions are relevant and timely while lowering uncertainty. For
instance, identifying a decrease in soil moisture enables prompt irrigation, so avoiding crop stress [43].

B. Variable Rate Technology

Site-specific fertilizer, lime, and other amendment applications are made possible by variable rate technology. Managing field

variability is part of this VRT in order to prevent nutrient waste and over application while maximizing input utilization and

enhancing soil fertility [44]. The operation of Artfield variability is mapped using data from GIS technologies, drones, and soil
sensors. Field-specific soil requirements are met by applying fertilizers or amendments at varying rates throughout the fields.

Accuracy in application is guaranteed by equipment equipped with GPS and automated controllers [45].

1) Impact on fertility of soils: In certain places, it stops the accumulation or depletion of nutrients. Increases the efficiency of
nutrient usage by using fewer inputs. By lowering the amount of surplus nutrients that leak and discharge into water, it
safeguards the ecosystem [46].

2) VRA maps of nitrogen: The element nitrogen VRA maps give you a quick overview of the vegetation condition in your field
right now [47]. The user can choose which of the single satellite images used to create these the best option is given their
current circumstances. This feature is especially helpful for applying nitrogen fertilizer efficiently and precisely, which will
address deficiencies that are preventing crops from growing as much in particular parts of your field. For crops like wheat and
rapeseed that receive multiple nitrogen applications during overwintering, the use of VRA maps of nitrogen is ideal [48].
Furthermore, the prescription can be added to crop management by using growth regulators in situations when there are high
NDVI values.

C. Geospatial Analysis and Soil Mapping

Geospatial technologies like GIS and remote sensing are used to create detailed soil maps that reveal spatial variability within fields.
These maps provide insights into nutrient distribution, moisture retention, and erosion-prone areas. In India, rice farmers have
optimized fertilizer application using GIS-based soil maps, reducing costs by 20% and improving yield consistency [49]. These
maps help farmers allocate resources effectively, ensuring degraded areas receive necessary inputs while conserving resources in
healthy zones. Field heterogeneity is highlighted by these maps, which are useful for managing specific sites and highlighting
variations in soil fertility. They are used for identifying areas for conservation techniques and erodible portions, providing accurate
fertilizer recommendations and determining irrigation schedules based on soil water retention. Large-scale data on crop and soil
conditions is captured via satellite imagery, while drones provide local, high-resolution data for in-depth research. Ground-truth
remote sensors confirm their accuracy.

D. Accurate Fertilizer Administration

Fertilizer application is transformed by smart systems into an accurate and effective procedure that enhances soil health and lessens

its negative effects on the environment.

1) Strategies for nutrient management: Split fertilizer application corresponds nicely with crop growth stages. This reduces waste.

2) Custom blends: To ensure balanced fertilizer application, composition is blended according to field-specific requirements.

3) Micronutrient delivery: This addresses shortages in elements that are essential for crop growth, such as iron, boron, and zinc.
Enablers of Technology GPS-enabled automatic sprayers with flow control. Artificial intelligence systems that can recommend
fertilizer schedules based on crop requirements, soil data, and weather forecasts. For example, precision fertilization systems in
Australian wheat fields improved water quality while maintaining high yields by reducing nitrogen runoff by 30% [50].
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E. Management of Erosion and Compaction

Physical issues with soil health are addressed by smart systems, including compaction and erosion. Fertility is significantly

influenced by both of these.

1) Erosion control solutions: The positioning of buffer strips, contour plowing, and cover crops is guided by GIS-based erosion
risk maps. loT-enabled weather stations forecast when rainfall will increase, allowing farmers to plan their erosion management
strategies.

2) Soil compaction remedy: The bulk density is measured by smart tractors equipped with soil compaction sensors, which also
estimate the level of tillage. The goal of controlled traffic farming (CTF) is to reduce soil compaction caused by machinery by
restricting field traffic lanes. Benefits Sustained fertility depends on root penetration, water infiltration, and microbial activity,
all of which are improved by maintaining soil structure [51].

F. Management of Organic Matter

These support the preservation or enhancement of soil organic matter, which is critical for microbial health, water retention, and
nutrient cycling. Interventions with Technology Drones keep an eye on organic additions, such as charcoal or compost. 10T sensors
track carbon sequestration in fields, including residue retention and low tillage [52]. Quantification of the Benefits of Adding
Organic Matter encourages farmers to use smart solutions for sustainable soil management.

G. Decision Support System Integration

Decision Support Systems are smart systems that use data from various sources like satellite imagery, weather stations, and soil
sensors to provide actionable recommendations on soil fertility and aquaculture management [53]. Al and machine learning
algorithms analyze this data, offering prescriptive guidance. For example, a European vineyard tool optimized fertilizer scheduling,
reducing costs by 20% while maintaining grape quality [54]. DSS tools like Farm Logs and Climate Field View provide detailed
advice on crop and soil conditions.

H. The Advantages of Wise Soil Use for The Environment

Smart systems improve soil fertility and environmental sustainability by minimizing chemical application, preventing water
resource contamination, and managing nutrient levels. For example, potato farms in the Netherlands reduced their carbon footprint
by 25% by adopting smart fertility practices [55]. Renewable energy technologies, such as solar-powered irrigation systems
combined with Al, can further enhance aquaculture and post-harvest operations, ensuring sustainable agricultural practices [56].
These systems align productivity with ecological stewardship, promoting long-term soil health and reducing carbon footprint, while
conserving inputs and reducing greenhouse emissions.

V. CROP YIELD IMPROVEMENT WITH SMARTER AGRICULTURE
One of the most important factors that will raise the world's food demands with less of an impact on the environment and resource
waste is crop yield. 10T, artificial intelligence, robots, and geospatial analytics are just a few of the technology innovations that
smart farming systems incorporate into traditional farming methods. Farmers will benefit from automation, accurate management,
and real-time monitoring to maximize crop health, efficiency, and yield potential. Some of the areas where smart systems increase
crop productivity are listed below:

A. Precision Agriculture

Precision agriculture is a key component of smart farming, enabling the precise and efficient application of inputs like seeds,
fertilizer, and water. It transforms traditional farming practices into data-driven systems, reducing waste and improving productivity.
Variable rate seeding ensures ideal planting density for specific field zones, minimizing crop competition and maximizing
germination [57]. Fertilizer optimization minimizes excess application and prevents environmental harm. Targeted irrigation,
powered by advanced systems and soil moisture sensors, provides accurate watering tailored to plant needs. For example, in the
United States, a corn farmer using variable rate technology reported a 15% increase in yield while reducing fertilizer use by 20%
[58]. Economically, precision agriculture reduces input costs while increasing output, with studies showing up to a 20% vyield
increase and a 15% reduction in input expenses. Use of solar powered aquaponic system [59] alongside farming improves the
operational efficiency as well as sustainability.
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B. Crop Monitoring in Meal Time

loT-enabled devices, drones, and satellite imaging are used in real-time crop monitoring to identify early pressures from diseases,
pests, ripening status and nutritional deficiencies. These technologies use multispectral imaging, which gathers data across multiple
wavelengths, to reveal plant health differences that are invisible to the naked eye. loT-based sensors provide real-time information
on growth conditions, while Al-powered diagnostics analyze anomalies, predict disease outbreaks, and suggest corrective actions.
For example, in India, tea plantations use drones equipped with multispectral cameras to monitor pest infestations, reducing
chemical use by 25% [60]. The integration of cost-effective tools for small-scale farmers could enhance accessibility and broaden
adoption of these technologies [61]. Fig.3, illustrates the integration of 10T devices, drones, and satellite imaging for effective real-
time crop monitoring.

Automation Techniques in Real-Time Crop
Monitoring system

Internet of Things | Embedded System Artificial Machine Learning
ntelligence

Fig. 3 Technology in real time crop monitoring system

C. Advanced Management of Irrigation

Smart irrigation is crucial for efficient water use in drought-prone regions. It uses 10T sensors to deliver water directly to the root
zone, minimizing evaporation and runoff. Weather-integrated systems use soil moisture data and weather forecasts to optimize
irrigation schedules. Automated sprinklers use real-time sensor data to adjust watering schedules. For example, farmers in Israel
have implemented smart drip irrigation systems, reducing water consumption by 40% and increasing crop yields [62]. These
practices conserve water, reduce resource wastage, and create ideal growth conditions for crops. Overall, advanced irrigation
management is essential for ensuring water-efficient agricultural practices.

D. Pest and Disease Management

Smart pest and disease management uses advanced detection, prediction, and control technologies to minimize yield losses and
reduce chemical pesticide use. Remote sensing via drones captures high-resolution images, identifying early signs of disease or pest
activity [63]. 10T traps monitor pest populations and send alerts when intervention thresholds are reached. Precision spraying by
drones applies pesticides only to affected areas, conserving chemicals [64], [65]. Biological controls integrate natural agents into
smart systems for sustainable pest management. For example, in Pakistan, Al-powered systems predict fungal infections, reducing
losses by 30% [66]. Cost comparisons between traditional and smart pest management methods can demonstrate the economic
benefits of these technologies.

E. Crop Forecasting and Managing Yield

Farmers may maximize harvest timing for optimal storage and market planning with accurate yield estimation. Yields could be
accurately estimated in the past when real-time data was input into intelligent systems. Machine learning algorithms forecast crop
production by utilizing historical data, meteorological conditions, and soil health metrics [67]. With the use of multiple vegetation
indices, most notably the Normalized Difference Vegetation Index, it facilitates remote spatial yield prediction. Stem diameter and
leaf area index are evaluated by on-farm sensors to estimate yield. In Australia, wheat farmers using yield prediction tools have
optimized harvest schedules and reduced post-harvest losses by 15% [68]. Advantages improved preparation for the requirement for
machinery and labor. Reduce post-harvest losses by using the best possible transportation and storage improved supply projections
and market strategy.
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F. Robotics and Autonomous Machinery

Automation in farm operations is reshaping the way farmers work. Robotics and autonomous machinery are automating tasks like
picking fruits and vegetables, weeding, and tilling, reducing labor dependency and improving efficiency. For example, strawberry
farms in California have seen an increase in picking efficiency, saving time and reducing labor costs by 20% [69]. These systems
also offer more accuracy and reduce the need for physical labor. Examples include the Harvey Robot, which automates fruit and
vegetable picking with minimal human labor, and the weeding robot, which uses Al to distinguish between crops and weeds, then
mechanically eradicate them or target them with herbicides [70]. Application of automation techniques in food processing
machinery encourages superior production and processing quality [71].

G. Climate-Aware Solutions

Climate-aware solutions are transforming agriculture by reducing risks and increasing resilience. These include drought-resilient
farming, biogenic nanoparticle use for organic farming [72], which selects crops that thrive with limited water supplies, and frost
management systems that send alerts to enable pre-spray of anti-frost agents or crop coverings. Canadian apple orchards use frost
detection systems to prevent losses during unexpected frost events, saving up to $50,000 annually per farm [73]. These technologies
improve productivity even under adverse weather conditions and minimize financial losses caused by climate-related crop failures.
Climate-resilient practices provide appropriate cultivars and assess how various crops will change if conditions change. Drought-
resilient farming chooses crops that thrive with limited water sources while maximizing water use [74]. Smart weather stations send
frost alarms, enabling farmers to pre-spray anti-frost agents or cover crops. Table 2, summarizes the effects of climate change on
plant pests, including shifts in geographical distribution and lifecycle patterns.

Table 2. The effects of climate change on plant pests.

Pest species Region Changes References
European spruce bark Norway Two generations are recorded in [75]
beetle (Istypographies forests instead of one generation per
Linnaeus) year due to warming.

Old world bollworm United Kingdom and | Extension of geographical [76]

(Helicoverpa armigera | the northern edge of distribution from 1969 to 2004.

Hibner) its range in Europe

Oak processionary Central and Southern | Geographical region extension: from | [76]

moth (Thaumetopoea Europe, Belgium, Central and Southern Europe to

processionea Linnaeus) | Netherland. Belgium, Netherlands, and Denmark.

Nun moth (Lymantria | Europe Extension of the northward shift [77]

monacha Linnaeus) distribution range

and the gypsy moth (approximately500-700 km) and

(Lymantria dispar retraction of the southern edge ranges

Linnaeus) by 100-900 km.

Wheat yellow rust Northern Indian state | Emergence of a new pathotype which | [78]

(Puccinia striiformis of Punjab can cause infection in late December

Westend) due to higher temperatures

Phytophthora infestans | Northern Indian state | Local thermal adaptation with [79]
of Punjab invasive behavior linked to increase

aggressiveness

H. Supply Chain Incorporation

Smart systems in agriculture are improving supply chain efficiency and reducing post-harvest losses. 1oT-enabled warehousing
maintains optimal temperature and moisture conditions, while online market platforms connect farmers with consumers. Blockchain
technology can enhance transparency and traceability, ensuring consumer trust and compliance with quality [80]. Colombian coffee
producers use blockchain to verify fair trade practices, increasing consumer confidence and securing premium prices.

2070
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V. CHALLENGES AND LIMITATIONS

Smart agricultural technologies, which have the potential to advance farming techniques, encounter several challenges. High
installation costs, the requirement for modern technologies such as 10T, Al, and robots, and the difficulty of handling the massive
volumes of data created by these systems all pose substantial challenges [81]. Connectivity concerns, especially in rural regions with
limited internet connectivity, impede the real-time operation of 10T devices and cloud-based applications [82]. Integrating smart
systems with legacy equipment is particularly challenging, as most old farming machinery is incompatible with current
technologies. Farmers' lack of technical expertise and training leads to a high learning curve and discourages adoption [83]. Farmers
are also concerned about the ownership and potential abuse of sensitive information, which adds to their uncertainty. Addressing
these challenges is crucial to unlocking the full potential of smart agricultural technologies for sustainable and efficient farming.

VI. PROSPECTS FOR THE FUTURE

With the speed at which technology is developing, this section demonstrates the enormous potential of smart systems to entirely

reshape agriculture. The future of farming lies in the greater integration of technologies like Al, machine learning, 10T, and data

analytics, which promise to improve agricultural yield, soil health, and sustainability. There are several future prospects:

1) Enhanced Al and ML capabilities: Al and ML are expected to play a more prominent role in automating decision-making and
improving predictive capabilities [84]. These advancements will enable farmers to anticipate weather changes, pest outbreaks,
and crop health issues with greater accuracy, ensuring proactive and effective responses.

2) Data integration and advanced analytics: The integration of diverse data sources, including weather forecasts, soil sensors, and
crop health data, will provide a more holistic view of farm operations. Cloud computing and advanced analytics will allow for
more precise and comprehensive farm management strategies [85].

3) Sustainability and regenerative agriculture: Smart systems will support regenerative agricultural practices by analyzing soil
health, optimizing resource use, and reducing environmental impact. Technologies like Al and 10T will help implement
advanced pest management techniques and promote soil conservation, contributing to sustainable farming systems [86].

4) Improved accessibility and affordability: As technology becomes more affordable and accessible, even small-scale farmers will
benefit from smart farming solutions [87]. Efforts to bridge the digital divide and provide training will further democratize the
adoption of these systems.

5) Climate-resilient farming: Smart systems will enhance resilience to climate change by providing tools to mitigate risks such as
droughts, frost, and erratic weather patterns [88]. Farmers will be able to select climate-appropriate crops and adopt adaptive
farming practices to safeguard productivity.

6) Vision for the future: Smart farming systems are poised to shape the agriculture of tomorrow by achieving the dual goals of
increased productivity and environmental sustainability [89]. 3D printing applications in smart farming machinery design [90]
as well as other smart sensors and innovative food items design [91] will enlighten the future of agricultural practices. These
technologies will not only help meet the growing global demand for food but also reduce the strain on natural resources. By
fostering innovation, collaboration, and responsible practices, smart systems will drive a more resilient, efficient, and
sustainable agricultural industry.

VII. CONCLUSION

Smart technology in agriculture has significantly improved crop yield by enhancing efficiency and precision while ensuring
sustainability. Utilizing cutting-edge technologies like robotics, artificial intelligence, the Internet of Things, and GIS tools, these
systems optimize all aspects of the agricultural process, allowing farmers to input precise inputs and make data-driven decisions.
This not only increases yield but also conserves resources like water, fertilizer, and pesticides, benefiting the environment and
economy. Smart technology also increases resilience by providing tools for responding to climate variability and reducing risks of
drought, erratic weather, and insect outbreaks.

Robotics and autonomous equipment reduce human labor, making farming operations more effective and scalable. Climate-smart
solutions and yield prediction algorithms provide farmers with insights to improve planning and productivity. However, widespread
adoption is hindered by implementation costs, technical expertise, and infrastructure accessibility in remote areas. As technology
becomes more accessible and affordable, smart systems will become more integrated into the farming industry, ensuring
environmental sustainability and high output.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | AU



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 12 Issue X1 Dec 2024- Available at www.ijraset.com

REFERENCES

[1] A. Ghosh, A. Kumar, and G. Biswas, “Exponential population growth and global food security: challenges and alternatives,” in Bioremediation of Emerging
Contaminants from Soils, Elsevier, 2024, pp. 1-20. doi: 10.1016/B978-0-443-13993-2.00001-3.

[2] M. Padhiary and R. Kumar, “Assessing the Environmental Impacts of Agriculture, Industrial Operations, and Mining on Agro-Ecosystems,” in Smart Internet
of Things for Environment and Healthcare, M. Azrour, J. Mabrouki, A. Alabdulatif, A. Guezzaz, and F. Amounas, Eds., Cham: Springer Nature Switzerland,
2024, pp. 107-126. doi: 10.1007/978-3-031-70102-3_8.

[3] H. Chaudhry et al., “Evaluating the Soil Quality Index Using Three Methods to Assess Soil Fertility,” Sensors, vol. 24, no. 3, p. 864, Jan. 2024, doi:
10.3390/524030864.

[4] J. M. Bullock et al., “Mapping the ratio of agricultural inputs to yields reveals areas with potentially less sustainable farming,” Sci. Total Environ., vol. 909, p.
168491, Jan. 2024, doi: 10.1016/j.scitotenv.2023.168491.

[5] K. Sharma and S. K. Shivandu, “Integrating artificial intelligence and Internet of Things (10T) for enhanced crop monitoring and management in precision
agriculture,” Sens. Int., vol. 5, p. 100292, 2024, doi: 10.1016/j.sintl.2024.100292.

[6] M. Padhiary, A. K. Kyndiah, R. Kumar, and D. Saha, “Exploration of electrode materials for in-situ soil fertilizer concentration measurement by
electrochemical method,” Int. J. Adv. Biochem. Res., vol. 8, no. 4, pp. 539-544, Jan. 2024, doi: 10.33545/26174693.2024.v8.i49.1011.

[7]1 ©O. Hrynevych, M. Blanco Canto, and M. Jiménez Garcia, “Tendencies of Precision Agriculture in Ukraine: Disruptive Smart Farming Tools as Cooperation
Drivers,” Agriculture, vol. 12, no. 5, p. 698, May 2022, doi: 10.3390/agriculture12050698.

[8] M. Padhiary and R. Kumar, “Enhancing Agriculture Through Al Vision and Machine Learning: The Evolution of Smart Farming,” in Advances in
Computational Intelligence and Robotics, D. Thangam, Ed., IGI Global, 2024, pp. 295-324. doi: 10.4018/979-8-3693-5380-6.ch012.

[91 M. Ayaz, M. Ammad-Uddin, Z. Sharif, A. Mansour, and E.-H. M. Aggoune, “Internet-of-Things (I0T)-Based Smart Agriculture: Toward Making the Fields
Talk,” IEEE Access, vol. 7, pp. 129551-129583, 2019, doi: 10.1109/ACCESS.2019.2932609.

[10] M. Padhiary, P. Roy, P. Dey, and B. Sahu, “Harnessing Al for Automated Decision-Making in Farm Machinery and Operations: Optimizing Agriculture,” in
Advances in Computational Intelligence and Robotics, S. Hai-Jew, Ed., IGI Global, 2024, pp. 249-282. doi: 10.4018/979-8-3693-6230-3.ch008.

[11] M. Raj et al., “A survey on the role of Internet of Things for adopting and promoting Agriculture 4.0,” J. Netw. Comput. Appl., vol. 187, p. 103107, Aug. 2021,
doi: 10.1016/j.jnca.2021.103107.

[12] D. Kumar, S. Shanthakumar, M. Banerjee, and M. S. Hanspal, “loT Based Models in Healthy Natural Resource Management: Healthy Soils for Healthy Food
Productions,” in 10T-Based Models for Sustainable Environmental Management, vol. 227, J. A. Parray, A. K. Haghi, and G. Meraj, Eds., in Lecture Notes on
Data Engineering and Communications Technologies, vol. 227. , Cham: Springer Nature Switzerland, 2024, pp. 211-242. doi: 10.1007/978-3-031-74374-0_11.

[13] Z. Ahmed, D. Gui, G. Murtaza, L. Yunfei, and S. Ali, “An Overview of Smart Irrigation Management for Improving Water Productivity under Climate Change
in Drylands,” Agronomy, vol. 13, no. 8, p. 2113, Aug. 2023, doi: 10.3390/agronomy13082113.

[14] M. Padhiary, “The Convergence of Deep Learning, 10T, Sensors, and Farm Machinery in Agriculture:,” in Designing Sustainable Internet of Things Solutions
for Smart Industries, S. G. Thandekkattu and N. R. Vajjhala, Eds., IGI Global, 2024, pp. 109-142. doi: 10.4018/979-8-3693-5498-8.ch005.

[15] A. Hoque and M. Padhiary, “Automation and Al in Precision Agriculture: Innovations for Enhanced Crop Management and Sustainability,” Asian J. Res.
Comput. Sci., vol. 17, no. 10, pp. 95-109, Oct. 2024, doi: 10.9734/ajrcos/2024/v17i10512.

[16] D. Mhlanga, “Artificial Intelligence and Machine Learning for Sustainable Development Case Studies in Emerging Markets,” in FinTech and Artificial
Intelligence for Sustainable Development, in Sustainable Development Goals Series. , Cham: Springer Nature Switzerland, 2023, pp. 365-385. doi:
10.1007/978-3-031-37776-1_16.

[17] M. Padhiary, D. Saha, R. Kumar, L. N. Sethi, and A. Kumar, “Enhancing Precision Agriculture: A Comprehensive Review of Machine Learning and Al Vision
Applications in All-Terrain Vehicle for Farm Automation,” Smart Agric. Technol., vol. 8, p. 100483, Jun. 2024, doi: 10.1016/j.atech.2024.100483.

[18] P. Delfani, V. Thuraga, B. Banerjee, and A. Chawade, “Integrative approaches in modern agriculture: 10T, ML and Al for disease forecasting amidst climate
change,” Precis. Agric., vol. 25, no. 5, pp. 2589-2613, Oct. 2024, doi: 10.1007/s11119-024-10164-7.

[19] R. M. Hafiyya, J. A. P, N. P A, S. Melethil, N. Mohammed, and M. M. A P, “Al-Enhanced Precision Crop Rotation Management for Sustainable Agriculture,”
in 2024 International Conference on E-mobility, Power Control and Smart Systems (ICEMPS), Thiruvananthapuram, India: IEEE, Apr. 2024, pp. 01-06. doi:
10.1109/ICEMPS60684.2024.10559310.

[20] M. Padhiary and P. Roy, “Collaborative Marketing Strategies in Agriculture for Global Reach and Local Impact,” in Emerging Trends in Food and
Agribusiness Marketing, IGI Global, 2025, pp. 219-252. doi: 10.4018/979-8-3693-6715-5.ch008.

[21] Q. Zheng et al., “Remote Sensing Monitoring of Rice Diseases and Pests from Different Data Sources: A Review,” Agronomy, vol. 13, no. 7, p. 1851, Jul.
2023, doi: 10.3390/agronomy13071851.

[22] S. Gulaiya et al., “Precision Agriculture: Transforming Farming Efficiency with Cutting-edge Smart Technologies: A Comprehensive Review,” J. Exp. Agric.
Int., vol. 46, no. 9, pp. 1126-1138, Sep. 2024, doi: 10.9734/jeai/2024/v46i92909.

[23] J. Shah, S. Kothari, J. Verma, and G. A. Papakostas, “Leveraging ground truth data and GIS technologies for reliable crop analysis and agricultural production
optimization,” Int. J. Inf. Technol., vol. 16, no. 8, pp. 5247-5259, Dec. 2024, doi: 10.1007/s41870-024-02101-8.

[24] A. Vellingiri, R. Kokila, P. Nisha, M. Kumar, S. Chinnusamy, and S. Boopathi, “Harnessing GPS, Sensors, and Drones to Minimize Environmental Impact:
Precision Agriculture,” in Advances in Business Information Systems and Analytics, S. G. Thandekkattu and N. R. Vajjhala, Eds., IGI Global, 2024, pp. 77—
108. doi: 10.4018/979-8-3693-5498-8.ch004.

[25] M. Padhiary, P. Roy, and D. Roy, “The Future of Urban Connectivity: Al and IoT in Smart Cities,” in Sustainable Smart Cities and the Future of Urban
Development, S. N. S. Al-Humairi, A. I. Hajamydeen, and A. Mahfoudh, Eds., IGI Global, 2024, pp. 33-66. doi: 10.4018/979-8-3693-6740-7.ch002.

[26] A. Morales et al., “A Multispectral Camera Development: From the Prototype Assembly until Its Use in a UAV System,” Sensors, vol. 20, no. 21, p. 6129, Oct.
2020, doi: 10.3390/s20216129.

[27] L. Tangand G. Shao, “Drone remote sensing for forestry research and practices,” J. For. Res., vol. 26, no. 4, pp. 791-797, Dec. 2015, doi: 10.1007/s11676-015-
0088-y.

[28] S. Wolfert and G. Isakhanyan, “Sustainable agriculture by the Internet of Things — A practitioner’s approach to monitor sustainability progress,” Comput.
Electron. Agric., vol. 200, p. 107226, Sep. 2022, doi: 10.1016/j.compag.2022.107226.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 |



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 12 Issue X1 Dec 2024- Available at www.ijraset.com

[29] J. M. Tien, “Internet of Things, Real-Time Decision Making, and Artificial Intelligence,” Ann. Data Sci., vol. 4, no. 2, pp. 149-178, Jun. 2017, doi:
10.1007/s40745-017-0112-5.

[30] M. Padhiary, “Status of Farm Automation, Advances, Trends, and Scope in India,” Int. J. Sci. Res. USR, vol. 13, no. 7, pp. 737-745, Jul. 2024, doi:
10.21275/SR24713184513.

[31] M. Padhiary, R. Kumar, and L. N. Sethi, “Navigating the Future of Agriculture: A Comprehensive Review of Automatic All-Terrain Vehicles in Precision
Farming,” J. Inst. Eng. India Ser. A, vol. 105, no. 3, pp. 767-782, Sep. 2024, doi: 10.1007/s40030-024-00816-2.

[32] R. Guebsi, S. Mami, and K. Chokmani, “Drones in Precision Agriculture: A Comprehensive Review of Applications, Technologies, and Challenges,” Drones,
vol. 8, no. 11, p. 686, Nov. 2024, doi: 10.3390/drones8110686.

[33] S. M. Bello, “Digital Transformation in Agribusiness and Agripreneurship,” in Agripreneurship and the Dynamic Agribusiness Value Chain, L. Raimi, O. P.
Olatidoye, and T. F. H. Said, Eds., Singapore: Springer Nature Singapore, 2024, pp. 103-116. doi: 10.1007/978-981-97-7429-6_6.

[34] K. P. Nair, “Soil Fertility and Nutrient Management,” in Intelligent Soil Management for Sustainable Agriculture, Cham: Springer International Publishing,
2019, pp. 165-189. doi: 10.1007/978-3-030-15530-8_17.

[35] A. Na, W. lIsaac, S. Varshney, and E. Khan, “An loT based system for remote monitoring of soil characteristics,” in 2016 International Conference on
Information Technology (InCITe) - The Next Generation IT Summit on the Theme - Internet of Things: Connect your Worlds, Noida: IEEE, Oct. 2016, pp.
316-320. doi: 10.1109/INCITE.2016.7857638.

[36] J. E. Sawyer, “Concepts of Variable Rate Technology with Considerations for Fertilizer Application,” J. Prod. Agric., vol. 7, no. 2, pp. 195-201, Apr. 1994,
doi: 10.2134/jpa1994.0195.

[37] P. A.Burrough, “[No title found],” Environ. Ecol. Stat., vol. 8, no. 4, pp. 361-377, 2001, doi: 10.1023/A:1012734519752.

[38] H. Mishra and D. Mishra, “Al for Data-Driven Decision-Making in Smart Agriculture: From Field to Farm Management,” in Artificial Intelligence Techniques
in Smart Agriculture, S. S. Chouhan, A. Saxena, U. P. Singh, and S. Jain, Eds., Singapore: Springer Nature Singapore, 2024, pp. 173-193. doi: 10.1007/978-
981-97-5878-4_11.

[39] I. F. Garcia-Tejero, R. Carbonell, R. Ordofiez, F. P. Torres, and V. H. Duran Zuazo, “Conservation Agriculture Practices to Improve the Soil Water
Management and Soil Carbon Storage in Mediterranean Rainfed Agro-Ecosystems,” in Soil Health Restoration and Management, R. S. Meena, Ed., Singapore:
Springer Singapore, 2020, pp. 203-230. doi: 10.1007/978-981-13-8570-4_6.

[40] K. Batabyal, “Nutrient Management for Improving Crop, Soil, and Environmental Quality,” in Essential Plant Nutrients, M. Naeem, A. A. Ansari, and S. S.
Gill, Eds., Cham: Springer International Publishing, 2017, pp. 445-464. doi: 10.1007/978-3-319-58841-4_18.

[41] S.S. Kukal, K. L. Khera, and M. S. Hadda, “Soil erosion management on arable lands of submontane Punjab, India: A review,” Arid Soil Res. Rehabil., vol. 7,
no. 4, pp. 369-375, Aug. 1993, doi: 10.1080/15324989309381369.

[42] J. Wu etal., “Physiology of Plant Responses to Water Stress and Related Genes: A Review,” Forests, vol. 13, no. 2, p. 324, Feb. 2022, doi: 10.3390/f13020324.

[43] Y. Wu, Z. Yang, and Y. Liu, “Internet-of-Things-Based Multiple-Sensor Monitoring System for Soil Information Diagnosis Using a Smartphone,”
Micromachines, vol. 14, no. 7, p. 1395, Jul. 2023, doi: 10.3390/mi14071395.

[44] S. Ravikumar, G. Vellingiri, P. Sellaperumal, K. Pandian, A. Sivasankar, and H. Sangchul, “Real-time nitrogen monitoring and management to augment N use
efficiency and ecosystem sustainability—A review,” J. Hazard. Mater. Adv., vol. 16, p. 100466, Nov. 2024, doi: 10.1016/j.hazadv.2024.100466.

[45] Y. Wang, Y. Zhou, H. Ji, Z. He, and X. Shen, “Construction and Application of Artificial Intelligence Crowdsourcing Map Based on Multi-Track GPS Data,”
in 2024 7th International Conference on Advanced Algorithms and Control Engineering (ICAACE), Shanghai, China: IEEE, Mar. 2024, pp. 1425-1429. doi:
10.1109/ICAACE61206.2024.10548953.

[46] D. Shanmugavel, I. Rusyn, O. Solorza-Feria, and S.-K. Kamaraj, “Sustainable SMART fertilizers in agriculture systems: A review on fundamentals to in-field
applications,” Sci. Total Environ., vol. 904, p. 166729, Dec. 2023, doi: 10.1016/j.scitotenv.2023.166729.

[47] L. Ahmad and S. S. Mahdi, Satellite Farming: An Information and Technology Based Agriculture. Cham: Springer International Publishing, 2018. doi:
10.1007/978-3-030-03448-1.

[48] E. Sarauskis et al., “Variable Rate Seeding in Precision Agriculture: Recent Advances and Future Perspectives,” Agriculture, vol. 12, no. 2, p. 305, Feb. 2022,
doi: 10.3390/agriculture12020305.

[49] A. Raihan, “A Systematic Review of Geographic Information Systems (GIS) in Agriculture for Evidence-Based Decision Making and Sustainability,” Glob.
Sustain. Res., vol. 3, no. 1, pp. 1-24, Jan. 2024, doi: 10.56556/gssr.v3i1.636.

[50] U. N. Wiesmann, S. DiDonato, and N. N. Herschkowitz, “Effect of chloroquine on cultured fibroblasts: release of lysosomal hydrolases and inhibition of their
uptake,” Biochem. Biophys. Res. Commun., vol. 66, no. 4, pp. 1338-1343, Oct. 1975, doi: 10.1016/0006-291x(75)90506-9.

[51] P.Di Pietro and R. R. Mahajan, “Erosion Control Solutions with Case Studies,” in Scour- and Erosion-Related Issues, vol. 177, C. N. V. S. Reddy and S. Sassa,
Eds., in Lecture Notes in Civil Engineering, vol. 177., Singapore: Springer Singapore, 2022, pp. 71-94. doi: 10.1007/978-981-16-4783-3_6.

[52] S. Polymeni, D. N. Skoutas, P. Sarigiannidis, G. Kormentzas, and C. Skianis, “Smart Agriculture and Greenhouse Gas Emission Mitigation: A 6G-loT
Perspective,” Electronics, vol. 13, no. 8, p. 1480, Apr. 2024, doi: 10.3390/electronics13081480.

[53] D. Roy, M. Padhiary, P. Roy, and J. A. Barbhuiya, “Atrtificial Intelligence-Driven Smart Aquaculture: Revolutionizing Sustainability through Automation and
Machine Learning,” LatlA, vol. 2, p. 116, Dec. 2024, doi: 10.62486/latia2024116.

[54] V. Tascione, A. Raggi, L. Petti, and G. Manca, “Evaluating the environmental impacts of smart vineyards through the Life Cycle Assessment,” Sci. Total
Environ., vol. 922, p. 171240, Apr. 2024, doi: 10.1016/j.scitotenv.2024.171240.

[55] J.-P. Goffart et al., “Potato Production in Northwestern Europe (Germany, France, the Netherlands, United Kingdom, Belgium): Characteristics, Issues,
Challenges and Opportunities,” Potato Res., vol. 65, no. 3, pp. 503-547, Sep. 2022, doi: 10.1007/s11540-021-09535-8.

[56] D. Kumar, K. Kumar, P. Roy, and G. Rabha, “Renewable Energy in Agriculture: Enhancing Aquaculture and Post-Harvest Technologies with Solar and Al
Integration,” Asian J. Res. Comput. Sci., vol. 17, no. 12, pp. 201-219, Dec. 2024, doi: 10.9734/ajrcos/2024/v17i12539.

[57] E. Sarauskis et al., “Variable Rate Seeding in Precision Agriculture: Recent Advances and Future Perspectives,” Agriculture, vol. 12, no. 2, p. 305, Feb. 2022,
doi: 10.3390/agriculture12020305.

[58] M. Saavoss, T. Capehart, W. McBride, and A. Effland, “Trends in Production Practices and Costs of the U.S. Corn Sector,” 2021, doi:
10.22004/AG.ECON.312954.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 |



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 12 Issue X1 Dec 2024- Available at www.ijraset.com

[59] M. Padhiary, “Harmony under the Sun: Integrating Aquaponics with Solar-Powered Fish Farming,” in Introduction to Renewable Energy Storage and
Conversion for Sustainable Development, vol. 1, AkiNik Publications, 2024, pp. 31-58. [Online]. Available: https://doi.org/10.22271/ed.book.2882

[60] M. S. Mahmud, A. Zahid, and A. K. Das, “Sensing and Automation Technologies for Ornamental Nursery Crop Production: Current Status and Future
Prospects,” Sensors, vol. 23, no. 4, p. 1818, Feb. 2023, doi: 10.3390/s23041818.

[61] M. Padhiary, N. Rani, D. Saha, J. A. Barbhuiya, and L. N. Sethi, “Efficient Precision Agriculture with Python-based Raspberry Pi Image Processing for Real-
Time Plant Target Identification,” Int. J. Res. Anal. Rev., vol. 10, no. 3, pp. 539-545, 2023, doi: http://doi.one/10.1729/Journal.35531.

[62] A. Tal, “Israeli Agriculture—Innovation and Advancement,” in From Food Scarcity to Surplus, Singapore: Springer Singapore, 2021, pp. 299-358. doi:
10.1007/978-981-15-9484-7_9.

[63] N. M. A. EI-Ghany, S. E. A. El-Aziz, and S. S. Marei, “A review: application of remote sensing as a promising strategy for insect pests and diseases
management,” Environ. Sci. Pollut. Res., vol. 27, no. 27, pp. 33503-33515, Sep. 2020, doi: 10.1007/s11356-020-09517-2.

[64] M. Padhiary, S. V. Tikute, D. Saha, J. A. Barbhuiya, and L. N. Sethi, “Development of an I0T-Based Semi-Autonomous Vehicle Sprayer,” Agric. Res., vol.
13, no. 3, Jun. 2024, doi: 10.1007/s40003-024-00760-4.

[65] D. Saha, M. Padhiary, J. A. Barbhuiya, T. Chakrabarty, and L. N. Sethi, “Development of an 10T based Solenoid Controlled Pressure Regulation System for
Precision Sprayer,” Int. J. Res. Appl. Sci. Eng. Technol., vol. 11, no. 7, pp. 2210-2216, 2023, doi: 10.22214/ijraset.2023.55103.

[66] F. Ali, A. Rehman, A. Hameed, S. Sarfraz, N. A. Rajput, and M. Atig, “Climate Change Impact on Plant Pathogen Emergence: Artificial Intelligence (Al)
Approach,” in Plant Quarantine Challenges under Climate Change Anxiety, K. A. Abd-Elsalam and S. M. Abdel-Momen, Eds., Cham: Springer Nature
Switzerland, 2024, pp. 281-303. doi: 10.1007/978-3-031-56011-8_9.

[67] A. Tripathi, R. K. Tiwari, and S. P. Tiwari, “A deep learning multi-layer perceptron and remote sensing approach for soil health based crop yield estimation,”
Int. J. Appl. Earth Obs. Geoinformation, vol. 113, p. 102959, Sep. 2022, doi: 10.1016/j.jag.2022.102959.

[68] A. Clarke et al., “Integrating Climate and Satellite Data for Multi-Temporal Pre-Harvest Prediction of Head Rice Yield in Australia,” Remote Sens., vol. 16, no.
10, p. 1815, May 2024, doi: 10.3390/rs16101815.

[69] R. E. Goodhue, M. Bolda, D. Farnsworth, J. C. Williams, and F. G. Zalom, “Spotted wing drosophila infestation of California strawberries and raspberries:
economic analysis of potential revenue losses and control costs,” Pest Manag. Sci., vol. 67, no. 11, pp. 1396-1402, Nov. 2011, doi: 10.1002/ps.2259.

[70] N. Gupta and P. K. Gupta, “Robotics and Artificial Intelligence (Al) in Agriculture with Major Emphasis on Food Crops,” in Digital Agriculture, P. M.
Priyadarshan, S. M. Jain, S. Penna, and J. M. Al-Khayri, Eds., Cham: Springer International Publishing, 2024, pp. 577-605. doi: 10.1007/978-3-031-43548-
5_19.

[71] M. Padhiary, “Bridging the gap: Sustainable automation and energy efficiency in food processing,” Agric. Eng. Today, vol. 47, no. 3, pp. 47-50, 2023, doi:
https://doi.org/10.52151/aet2023473.1678.

[72] M. Padhiary, D. Roy, and P. Dey, “Mapping the Landscape of Biogenic Nanoparticles in Bioinformatics and Nanobiotechnology: Al-Driven Insights,” in
Synthesizing and Characterizing Plant-Mediated Biocompatible Metal Nanoparticles, S. Das, S. M. Khade, D. B. Roy, and K. Trivedi, Eds., IGI Global, 2024,
pp. 337-376. doi: 10.4018/979-8-3693-6240-2.ch014.

[73] M. S. Haque, D. Akbar, and S. Kinnear, “Tropical Fruit Farmers’ Perceptions on Business Impacts and Adaptation Strategies of Extreme Weather Events,”
SSRN Electron. J., 2022, doi: 10.2139/ssrn.4211465.

[74] K. Li, G. Huang, and S. Wang, “Market-based stochastic optimization of water resources systems for improving drought resilience and economic efficiency in
arid regions,” J. Clean. Prod., vol. 233, pp. 522-537, Oct. 2019, doi: 10.1016/j.jclepro.2019.05.379.

[75] E. Christiansen and A. Bakke, “The Spruce Bark Beetle of Eurasia,” in Dynamics of Forest Insect Populations, A. A. Berryman, Ed., Boston, MA: Springer US,
1988, pp. 479-503. doi: 10.1007/978-1-4899-0789-9_23.

[76] R. P. Durbin, “Letter: Acid secretion by gastric mucous membrane,” Am. J. Physiol., vol. 229, no. 6, p. 1726, Dec. 1975, doi:
10.1152/ajplegacy.1975.229.6.1726.

[77] J.J.J. Falt-Nardmann, T. Klemola, K. Ruohomaki, P. Niemel&, M. Roth, and K. Saikkonen, “Local adaptations and phenotypic plasticity may render gypsy
moth and nun moth future pests in northern European boreal forests,” Can. J. For. Res., vol. 48, no. 3, pp. 265-276, Mar. 2018, doi: 10.1139/cjfr-2016-0481.

[78] D. B. McDonald, R. A. Mclntosh, C. R. Wellings, R. P. Singh, and J. C. Nelson, “Cytogenetical studies in wheat XIX. Location and linkage studies on gene
Yr27 for resistance to stripe (yellow) rust,” Euphytica, vol. 136, no. 3, pp. 239-248, Apr. 2004, doi: 10.1023/B:EUPH.0000032709.59324.45.

[79] N. Mariette et al., “Local adaptation to temperature in populations and clonal lineages of the Irish potato famine pathogen Phytophthora infestans,” Ecol. Evol.,
vol. 6, no. 17, pp. 6320-6331, Sep. 2016, doi: 10.1002/ece3.2282.

[80] E. I. V. Melendez, P. Bergey, and B. Smith, “Blockchain technology for supply chain provenance: increasing supply chain efficiency and consumer trust,”
Supply Chain Manag. Int. J., vol. 29, no. 4, pp. 706-730, Jun. 2024, doi: 10.1108/SCM-08-2023-0383.

[81] K. Shafique, B. A. Khawaja, F. Sabir, S. Qazi, and M. Mustagim, “Internet of Things (IoT) for Next-Generation Smart Systems: A Review of Current
Challenges, Future Trends and Prospects for Emerging 5G-loT Scenarios,” IEEE Access, vol. 8, pp. 23022-23040, 2020, doi:
10.1109/ACCESS.2020.2970118.

[82] M. Padhiary, L. N. Sethi, and A. Kumar, “Enhancing Hill Farming Efficiency Using Unmanned Agricultural Vehicles: A Comprehensive Review,” Trans.
Indian Natl. Acad. Eng., vol. 9, no. 2, pp. 253-268, Feb. 2024, doi: 10.1007/s41403-024-00458-7.

[83] Z. Nigussie et al., “Factors influencing small-scale farmers’ adoption of sustainable land management technologies in north-western Ethiopia,” Land Use
Policy, vol. 67, pp. 57-64, Sep. 2017, doi: 10.1016/j.landusepol.2017.05.024.

[84] M. H. Jarrahi, “Atrtificial intelligence and the future of work: Human-Al symbiosis in organizational decision making,” Bus. Horiz., vol. 61, no. 4, pp. 577-586,
Jul. 2018, doi: 10.1016/j.bushor.2018.03.007.

[85] J. I. Johnraja, P. G. J. Leelipushpam, C. P. Shirley, and P. J. B. Princess, “Impact of Cloud Computing on the Future of Smart Farming,” in Intelligent Robots
and Drones for Precision Agriculture, S. Balasubramanian, G. Natarajan, and P. R. Chelliah, Eds., in Signals and Communication Technology. , Cham:
Springer Nature Switzerland, 2024, pp. 391-420. doi: 10.1007/978-3-031-51195-0_18.

[86] G. Rabha, K. Kumar, D. Kumar, and D. Kumar, “A Comprehensive Review of Integrating Al and 10T in Farm Machinery: Advancements, Applications, and
Sustainability,” Int. J. Res. Anal. Rev., vol. 11, no. 4, 2024.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 |



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 12 Issue X1 Dec 2024- Available at www.ijraset.com

[87] T. Mizik, “Climate-Smart Agriculture on Small-Scale Farms: A Systematic Literature Review,” Agronomy, vol. 11, no. 6, p. 1096, May 2021, doi:
10.3390/agronomy11061096.

[88] S. A. Argyroudis et al., “Digital technologies can enhance climate resilience of critical infrastructure,” Clim. Risk Manag., vol. 35, p. 100387, 2022, doi:
10.1016/j.crm.2021.100387.

[89] M. Javaid, A. Haleem, R. P. Singh, and R. Suman, “Enhancing smart farming through the applications of Agriculture 4.0 technologies,” Int. J. Intell. Netw.,
vol. 3, pp. 150-164, 2022, doi: 10.1016/j.ijin.2022.09.004.

[90] M. Padhiary and P. Roy, “Advancements in Precision Agriculture: Exploring the Role of 3D Printing in Designing All-Terrain Vehicles for Farming
Applications,” Int. J. Sci. Res., vol. 13, no. 5, pp. 861-868, 2024, doi: 10.21275/SR24511105508.

[91] M. Padhiary, J. A. Barbhuiya, D. Roy, and P. Roy, “3D Printing Applications in Smart Farming and Food Processing,” Smart Agric. Technol., vol. 9, p.
100553, Aug. 2024, doi: 10.1016/j.atech.2024.100553.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 |



d lIsRA

ef n\m
cross’ COPERNICUS

10.22214/1JRASET 45,98 IMPACT FACTOR: IMPACT FACTOR:
7.129 7.429

INTERNATIONAL JOURNAL
FOR RESEARCH

IN APPLIED SCIENCE & ENGINEERING TECHNOLOGY

Call : 08813907089 (V) (24*7 Support on Whatsapp)




