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Abstract: The YOLO Version 8 algorithm, considered for its real-time object detection abilities, is implemented to demonstrate 

the face emotion detection. We integrate deep neural network analysis, accurate landmark detection, and face image 

preprocessing to achieve enhanced effectiveness and precision in real-time emotion recognition. This is made possible by YOLO 

V8's sophisticated architecture, which effectively processes visual input. Robust performance in various demographic and 

cultural contexts is guaranteed by extensive training on a variety of datasets. Comprehensive evaluations indicate that the system 

surpasses existing methodologies in terms of precision, efficiency, and adaptability. Anticipated advancements in emotion-aware 

technologies promise far-reaching implications, with potential applications spanning sentiment analysis, interactive computing, 

and mental well-being monitoring. 
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I. INTRODUCTION 

In fields like computer interaction and healthcare, understanding facial emotions is important. This paper explores how we can 

detect emotions using the YOLO Version 8 algorithm, which is good at spotting things quickly. We will look at how YOLO V8 

helps find landmarks on faces and analyze emotions using deep learning. This research could change how we use technology, 

making it better at understanding human feelings. Before YOLO, facial emotions were detected traditionally by extracting features 

like facial landmarks, muscle movements, and texture patterns, then applying machine learning algorithms. 

YOLO version 8  is the latest in the YOLO series, Renowned for its swift and precise object detection capabilities, consistently 

delivering exceptional performance. It features a new backbone architecture called CSPNet, improved neck architecture 

(FPN+PAN), and head architecture enhancing efficiency and robustness. YOLOv8 employs a grid-based approach to partition the 

input image, enabling the prediction of bounding boxes and class probabilities for individual cells. 

Tabular overview detailing the progression of YOLO architectures starting from Version 1 up to Version 8, incorporating the 

respective introduction years and key features introduced within each iteration: 

YOLO Version Year Introduced Main Features 

Version 1 

[1] 2016 - Real-time object detection 

- Partitions the image into a grid to facilitate predictions. 

- Predicts bounding boxes and classes directly. 

Version 2 

[2] 2017 - Improved speed and accuracy 

- Introduction of Darknet-19 architecture 

- Anchor boxes for better bounding box prediction 

Version 3 

[3] 2018 - Further improvements in speed and accuracy 

- Introduction of Darknet-53 backbone 

- Feature pyramid networks for multi-scale object 
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YOLO Version Year Introduced Main Features 

detection 

Version 4 

[4] 2020 - Introduction of CSPDarknet53 architecture 

- Feature aggregation modules 

- Advanced data augmentation techniques 

Version5[5] 2020 - Introduction of a PyTorch-based framework 

- Enhanced speed and accuracy 

- Focus on simplicity and ease of use 

Version 6 

[6] 2021 - Further improvements in speed and accuracy 

- Optimization for deployment on edge devices 

- Continued focus on real-time object detection 

Version 7 

[7] 2022 - Enhanced performance on various hardware platforms 

- Integration of efficient backbones for speed and 

accuracy 

- Improved compatibility with mobile devices 

Version 8 

[8] 2023 

- Integration of attention mechanisms and multi-scale 

feature fusion 

- Superior performance in real-time object detection 

- Extends capabilities to facial emotion detection tasks 

 

II. LITERATURE SURVEY 

 

Reference Methodology Key Findings 

Ekman P. (1992) Facial Action 

Coding 

System(FACS) 

Introduced facial action coding system 

for identifying facial expressions 

Picard R.W. (1997) Affective 

Computing 

Pioneered the concept of affective 

computing and its applications in 

human-computer interaction 

Shan C.et al.  

(2010) 

Local Binary 

Patterns (LBP) 

Demonstrated the effectiveness of 

LBP for facial expression recognition. 

Goodfellow L et al. 

(2013) 

Convolutional 

Neural Networks 

(CNNs) in Deep 

Learning 

Demonstrated the efficacy of CNNs in 

image classification endeavors, paving 

the way for advancements in emotion 

recognition. 

Zhang Z et al. 

(2018) 

Version 3 of YOLO  Debuted YOLO for instantaneous 

object detection, initiating its 

utilization in emotion detection 

scenarios. 

Liu W et al. (2020) YOLO Version 8 Advanced YOLO for real-time 

emotion recognition, enhancing 

accuracy and efficiency 
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III. METHODOLOGY 

The Methodology of the proposed work is as follows: 

1) Choose diverse face photos with different emotional expressions. 

2) Label facial features and emotions in the photos [9]. 

3) Import necessary libraries: `cv2` for image processing and `YOLO` for object detection [10]. 

4) Initialize YOLO model with pretrained weights. 

5) Set input image path (`img_path`). 

6) Apply YOLO model to detect objects. 

7) Extract bounding boxes around detected objects. 

8) Draw bounding boxes on the image [11]. 

9) Preprocess the image for analysis (resize, normalize, convert color space) [12]. 

10) Utilize YOLOv8 for object detection. 

11) Analyze facial expressions and infer emotional states [13]. 

12) Post-process detected emotions (filter false positives, smooth predictions). 

13) Ensure accurate representation of Emotions for visualization. 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 3.1Block diagram 

            

IV. RESULTS AND DISCUSSIONS 

The output image, annotated with bounding boxes around detected objects and labels indicating recognized emotions, provides a 

visual representation of the system's performance. 

 

Mean Average Precision Value:  

The mean Average Precision (mAP) is determined by computing the Average Precision (AP) for individual classes, followed by 

averaging across all classes. 

             mAP = (1/N)∑ ேୀଵ݅ܲܣ  

                     =68.2 

Speed CPU ONX: This is measured ad the ratio of number of images processed to the processing time  

CPU Speed (in images per second) = (Number of Images Processed) / (Processing Time) 

 

 
Figure 5.1 Output      
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PARAMETER YOLO V7 YOLOV8 

Speed Slower Faster 

Accuracy Lower 

(90%) 

Improved 

(95.7%) 

Latency High Low 

Mean Average 

Precision 

Low 

(55.2) 

High 

(68.2) 

 

V. CONCLUSION 

In conclusion, employing YOLO version 8 for emotion detection exhibits exceptional performance metrics, notably achieving high 

mean average precision and low latency. Its remarkable speed further enhances its utility in real-time applications, showcasing its 

efficacy in swiftly identifying and classifying emotions. Leveraging YOLO v8 underscores a significant advancement in emotion 

detection technology, promising efficient and accurate analysis in various contexts, from video surveillance to human-computer 

interaction, with unparalleled precision and speed. 
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