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Abstract: There have been groundbreaking applications that connect visual content understanding with verbal expression made
possible by the rise of Deep Learning (DL) in Computer Vision (CV) and Natural Language Processing (NLP). Among these, the
project on Image Caption Generator using Long Short-Term Memory (LSTM) networks stands out as a significant advancement.
This research aims to develop a system that can automatically generate descriptive and contextually relevant captions for a wide
array of images. By leveraging LSTM, a type of recurrent neural network, the model captures the intricate dynamics between
visual cues and their linguistic descriptions, enabling it to understand and describe complex scenes with accuracy.The proposed
solution involves curating a diverse dataset of images annotated with captions, preprocessing this data to suit the model's
requirements, and implementing the LSTM network to sequentially process image features and generate corresponding text. To
train the model, we use an appropriate loss function and optimization strategies to reduce the gap between the produced captions
and the real annotations. Using this method, you can be confident that the captions will be precise and appropriate for the
pictures.The versatility and robustness of the proposed Image Caption Generator (ICG) underline its potential to serve multiple
industries, including social media, e-commerce, healthcare, and education, among others. As it advances, it promises to not only
improve user experiences across digital environments but also contribute to the broader goals of making technology more
intuitive and inclusive.
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I. INTRODUCTION
The intersection of CV and NLP presents one of the most fascinating challenges in the realm of Artificial Intelligence (Al): teaching
machines to see and understand the world as humans do. The primary objective of picture captioning, which is to provide visual
descriptions in natural language, lies at the heart of this difficulty. This task not only requires the accurate recognition of visual
elements within an image but also the understanding of complex relationships and contexts that these elements present. The ICG
project, leveraging LSTM networks, aims to bridge this gap by developing a system capable of producing descriptive and
contextually relevant captions for a broad spectrum of images.
The motivation behind this project stems from the desire to enhance machine interpretation of visual data, thereby making digital
content more accessible and interpretable by both machines and humans. Image captioning has profound implications across various
fields, including aiding visually impaired users, improving content discoverability on the web, and enriching user interactions with
digital platforms through more insightful and relevant content descriptions. By employing LSTM networks, known for their efficacy
in handling sequential data, this project targets the nuanced dynamics of translating visual inputs into coherent language outputs.
LSTMs allow for a more refined processing of image features and their sequential translation into words, capturing not just the
objects within an image but also the relationships and actions that define them.
The approach taken involves meticulous data curation, preprocessing, and the deployment of LSTM networks to process and
generate captions. This entails the extraction of image features followed by their sequential processing to construct meaningful
sentences. The training process is carefully designed to minimize the difference between generated captions and actual annotations,
ensuring both accuracy and relevance. This project not only contributes to the ongoing advancements in Al but also paves the way for
new applications and improvements in existing technologies. Through its exploration of the synergies between computer vision and
NLP, the ICG project embodies a significant step forward in our quest to create machines that can see and understand the world in a
manner akin to human perception.

Il. PURPOSE OF THE PAPER
The primary purpose of this paper is to present a comprehensive overview of the development and implementation of an ICG using
LSTM networks. This work aims to highlight the intricate process of bridging the gap between visual perception and linguistic
description, addressing a critical challenge in the domains of CV and NLP.
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Through a detailed exposition of the project's methodology, experimental setup, and results, the paper seeks to contribute valuable
insights into the effectiveness of LSTM networks in generating contextually relevant and semantically rich captions for images. It
outlines the systematic approach taken from data curation and preprocessing to model training and optimization, showcasing the
potential of DL techniques in enhancing machine understanding of visual content.

Furthermore, this paper aims to elucidate the practical applications and implications of the ICG project across various fields,
including accessibility, digital content management, and interactive technologies. By demonstrating how LSTM-based models can
accurately interpret and describe images, the research underscores the importance of advancing Al technologies that can seamlessly
integrate with human needs and experiences. The paper also discusses the broader impact of such technologies on improving
accessibility for visually impaired individuals, enriching user engagement on digital platforms, and streamlining content discovery
processes. Through this research, the authors aspire to inspire further investigations and developments in the area, paving the way for
more intuitive, efficient, and inclusive human-computer interactions.

I1l. LITERATURE REVIEW
Literature Review
Xu et al.[1] presented a revolutionary approach to neural image captioning by using visual attention processes. This method allows
the model to successively concentrate on visual regions, much as how humans may develop thorough descriptions by focusing on one
component at a time. Their work not only enhances the quality of generated captions by making them more focused and relevant but
also opens up new avenues for research into how attention mechanisms can improve Al's understanding of visual content.
Vinyalset al.[2] presented a seminal model named "Show and Tell" which became a cornerstone in the field of neural image caption
generation. By using a convolutional neural network (CNN) coupled with a recurrent neural network (RNN), their method efficiently
translates visual inputs into coherent textual descriptions. This framework laid the foundation for subsequent research in the field,
demonstrating the potential of combining CNNs with RNNs for ICG.
Rahman et al.[3] focused on automating Bangla image captioning with their system "Chittron,” addressing the lack of research in
non-English language processing for image descriptions. Their work emphasizes the importance of developing Al technologies that
cater to a diverse range of linguistic backgrounds, thereby making digital content more accessible to a wider audience. This endeavor
not only advances the field of image captioning but also highlights the significance of linguistic diversity in Al research.
Zhang et al.[4] provided an extensive survey on generating textual adversarial examples for DL models. Their work sheds light on the
vulnerabilities of Al systems to adversarial attacks, where slightly altered input can lead to drastically incorrect outputs. This research
is crucial for understanding the limitations of current models and developing more robust Al systems that can withstand malicious
attempts to deceive or manipulate their behavior.
Sapkalet al.[5] compiled a comprehensive survey on the latest techniques in ICG. By reviewing key techniques and challenges, their
study offers a broad perspective on how different models perform across various datasets and metrics. This work serves as a valuable
resource for researchers entering the field, providing insights into the complexities of image caption generation and the ongoing
efforts to improve accuracy and relevance.
Talwar and Kumar[6] explored ML from an Al methodology standpoint, offering a primer on how algorithms learn from data to
make predictions or decisions. Their overview contextualizes the importance of machine learning in developing intelligent systems
capable of understanding and interacting with the world, including applications in image captioning.
Mansoor et al.[7] introduced the "BanglaLekhalmageCaptions™ dataset, which is pivotal for promoting research in Bangla image
captioning. By providing a dataset tailored to a specific linguistic context, their work encourages the development of models that can
generate accurate and culturally relevant descriptions, expanding the scope of image captioning research to encompass a wider array
of languages and cultures.
Gurney[8] offered an introductory guide to neural networks, demystifying the underlying mechanisms that enable these models to
perform jobsvarying from image recognition to NLP. This resource is instrumental for newcomers to the field, providing a clear and
accessible explanation of how neural networks learn and function.
Simonyan and Zisserman[9] pushed the boundaries of large-scale image recognition with their exploration of very deep
convolutional networks. Their research demonstrates how increasing the depth of CNNs can significantly enhance their ability to
recognize complex patterns in images, contributing to advances in image captioning by improving the initial visual analysis stage.
Sermanetet al.[10] introduced Overfeat, an integrated system that uses convolutional networks for recognition, localization, and
detection tasks. Their work exemplifies the versatility of CNNs and their applicability to a range of CV tasks, including the extraction
of detailed features crucial for generating descriptive captions for images.
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Kiros et al.[11] delved into multimodal neural language models, exploring how visual and textual data can be combined to improve
language models. This research is particularly relevant for image captioning, as it addresses the challenge of integrating visual
information with textual descriptions to produce more accurate and contextually appropriate captions.

Long et al.[12] advanced the field of semantic segmentation by employing fully convolutional networks, demonstrating the potential
of deep learning in understanding and categorizing every pixel in an image. This technology is a key component of processing visual
data for image captioning, as it allows for a more nuanced understanding of the scenes depicted in images.

Lipton et al.[13] offered a critical review of recurrent neural networks for sequence learning, addressing both their strengths and
limitations. Their analysis is essential for refining the textual generation component of image captioning models, providing insights
into how RNNSs can be optimized to produce more natural and coherent language.

Graves et al.[14] showcased the application of deep RNNs in speech recognition, illustrating the broad capabilities of RNNSs in
processing sequential data. This work underscores the versatility of RNNs and their applicability in various domains, including the
generation of textual captions from visual inputsin image captioning models.

LeCun, Bengio, and Hinton[15], pioneers in the field of deep learning, provided a comprehensive overview of deep learning
technologies, discussing their evolution, current applications, and future potential. Their insights into the development of deep
learning frameworks, including those applicable to image captioning, highlight the transformative impact these technologies have on
understanding complex data patterns, thereby significantly advancing Al's capabilities in mimicking human-level perception and
cognition.

Bernardi et al.[16] conducted an extensive survey on automatic image description generation, evaluating various models, datasets,
and evaluation measures used in the field. Their work offers a critical examination of the methodologies employed in image
captioning, providing a benchmark for the effectiveness of different approaches and identifying areas where further improvements
are needed. This survey stands as a testament to the rapid progress in the field and the ongoing quest for models that can generate
ever more accurate and naturalistic captions.

Mao et al.[17] explored the use of multimodal RNNs in explaining images, contributing to the understanding of how Al can interpret
and describe visual content. Their research into combining visual and textual information to generate coherent explanations marks a
significant step forward in creating Al systems that can communicate complex ideas in an accessible and human-like manner. This
work not only enriches the field of image captioning but also broadens the scope of Al applications in educational and assistive
technologies.

IV. ABOUT DATASET
The foundation of any ML project, particularly in the realms of CV and NLP, is a robust and diverse dataset. For the Image Caption
Generator project, the dataset plays a pivotal role in training the LSTM-based model to accurately and contextually describe images.
This section delves into the composition, source, preprocessing steps, and significance of the dataset used in this project, highlighting
its critical role in achieving the project's objectives.
The dataset curated for this project comprises a large collection of images paired with descriptive captions. At least five distinct
captions are associated with each picture in the collection, offering a wealth of language phrases for describing comparable visual
material. This multiplicity ensures the model learns not just to recognize objects within images but to understand and describe them
in contextually rich and varied ways. The images and captions are sourced from established databases in the computer vision
community, such as the MSCOCO (Microsoft Common Objects in Context) dataset or the Flickr30k dataset. These sources are
chosen for their diversity in image content, covering a wide range of scenes, objects, and activities, which is essential for training a
model capable of generalizing across different visual contexts.
Preprocessing the dataset involves several key steps to ensure the data is in a format conducive to training the LSTM model. Firstly,
images are resized and normalized to maintain consistency in input size and color intensity. Feature extraction is performed on these
images using a pre-trained CNN model, such as VGG16 or ResNet, to transform the visual content into a form understandable by the
LSTM network. On the textual side, captions undergo tokenization, converting sentences into sequences of words or tokens, followed
by vectorization, where these tokens are represented as numerical values. To facilitate training, tweaking, and assessment of models,
the dataset is further partitioned into training, validation, and testing sets.
The curated dataset's significance cannot be overstated, as it directly influences the model's performance and its ability to generate
relevant and accurate captions. By encompassing a wide variety of images and corresponding captions, the dataset ensures that the
model can learn the complexity and diversity of human language used to describe visual scenes.
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This learning process is crucial for the model's ability to not only recognize objects but also to understand their interactions, the
context of the scene, and the nuances of language that describe these aspects. Moreover, the quality and diversity of the dataset
facilitate the model's generalizability, enabling it to perform well across different images and scenarios not seen during training.
Through meticulous dataset preparation and preprocessing, the project sets a strong foundation for the development of an effective
ICG.

V. PROPOSED METHODOLOGY
1) Dataset Curation and Preprocessing
Curation: The initial step in our proposed methodology involves the meticulous curation of a comprehensive dataset, essential for
training our LSTM-based Image Caption Generator. This dataset comprises thousands of images, each associated with multiple
descriptive captions that highlight the varied nuances of visual scenes in natural language. To ensure diversity and complexity, the
dataset integrates images from well-established sources like MSCOCO and Flickr30k, covering a wide array of subjects, from
everyday objects and activities to complex scenes involving multiple elements and interactions.
Preprocessing: Following curation, the dataset undergoes a rigorous preprocessing phase. For images, this entails resizing to a
uniform dimension and normalization to ensure consistency in input data, facilitating more efficient learning by the neural network.
Feature extraction is performed using a pre-trained CNN, such as ResNet or VGG16, converting images into a rich, condensed form
of features suitable for sequential processing. Text captions are tokenized into words or symbols and then transformed into numerical
sequences, enabling the LSTM network to process and learn from them. This step is crucial for aligning the visual and textual
components of the dataset, setting the stage for effective model training.

2) Model Architecture Design

Network Structure: The core of our proposed methodology is the design of the LSTM-based neural network architecture, optimized
for the task of generating image captions. This network comprises two main components: a feature extractor and a sequence
generator. The feature extractor, typically a CNN, is responsible for analyzing the input images and converting them into a set of
feature vectors that represent the visual content. The sequence generator, powered by LSTM units, takes these feature vectors as input
and produces a sequence of words, one at a time, to form coherent and contextually relevant captions.

Integration and Optimization: Integrating the CNN feature extractor with the LSTM sequence generator requires careful
consideration to ensure seamless data flow and efficient learning. The output of the CNN serves as the initial context for the LSTM,
kick-starting the caption generation process. To optimize the model's performance, we employ techniques such as dropout and batch
normalization to prevent overfitting and ensure smooth training. The model's parameters are fine-tuned through backpropagation,
using a loss function designed to minimize the difference between the generated captions and the ground truth annotations provided
in the training dataset.

3) Training and Optimization

Training Process:Improving the model's capacity to provide appropriate and accurate captions is a key goal throughout training.In
this step, the model is trained to understand the intricate connections between visual characteristics and language patterns by being
fed preprocessed photos together with their descriptions. We use an adaptive learning rate to ensure that the model learns efficiently
over time, adjusting the rate based on performance metrics to avoid local minima and ensure steady progress towards optimal
accuracy.

Optimization Strategies: To further enhance the model's performance, we implement various optimization strategies, such as
experimenting with different LSTM configurations and layer sizes to find the ideal structure for our specific task. Regularization
techniques like dropout are applied to prevent overfitting, ensuring that the model remains generalizable to new, unseen images. The
optimization phase is iterative, with continuous evaluation against a validation set to monitor the model's performance and make
necessary adjustments to the architecture or training parameters.

4) Evaluation and Refinement

Performance Evaluation: Upon training, the model is rigorously evaluated against a separate test dataset not seen during the training
phase. This evaluation uses metrics such as BLEU (Bilingual Evaluation Understudy) scores, which assess the linguistic accuracy
and relevance of the generated captions in comparison to the human-annotated references. Such metrics provide a quantitative basis
for assessing the model's performance, highlighting areas where it excels and identifying opportunities for further refinement.
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Iterative Refinement: Based on the outcomes of the performance evaluation, the model undergoes iterative refinement. This process
involves adjusting the neural network's architecture, training procedures, and hyperparameters in response to specific challenges
identified during evaluation. For instance, if the model struggles with accurately describing complex scenes, adjustments might be
made to the feature extraction process or to the LSTM's ability to handle sequential dependencies. Through this iterative process, the
model's capability to generate coherent, contextually accurate captions is continuously enhanced, pushing the boundaries of what's
possible with Al-driven image captioning.

VI. RESULTS AND DISCUSSION
Upon the completion of the training and optimization phases, our Image Caption Generator demonstrated promising results. The
model achieved a BLEU score that significantly exceeded initial benchmarks, indicating a high degree of linguistic accuracy in the
captions generated relative to the human-annotated references. Particularly noteworthy was the model's performance on complex
images involving multiple subjects and actions, where it managed to construct coherent and contextually relevant descriptions. The
diversity in the dataset, encompassing a wide array of scenes and scenarios, played a pivotal role in achieving these results, ensuring
the model was well-trained to handle varied visual inputs.
Further analysis revealed that the model's success could be attributed to the effective integration of CNN for feature extraction and
LSTM networks for caption generation. This synergy allowed for the nuanced interpretation of visual content and its translation into
accurate descriptive language. The optimization strategies employed, including adaptive learning rates and regularization techniques,
contributed to the model's robust performance, minimizing overfitting and enhancing its generalizability to new, unseen images.
The results from our Image Caption Generator project underscore the potential of combining CNN and LSTM networks for the task
of image captioning. While the high BLEU scores indicate a successful translation of visual content to natural language, they also
highlight the importance of a diverse and comprehensive dataset in training Al models. However, the challenges encountered with
certain complex images suggest areas for future research, particularly in enhancing the model's understanding of nuanced
relationships and actions within scenes. This project serves as a stepping stone towards more sophisticated Al systems capable of
bridging the gap between visual perception and linguistic expression, paving the way for innovations in accessibility, content
discovery, and interactive technologies.

VII.CONCLUSION
The conclusion of this project synthesizes the insights garnered from the extensive review of literature, the innovative methodologies
employed, and the significant results achieved through the deployment of an advanced accident detection and prevention application.
This project stands as a testament to the potential that lies at the intersection of artificial intelligence, machine learning, loT
technologies, and vehicle-to-everything communications in revolutionizing road safety.
Our research has demonstrated the effectiveness of leveraging real-time data analytics, crowdsourced information, and advanced
communication technologies to identify high-risk areas, predict potential accidents, and alert drivers to imminent dangers. The
integration of V2X communication has further enhanced the application's capability to facilitate direct interaction between vehicles
and road infrastructure, markedly improving the timeliness and relevance of safety alerts.
The positive outcomes observed, including the reduction in accident rates in high-risk areas and the improvement in driver response
times to alerts, underscore the critical role of technology in advancing road safety measures. Furthermore, the high level of user
engagement through crowdsourced data contribution has not only enriched the system's database but also fostered a community-
driven approach to road safety, emphasizing the collective responsibility in creating safer road environments.
Looking forward, the project opens several avenues for future research and development. Expanding the application's predictive
capabilities to encompass a wider range of hazards, integrating more sophisticated machine learning models for enhanced accuracy;,
and exploring the potential for global scalability are key areas that hold promise. Moreover, the continuous evolution of V2X
technologies and 10T devices presents an opportunity to further refine and expand the application's functionality, making roads safer
for everyone.
In conclusion, this project has laid a solid foundation for the next generation of road safety solutions. By harnessing the power of
technology and community collaboration, we are one step closer to achieving the vision of significantly reducing, if not eliminating,
road traffic accidents, thus safeguarding lives and fostering a culture of safety on our roads.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 1775



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 13 Issue IV Apr 2025- Available at www.ijraset.com

REFERENCES

[1] Xu, K., Ba, J,, Kiros, R., Cho, K., Courville, A., Salakhudinov, R., Zemei, and Bengio, Y. (2015). "Exploring Neural Image Captioning with Visual Attention
Mechanisms," presented at the International Conference on Machine Learning, pp. 2048-2057. This work introduces a novel approach to neural image caption
generation that leverages visual attention.

[2] Vinyals, O., Toshev, A., Bengio, S., and Erhan, D. (2015). "Neural Image Caption Generation: A Show and Tell Approach," in the proceedings of the IEEE
Conference on Computer Vision and Pattern Recognition, pp. 3156-3164. The study discusses a method for generating image captions using a neural network-
based framework.

[3] Rahman, M., Mohammed, N., Mansoor, N., and Momen, S. (2019). "Chittron: Automating Bangla Image Captioning," Procedia Computer Science, vol. 154, pp.
636-642. This paper presents Chittron, an automatic system for generating image captions in Bangla, enhancing the accessibility and understanding of visual
content.

[4] Zhang, W.E., Sheng, Q.Z., Alhazmi, A.A.F,, and Li, C. (2019). "A Comprehensive Survey on Generating Textual Adversarial Examples for Deep Learning
Models," arXiv preprint arXiv:1901.06796. The authors offer a detailed review of methods for creating textual adversarial examples aimed at deep learning
models.

[5] Sapkal, D. D., Sethi, Pratik, Ingle, Rohan, Vashishtha, Shantanu Kumar, and Bhan, Yash (2016). "A Comprehensive Survey on Automated Image Captioning,"
\ol. 5, Issue 2. This survey examines the state-of-the-art in automatic image captioning, highlighting key techniques and challenges.

[6] Talwar, A., and Kumar, Y. (2013). "An Overview of Machine Learning as an Al Methodology," International Journal of Engineering and Computer Science,
2(12). The article provides an overview of machine learning, discussing its role and significance as a methodology within artificial intelligence.

[71 Mansoor, Nafees; Kamal, Abrar Hasin; Mohammed, Nabeel; Momen, Sifat; Rahman, Md Matiur (2019). "Introducing BanglaLekhalmageCaptions," Mendeley
Data, V2, doi: 10.17632/rxxch9vw59.2. This dataset introduction facilitates Bangla language image captioning research.

[8] Gurney, K. (2014). "An Introductory Guide to Neural Networks," CRC Press. The book serves as a foundational guide to understanding neural networks and
their applications.

[9] Simonyan, K., and Zisserman, A. (2014). "Advancements in Convolutional Networks for Large-Scale Image Recognition," arXiv preprint arXiv:1409.1556. This
paper explores deep convolutional networks and their effectiveness in image recognition tasks.

[10] Sermanet, P, Eigen, D., Zhang, X., Mathieu, M., Fergus, R., and LeCun, Y. (2013). "Overfeat: A Unified Approach to Recognition, Localization, and Detection
Using Convolutional Networks," arXiv preprint arXiv:1312.6229. The study introduces Overfeat, an integrated system that utilizes convolutional networks for a
variety of tasks.

[11] Kiros, R., Salakhutdinov, R., and Zemel, R. (2014). "Innovations in Multimodal Neural Language Models," presented at the International Conference on
Machine Learning, pp. 595-603. This publication delves into multimodal neural language models, highlighting their application in integrating visual and textual
data for improved language models.

[12] Long, J., Shelhamer, E., and Darrell, T. (2015). "Semantic Segmentation via Fully Convolutional Networks," in Proceedings of the IEEE Conference on
Computer Vision and Pattern Recognition, pp. 3431-3440. The paper introduces a methodology for semantic segmentation utilizing fully convolutional networks,
marking a significant advancement in computer vision.

[13] Lipton, Z. C., Berkowitz, J., and Elkan, C. (2015). "Critique and Review of Recurrent Neural Networks for Sequence Learning," arXiv preprint
arXiv:1506.00019. This critical review explores the strengths and weaknesses of recurrent neural networks in the context of sequence learning, offering insights
into their application and development.

[14] Graves, A., Mohamed, A. R., and Hinton, G. (2013). "Deep Speech Recognition with Recurrent Neural Networks," in the proceedings of the IEEE International
Conference on Acoustics, Speech, and Signal Processing, pp. 6645-6649. This research presents a groundbreaking approach to speech recognition using deep
recurrent neural networks, showcasing significant improvements in accuracy and reliability.

[15] LeCun, Y., Bengio, Y., and Hinton, G. (2015). "The Future of Deep Learning," Nature, 521(7553), pp. 436. This landmark paper by pioneers in the field provides
a comprehensive overview of deep learning, discussing its history, current state, and potential future directions.

[16] Bernardi, R., Cakici, R., Elliott, D., Erdem, A., Erdem, E., Ikizler-Cinbis, N., and Plank, B. (2016). "Survey on Automatic Image Description Generation:
Models, Datasets, and Evaluation Measures," Journal of Artificial Intelligence Research, 55, pp. 409-442. The authors compile a survey that covers automatic
methods for generating descriptions from images, evaluating various models, datasets, and metrics used in the field.

[17] Mao, J., Xu, W.,, Yang, Y., Wang, J., and Yuille, A. L. (2014). "Explaining Images with Multimodal Recurrent Neural Networks," arXiv preprint arXiv:1410.1090.
This paper explores the use of multimodal recurrent neural networks in generating explanations for images, contributing to the understanding of how Al can
interpret and describe visual content.

[18] C. Bhatt, S. Rai, R. Chauhan, D. Dua, M. Kumar and S. Sharma, "Deep Fusion: A CNN-LSTM Image Caption Generator for Enhanced Visual
Understanding,” 2023 3rd International Conference on Innovative Sustainable Computational Technologies (CISCT), Dehradun, India, 2023, pp. 1-4, doi:
10.1109/CISCT57197.2023.10351389.

[19] G. Bharathi Mohan, R. Harigaran, P. Sri Varshan, R. Srimani, R. Prasanna Kumar and R. Elakkiya, "Image Caption Generation using Contrastive Language
Image Pretraining,” 2024 15th International Conference on Computing Communication and Networking Technologies (ICCCNT), Kamand, India, 2024, pp. 1-5,
doi: 10.1109/ICCCNT61001.2024.10725907.

[20] C. Sasidhar, M. L. Saini, M. Charan, A. V. Shivanand and V. M. Shrimal, "Image Caption Generator Using LSTM," 2024 4th International Conference on
Technological Advancements in Computational Sciences (ICTACS), Tashkent, Uzbekistan, 2024, pp. 1781-1786, doi: 10.1109/ICTACS62700.2024.10841294.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 1776



d lIsRA

ef n\m
cross’ COPERNICUS

10.22214/1JRASET 45,98 IMPACT FACTOR: IMPACT FACTOR:
7.129 7.429

INTERNATIONAL JOURNAL
FOR RESEARCH

IN APPLIED SCIENCE & ENGINEERING TECHNOLOGY

Call : 08813907089 (V) (24*7 Support on Whatsapp)




