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Abstract: In today's highly competitive job market, effective interview preparation is essential. Conventional mock interviews
often lack the ability to provide detailed, personalized feedback, which can hinder a candidate’s readiness for specific job roles.
Our Al-powered Mock Interview Platform bridges this gap by leveraging advanced Machine Learning (ML) and Natural
Language Processing (NLP) technologies to simulate realistic, domain-specific interview scenarios. The system captures video,
audio, and relevant data, employing sophisticated preprocessing techniques such as noise reduction. Using Convolutional
Neural Networks (CNN) for video analysis and NLP for text evaluation, the platform assesses facial expressions, speech
patterns, and technical responses. By extracting key features related to emotional states and technical proficiency, it delivers
comprehensive, real-time feedback on a candidate’s problem-solving approach, communication skills, and overall body
language. This Al-driven system empowers candidates by enhancing their confidence and improving their ability to perform
under pressure. By offering structured insights and targeted feedback, the platform serves as a cutting-edge tool for job interview
preparation, equipping users with the technical and interpersonal skills required to excel in today’s dynamic job landscape.
Keywords: Artificial Intelligence, Convolutional Neural Network, Gemini APIl, Machine Learning, Natural Language
Processing

L. INTRODUCTION
The rapid advancement of artificial intelligence (Al) has greatly influenced education and professional development, particularly in
job interview preparation. Al’s ability to enhance candidates' readiness and performance makes it a valuable tool. This paper
introduces an innovative Al-driven mock interview system that simulates real-world interviews and provides personalized feedback.
The platform uses Al to generate job-specific questions tailored to the user’s target role. It goes beyond basic Q&A by analyzing
responses across multiple dimensions. Emotional states—such as confidence, anxiety, or uncertainty—are detected, while speech
patterns, body language, and other non-verbal cues are assessed to evaluate overall confidence and interview presence.
For role-specific preparation, Natural Language Processing (NLP) is used by the system to generate domain-specific questions.
Web scraping gathers up-to-date interview questions from public resources. Convolutional Neural Networks (CNNSs) interpret
facial expressions to assess emotional responses like fear or stress, while voice recognition technology analyzes verbal responses to
evaluate speaking patterns and confidence. The platform offers comprehensive feedback on both technical knowledge and
communication skills to help candidates improve. Users can take mock interviews as many times as they want. Each interview is
recorded and users can identify strengths and weaknesses, and gain the confidence needed to approach interviews effectively. This
platform bridges the gap between theoretical knowledge and practical application, offering job seekers a critical tool for today’s
competitive market.

Il.  BACKGROUND
Al-driven mock interview evaluators help candidates improve their interview abilities using advanced technologies. These systems
generally evaluate candidates based on three primary aspects: emotions, confidence, and knowledge. For example, the
EmoConfident Interviewer applies a deep learning CNN algorithm to analyze facial expressions for emotional evaluation, while
voice recognition methods assess confidence through speech patterns [1][2]. Likewise, the Al-Based Mock Interview Behavioral
Recognition Analyst utilizes real-time social cue analysis, including facial expressions and speech speed, to offer detailed feedback
on candidates’ performance [3].
Al-powered mock interviewers enable personalized interview preparation. The system extracts resume information to generate
tailored interview questions [4]. This paper introduces an Al-driven mock interview evaluator designed to effectively analyze
candidate responses in a simulated interview environment. By integrating machine learning algorithms and natural language
processing techniques, the system provides instant feedback, enhancing the interview experience and offering meaningful insights
for self-improvement [5].
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When preparing for mock interviews, candidates often need to use multiple platforms for comprehensive practice. This platform
offers a single solution with a variety of features, including updated questions, video-based responses, and constructive feedback. It
helps identify candidates’ strengths and weaknesses [6]. As many companies now conduct interviews online, this platform proves
beneficial for students [7].

During the COVID-19 period, the platform played a crucial role in assisting candidates with interview preparation [8]. The system
is used in many regions of the world [9]. The primary challenge addressed by the Al-driven mock interview system is delivering
accurate feedback based on emotions and confidence levels during mock sessions. The advancement of deep learning models and
machine learning frameworks has significantly contributed to the development of Al-based mock interview evaluation systems [10].
The mock interview platform aims to connect theoretical knowledge with real-world application. It can analyze facial expressions
and grammar. Convolutional Neural Network (CNN) algorithms, Natural Language Processing (NLP), web scraping, and Python
libraries can be effectively utilized to develop Al-driven mock interview systems [11].

The system incorporates facial recognition, emotion detection, sentiment analysis, speech recognition, and text preprocessing to
assess both behavioral and technical skills of candidates. This platform helps streamline the interview process [12][13]. It also
enables smile detection, eye gaze tracking, blink detection, and head movement analysis to evaluate candidates' behavioral aspects
[14].

The platform demonstrates the potential for automated assessment of skills, qualifications, and personality traits, leading to more
objective and data-driven hiring decisions. By leveraging artificial intelligence and machine learning, the project facilitates
personalized interviews, customizing questions and evaluations based on an individual’s background, experience, and job
requirements [15].

Below are some references used for gap analysis only few are mentioned.

TABLE 1. FEATURE SURVEY

Sr. No Published year Accuracy Focused features

[13] 2021 75% Deep learning, Personality traits, Emotion
analysis, Head movement, Eye gaze, Smile
analysis

[5] 2024 Not mentioned | Audio, NLP

[2] 2023 Not mentioned | Emotion, confidence, knowledge based

[7] 2024 Not mentioned | Happiness, surprise, sadness, anger

[6] 2024 84% Facial expression

TABLE 2. BROAD SURVEY

SR. Findings Technique Used Future scope
NO

Used speech to text API offered by Google Cloud Deep learning, Personality|Suggest  questions  to
[13] |platform. Smile analysis using two CNN models. Head [traits, Emotion analysis, Head[interviewer on based on
detection using YOLO and head movement detection  [movement, Eye gaze, Smile|facial behaviour

using CNN regression model analysis

[6] [Selection between video and audio interviews. Focused on more facial
Comparing their performance in the current interview |Artificial Intelligence, Mock|expression and enhanced
with previous interviews. Evaluator, CNN, Pydub |accuracy

[2] [Paper focusses on platform that would play intermediatelDeep learning CNN mode is|Feedback based interview
role between interviewer and preparation mode used

[7]1 [Paper focuses on M L Algorithms to analyze candidate]CNN, RNN \Web based model

intelligence related to emotional and communication. It
uses CNN, RNN

[6] [Paper focusses on Al driven audio and video analysis|ICNN,LSTM, SVR Provide smart coding
which provide feedback to candidate based on real time| paltform
perfromance

This approach ensures a fair and unbiased evaluation process, reducing human biases in traditional interviews. Additionally, the
system continuously improves through data analysis, refining its ability to assess candidates effectively over time.
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I1l.  OBJECTIVES OF THE STUDY
1) Assess and analyze users' emotions and confidence levels.
2) Provide tailored and in-depth feedback to support user growth and development.
3) Create up-to-date, role-specific interview questions.
4) Leverage advanced technologies like video analysis and Artificial Intelligence.

V. RESEARCH METHODOLOGY
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Figure 1. System architecture

The proposed Al-powered mock interview platform utilizes cutting-edge technologies to replicate and assess interview scenarios
efficiently. It is designed to offer real-time, comprehensive feedback based on a candidate’s performance.

A. User Login
Candidates or interviewers log in by selecting their role, preferred language, and experience level, allowing for a personalized
interview session.

B. Interview Initiation
Live Data Capture: The system begins the mock interview by capturing real-time video and audio inputs. This enables a dynamic
assessment of both verbal and non-verbal communication aspects.

C. Feature Extraction Tools

Facial Expression Recognition: Nonverbal cues such as facial expressions indicate emotions like confidence, stress, or engagement.
Detecting these expressions helps candidates understand how they present themselves. Tool used is OpenCV with Dlib for facial
landmark tracking and emotion recognition models like FER (Facial Expression Recognition).

D. Hand Gesture Recognition
Hand movements contribute to body language awareness, helping candidates refine their nonverbal communication. Tool used are
Mediapipe (Google) or OpenCV for real-time hand movement detection and tracking.

E. Audio Processing

Voice Analysis: Analyzing speech tone, speed, and clarity provides insight into communication effectiveness, detecting confidence,
hesitation, or nervousness.

Tool: Librosa (Python) for voice feature extraction (pitch, intensity, etc.), PyDub, or Speech Recognition for speech-to-text
conversion.

F. Text Processing: NLP Algorithms

Answer Analysis: Constructing relevant and coherent responses is crucial in interviews. NLP techniques evaluate spoken and
written answers in terms of content, structure, and relevance. Tool used is SpaCy or HuggingFace Transformers for NLP tasks, with
BERT (Bidirectional Encoder Representations from Transformers) used for advanced semantic analysis.
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G. Video Processing: CNN-Based Evaluation

Nonverbal Behavior Analysis: Video processing helps assess key behavioral cues, such as facial expressions, eye movements, and
posture, which are crucial for assessing a candidate’s emotional state.

Tool: Convolutional Neural Networks (CNNs) implemented via TensorFlow or PyTorch for real-time frame processing. Pre-trained
models like VGGFace assist with facial expression analysis, while customized CNN models handle gesture recognition and other
video-based tasks.

H. Database: Performance Tracking
Progress Monitoring: The system stores, tracks, and compares a candidate’s performance metrics against previous records and
benchmarks, identifying strengths and areas needing improvement.

I.  Result Display
Comprehensive Feedback: The platform provides detailed reports highlighting performance strengths and offering actionable
recommendations for skill enhancement.

V.  ANALYSIS AND DISCUSSION

The Al-powered mock interview platform provides an interactive and customized interview experience. Candidates are presented

with job-specific questions and can record their responses in a simulated environment. By gathering details such as job role,

technical expertise, and years of experience before starting, the system personalizes the interview session.

After the mock interview, candidates receive detailed feedback, including answer ratings and constructive suggestions for

improvement. This feedback highlights strengths and areas needing refinement, helping candidates understand their weaknesses and

improve their performance. The system creates a low-pressure, flexible environment where users can practice and receive objective,

data-driven insights, enhancing their interview preparation process.

Key Outcomes of the Al-Based Mock Interview Platform :

1) Improved Candidate Performance: Candidates who practiced using the platform demonstrated enhanced verbal and non-verbal
communication skills, reduced nervousness, and increased confidence in real interviews.

2) Comprehensive Feedback: The platform evaluates both  technical and behavioral aspects, including knowledge,
emotional state, confidence level, and body language, providing a holistic assessment of performance.

3) Real-Time Analysis: The system successfully captures and processes video and audio data in real time, assessing facial
expressions, voice tone, and hand gestures to provide immediate feedback.

4) Knowledge Validation: Web scraping tools integrated into the system ensure that answers are evaluated based on the latest
industry trends, keeping the feedback relevant and up to date.

5) Progress Tracking: The system stores past interview sessions and allows candidates to track their improvement over time,
helping them focus on areas that require further development.

This Al-driven platform significantly enhances interview preparedness, offering candidates a structured, data-backed approach to

refining their skills before real-world job interview

Tellus more about your job interviewing
b o yaces i

b pstion/cle, Job descriptc

Figure. 2. User Input Interface
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VL. PERFORMANCE MESURING PARAMETER
A. Psychological and Emotional Analysis
Parameters: Facial expressions, speech patterns, and voice tone. Tools used are OpenCV with Dlib — Facial landmark
detection.FER (Facial Expression Recognition) — Emotion analysis.PyDub — Audio processing for voice tone evaluation.
Congratulation!
e ey s s i S

What is the difference between “==" and “equals()" in Java? <

Rating: 3/ 5

equal to equ
turn

Correct Answer: *==" compares s, while "equals()* compares the actual content of objects.

Feedback: The answer is mostly correct but lacks clarity and organization. The explanation could be more concise and focus on the fundamental
difference: *==" compares object references, while "equals()' compares object content. The example about String pool is not the primary
difference. To improve, rephrase the explanation focusing on reference vs content comparison, and perhaps use a simpler example to illustrate
the point.

Figure. 3. User Input Interface

B. Domain Knowledge and Answer Accuracy Assessment
Parameters: Relevance, structure, and correctness of responses to job-specific questions. Tools used are SpaCy, HuggingFace
Transformers, BERT — NLP-based semantic analysis for answer evaluation.

C. Non-Verbal Communication and Body Language Analysis
Parameters: Hand gestures, eye movements, posture, and clarity of speech. Toola used are Mediapipe — Gesture and motion
detection. TensorFlow/PyTorch (CNN-based analysis) — Real-time video processing for body language assessment.

D. Instant Al-Powered Feedback Mechanism
Parameters: Timeliness and relevance of feedback during the mock interview. Techniques used are Convolutional Neural Networks
(CNNs) — Live video analysis for real-time feedback.

E. Performance Monitoring and Continuous Improvement

Parameters considered are Skill development over multiple interview sessions, focusing on both technical and behavioral aspects.
Techniques used are Historical Data Comparison — Tracking individual progress over time. Benchmarking Metrics — Providing
insights based on past performance trends.

Congratulations

Please go through your inferview foedback

Confidence Analysis

Fmaotion Distribution

Explln o cncarshontng of s Sofwra Daakgamind L Cyck (SDLC) on 8 QA rla it

etcrbn oue expariance with Salanhn ond s 2 n domotes esting

Figure 4. Generated Performance Feedback in detail
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Figure 5. Generated Performance Rating
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Figure 6. Model Performance
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Figure 7. Model Time breakdown

The above graph shows the time for each stage of pipeline tasks which is elaborated in seconds. The time line is breakdowm into
four parts

TABLE 3. TIMELINE BREAKDOWN

Model prediction | 54ms
API Processing 36ms
Face detection 22ms
Preprocessing 8ms

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 |

1805



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 14 Issue | Jan 2026- Available at www.ijraset.com

VII.  CONCLUSION
The Al-powered Mock Interview Platform marks a significant advancement in interview preparation, offering job seekers an
intelligent and interactive way to enhance their skills. By replicating real interview scenarios and delivering personalized, data-
driven insights, the platform helps users boost their confidence, refine their communication, and strengthen their overall
performance. Leveraging multimodal analysis—including facial expressions, voice characteristics, and natural language processing
(NLP)—the system provides a well-rounded assessment, making it more effective than convention mock interviews.

End-to-End Pipeline Time Breakdown
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Additionally, its integration with web scraping ensures that the feedback remains aligned with current job market trends,
increasing its relevance across multiple industries. Overall Performance of model is 89% accuracy and precision of 82% . Also the
model best performance on facial expression like happy and neutral during the interview process. Future developments could also
focus on broadening its scope to accommodate a wider range of job roles and industries. Overall, this Al-driven tool serves as
a valuable asset for job candidates, bridging the gap between theoretical knowledge and real-world interview performance
in an ever-changing job market.

Table 3. Result

Precision Happy 0.95
Recall Happy 0.94
Precision Neutral 0.92
Recall Neutral 0.93
Precision Surprise 0.91
Recall Surprise 0.88
Precision Sad 0.89
Recall Sad 0.88
REFERENCES

[1] Bharati Thawali D, Pranjal Kalal, Samarth Dugam and Harshada Lokhande, “EmoConfident Interviewer: An Al Mock Interview Evaluator,” International
Journal for Research in Applied Science and Engineering Technology, 2024.

[2] Rubi Mandal, Pranav Lohar, Dhiraj Patil, Apurva Patil, Suvarna Wagh, “Al-Based Mock Interview Evaluator: An Emotion and Confidence Classifier Model,”
International Conference on Intelligent Systems for Communication, 10T and Security (ICISColS), 2023.

[3] Prof. Sakharam Kolpe, Sarvesh Patil, Jay Deshmukh, Suraj Jeughal, Yash Misal, “Al-Based Mock-Interview Behavioural Recognition Analyst,” International
Journal for Research in Applied Science and Engineering Technology, 2024.

[4] Bhagyashree Patil, VVaishnavi Sarmalkar, Farhat Shaikh, Kuntal Thakur, Rohit Wahwal, “Al Mock Interviewer: Preparing You Towards Smarter Interview
Practice,” International Journal for Research in Engineering and Management, 2024.

[5] Mr. Purushottam S. Chavan, Mr. Jayesh T. Derle, Sejal Sonawane, Pratik Pawar, Renuka Sathe, Kalyani Thakur, “Al-Based Mock Interview Evaluator,”
International Journal for Research in Engineering and Management, 2024.

[6] Shashank Rai, Alisha Miranda, Samiya Jagirdar, Nidhi Chitalia, “Skillup Bot: Al-Driven Mock Interview Platform,” International Journal for Research in
Engineering and Technology, 2024.

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 1806



International Journal for Research in Applied Science & Engineering Technology (IJRASET)
ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538
Volume 14 Issue | Jan 2026- Available at www.ijraset.com

[71 Amrutha, Mandalapu Bhavana, et al. "Enhancing interview evaluation: Al-based emotion and confidence analysis in mock interviews." Journal of Nonlinear
Analysis and Optimization 15.1 (2024): 1507-1511.

[8] Christy Crutsinger and Unity Herrer, “Mock Interviews: Leveraging Al Resources to Enhance Professional Skills,” ITAA Proceedings, 2021.

[9] B.C. Lee, B. Y. Kim, “Development of Al-Based Interview System for Remote Hiring,” International Journal of Advanced Research in Engineering and
Technology, 2021.

[10] P. Shwetha, B. Gowthami, CH. Sreeman, G. Amruth, “Al-Based Mock Interview Evaluator: Emotion and Confidence Classifier Model,” ZKG International,
Volume IX, 2024.

[11] Paresh Narendra, Rakhtate Shriraj Vikas, “Al-Based Interview Critique System: Interview Preparation Companion Using Deep Learning,” International
Journal of Creative Research Thoughts, 2024.

[12] Harsha Pariyani, Anshika Sinha, Preeti Bhat, Roshni Rote, Prof. N. A. Mulla, “Al-Based Scrutiny Bot for E-Interview Using Natural Language Processing
and Emotion Recognition,” Journal of Emerging Technology and Innovative Research, 2020.

[13] Dulmini Yashodha Dissanayake, Venuri Amalya, Raveen Dissanayaka, Lahiru Lakshan, Pradeepa Samarasinghe, Madhuka Nadeeshani, Prasad Samarasinghe,
“Al-Based Behavioural Analyser for Interviews/Viva,” IEEE, 2021.

[14] Prof. Taware R. K., Bhagyashree Shinde, Nikita Rasal, Snehal Ghorpade, “Smart Interview System Using Al Technology,” International Research Journal of
Modernisation in Engineering, Technology and Science, 2024.

[15] Balasaheb Jadhav, Avadhut Sawant, Arnav Shah, “A Comprehensive Study and Implementation of the Mock Interview Simulator with Al and Pose-Based
Interaction,” 1st International Conference on Cognitive, Green and Ubiquitous Computing (IC-CGU), 2024.

[16] M. Sunitha, B. Vijitha, E. Gunavardhan, “Artificial Intelligence-Based Smart Education System,” 4th International Conference on Electronics and
Sustainable Communication Systems (ICESC), 2023.

[17] Pankaj Rambhau Patil, Shinde Rushikesh Rajendra, Gosavi Vishakha Mahendra, “Elevating Performance Through Al-Driven Mock Interviews,” International
Journal for Research in Applied Science and Engineering Technology, 2024.

[18] Weishi Wang, “An Analysis of the Optimization Strategies of Ecological College English Teaching Based on Artificial Intelligence,” 2020 International
Conference on Computers, Information Processing and Advanced Education (CIPAE), 2020.

[19] Aaradhana Vinayak Rukadikar, Komal Khandelwal, “Adoption of Artificial Intelligence in Personalizing E-Learning: A Helping Hand for K-12 Teachers,”
2023 7th International Conference on New Media Studies (CONMEDIA), 2023.

[20] Stoev, Teodor, et al. "Towards Automated Classification of Adult Attachment Interviews in German Language Using the BERT Language Model." IEEE
Access (2025).

[21] Hao, Shijie, et al. "Interview-based Depression Detection Using LLM-based Text Restatement and Emotion Lexicon." IEEE Transactions on Affective
Computing (2025).

[22] Flores, Ricardo, et al. "WavFace: A Multimodal Transformer-based Model for Depression Screening." IEEE Journal of Biomedical and Health
Informatics (2025).

[23] Chiligireddy, Sai. "The Importance of Technical Competencies in the Engineering Manager Role and How Companies Evaluate Them in Interviews." IEEE
Engineering Management Review (2025).

[24] Li, Yuxin, et al. "Automated Depression Detection from Text and Audio: A Systematic Review." IEEE Journal of Biomedical and Health Informatics (2025)

©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 |



d lIsRA

ef n\m
cross’ COPERNICUS

10.22214/1JRASET 45,98 IMPACT FACTOR: IMPACT FACTOR:
7.129 7.429

INTERNATIONAL JOURNAL
FOR RESEARCH

IN APPLIED SCIENCE & ENGINEERING TECHNOLOGY

Call : 08813907089 (V) (24*7 Support on Whatsapp)




