
 

14 IV April 2026

https://doi.org/10.22214/ijraset.2026.80565



International Journal for Research in Applied Science & Engineering Technology (IJRASET) 
                                                                                           ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538 

                                                                                                                Volume 14 Issue IV Apr 2026- Available at www.ijraset.com 
     

 
5358 ©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 

 

Role of Artificial Intelligence in Procurement 
Operations 

 
Tirthraj Arjun Aher1, Savita Gayke2 

1MBA Production and Operations, International Centre of Excellence in Engineering and Management, Chhatrapati 
Sambhajinagar (Aurangabad), Maharashtra, India 

2Assistant Professor,  B.E (ENTC) MBA IT Department of Management, International Centre of Excellence in Engineering and 
Management, Chhatrapati Sambhajinagar (Aurangabad), Maharashtra, India 

 
Abstract: Procurement — the organizational function responsible for sourcing, evaluating, and acquiring goods, services, and 
raw materials — is undergoing a profound transformation driven by the adoption of Artificial Intelligence (AI) technologies. 
Traditional procurement operations, characterized by manual supplier evaluation, reactive demand planning, paper-intensive 
purchase order management, and limited spend visibility, are being replaced by AI-powered systems capable of analyzing vast 
datasets, identifying cost-saving opportunities, predicting supply disruptions, automating routine transactional tasks, and 
generating strategic insights in real time. This research paper examines the role of Artificial Intelligence across the procurement 
value chain — from spend analytics and demand forecasting to supplier selection, contract management, and risk monitoring — 
evaluating both the opportunities and challenges of AI adoption in procurement operations. 
Drawing on secondary research from published academic literature, industry reports, and case studies of AI-enabled 
procurement transformation, the paper identifies the key AI technologies reshaping procurement — including Machine 
Learning, Natural Language Processing, Robotic Process Automation, and Predictive Analytics — and assesses their practical 
applications and measured outcomes. A comparative analysis of procurement performance metrics before and after AI adoption 
across selected case organizations is presented. The paper proposes an AI-Enabled Procurement Maturity Framework (AIPMF) 
and offers recommendations for procurement leaders, IT strategists, and policy makers seeking to accelerate AI adoption in 
procurement operations. Findings confirm that AI adoption in procurement delivers substantial and measurable improvements 
in cost reduction, process efficiency, supplier relationship management, and supply chain resilience. 
Keywords: Artificial Intelligence, Procurement Operations, Supply Chain Management, Machine Learning, Natural Language 
Processing, Robotic Process Automation, Spend Analytics, Supplier Management, Demand Forecasting, Digital Procurement, 
AIPMF. 
 

I. INTRODUCTION 
Procurement is one of the most strategically significant functions in any organization, accounting for 50 to 70 percent of total 
organizational expenditure in manufacturing-intensive industries and representing the primary interface between an organization and 
its supplier ecosystem. Despite its strategic importance, procurement has historically been among the most labour-intensive, paper-
dependent, and data-poor organizational functions: buyers spend the majority of their time on transactional activities such as 
processing purchase orders, chasing approvals, and managing supplier communications, leaving limited capacity for the strategic 
activities — market intelligence gathering, supplier development, should-cost modelling, risk management — that generate the 
greatest value. 
The emergence of Artificial Intelligence as a practical business tool, enabled by the convergence of exponentially growing data 
volumes, dramatically increased computing power, and maturing machine learning algorithms, is fundamentally changing this 
picture. AI systems can process and analyze purchasing data at a scale and speed that is orders of magnitude beyond human 
capability: a Machine Learning spend analytics platform can categorize millions of transactions, identify tail spend consolidation 
opportunities, and flag contract compliance deviations in the time a human analyst would spend reviewing a single supplier contract. 
A Natural Language Processing engine can extract key obligations, pricing terms, and risk clauses from thousands of supplier 
contracts in hours, providing procurement teams with a level of contract visibility previously achievable only through months of 
manual review. 
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For procurement professionals in India and globally, AI is not a distant future technology but a present-day operational reality. 
Gartner (2022) predicts that by 2026, more than 75 percent of large enterprises will have deployed some form of AI in procurement 
operations. In the Indian context, the rapid growth of manufacturing under the Make in India initiative, the increasing complexity of 
global supply chains in which Indian companies participate, and the government’s Digital India drive are accelerating AI adoption 
in procurement across sectors from automotive and pharmaceuticals to retail and e-commerce. This research examines the specific 
roles AI plays across the procurement value chain, the technologies enabling these applications, the measured outcomes of AI 
adoption, and the barriers and enablers of successful AI-enabled procurement transformation. 
 

II. LITERATURE REVIEW 
A. Evolution of Procurement: From Tactical to Strategic 
The evolution of procurement from a transactional, administrative function to a strategic organizational capability has been 
extensively documented in the literature. Van Weele (2010) traces this evolution through five stages: purchasing (reactive buying), 
supply management (proactive sourcing), supply chain management (cross-functional integration), value chain management 
(customer and supplier integration), and supply network orchestration (ecosystem-level value creation). At each stage, the 
information and analytical demands placed on the procurement function increase significantly — setting the context for AI as the 
technology that enables procurement to function at the highest strategic levels. Monczka, Handfield, Giunipero, and Patterson 
(2015) identify spend analytics, supplier performance management, and demand-supply alignment as the three most value-
generating procurement capabilities — and precisely the three capabilities where AI has the most immediate and measurable impact. 
Their framework provides the theoretical basis for evaluating AI’s contribution to procurement value creation. 
 
B. Artificial Intelligence: Core Technologies in Procurement 
The term ‘Artificial Intelligence’ encompasses a diverse family of technologies, several of which have distinct and proven 
applications in procurement. Toorajipour, Sohrabpour, Nazarpour, Oghazi, and Fischl (2021), in a comprehensive systematic 
literature review of AI in supply chain management, identify Machine Learning, Natural Language Processing, Expert Systems, and 
Robotic Process Automation as the primary AI technologies deployed in procurement and supply chain contexts. Their review of 74 
peer-reviewed papers establishes a clear taxonomy of AI procurement applications and provides a theoretical foundation for the 
application analysis in this research. Machine Learning (ML) — algorithms that improve their performance through experience with 
data — underlies procurement applications including demand forecasting, spend classification, supplier risk scoring, and anomaly 
detection in purchasing data. Natural Language Processing (NLP) — AI’s ability to understand and generate human language — 
enables contract analysis, supplier communication automation, and procurement chatbot applications. Robotic Process Automation 
(RPA) — software robots that mimic human interactions with digital systems — automates high-volume, rule-based procurement 
transactions such as purchase order creation, invoice matching, and supplier onboarding data entry. 
 
C. AI Applications in Procurement: Evidence from Literature 
Seyedghorban, Tahernejad, Meriton, and Graham (2020) conducted a systematic review of AI applications in procurement and 
identified six primary application domains: demand forecasting and planning, spend analytics and categorization, supplier discovery 
and evaluation, contract lifecycle management, risk management and monitoring, and transactional process automation. Their 
findings, drawn from 86 peer-reviewed publications and 42 industry case studies, provide the application framework adopted in this 
research. Glas and Kleemann (2016) examined the transformation of the procurement professional’s role in an AI-enabled 
environment and found that AI does not replace procurement professionals but shifts their value-adding activities from data 
gathering and processing toward interpretation, relationship management, and strategic decision-making. This ‘augmentation’ 
perspective — AI as a tool that amplifies human procurement capability rather than substituting it — is supported by the majority of 
empirical research and is the framework adopted in this paper. 
 
D. AI Adoption Challenges in Procurement 
Despite the documented benefits of AI in procurement, adoption barriers are significant. Schuetz and Venkatesh (2020) identified 
data quality, organizational resistance, technology integration complexity, and skill gaps as the four most significant barriers to AI 
adoption in procurement and supply chain management.  Their survey of 245 procurement professionals in Germany, Austria, and 
Switzerland found that data quality — specifically the fragmented, inconsistent, and incomplete state of procurement data in most 
organizations — was the most frequently cited barrier, highlighting the foundational data management work required before AI can 
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deliver its potential value. In the Indian context, Mishra and Patel (2021) examined AI adoption in Indian manufacturing companies’ 
procurement functions and found that while awareness of AI’s potential was high, actual adoption was concentrated in large 
multinational and leading domestic companies, with SMEs facing significant barriers including cost of technology investment, 
shortage of AI-literate procurement professionals, and ERP system limitations that constrain data availability for AI applications. 
 

III. OBJECTIVES OF THE STUDY 
1) To examine the conceptual foundations of Artificial Intelligence and identify the core AI technologies most relevant to 

procurement operations. 
2) To analyze the specific roles of AI across the procurement value chain, including spend analytics, demand forecasting, supplier 

management, contract lifecycle management, risk monitoring, and transactional automation. 
3) To evaluate the measured outcomes of AI adoption in procurement operations through comparative analysis of pre- and post-AI 

implementation performance metrics. 
4) To identify the principal challenges and barriers to AI adoption in procurement and the strategies organizations use to overcome 

them. 
5) To assess the impact of AI on the skills, roles, and competency requirements of procurement professionals. 
6) To propose an AI-Enabled Procurement Maturity Framework (AIPMF) providing a developmental roadmap for organizations at 

different stages of AI adoption. 
7) To offer evidence-based recommendations for procurement leaders, technology managers, and policy makers seeking to 

accelerate and optimize AI adoption in procurement operations. 
 

IV. RESEARCH METHODOLOGY 
A. Research Design 
This study employs a descriptive and analytical research design based on a comprehensive review of secondary data sources. Given 
the rapidly evolving nature of AI in procurement — where the most current and detailed performance evidence resides in industry 
reports, practitioner publications, and organizational case studies rather than peer-reviewed academic literature — the research 
triangulates evidence from three complementary source types: (a) peer-reviewed academic publications from journals including the 
International Journal of Production Economics, Supply Chain Management: An International Journal, and the Journal of Purchasing 
and Supply Management; (b) industry reports and case studies from Gartner, McKinsey & Company, Deloitte, KPMG, and the 
Chartered Institute of Procurement & Supply (CIPS); and (c) published organizational case studies documenting AI procurement 
implementation outcomes. 
 
B. Data Analysis Approach 
Secondary data was analyzed using content analysis and comparative case study methods. Procurement performance metrics — cost 
savings, cycle time reduction, supplier performance improvement, and process automation rates — were extracted and synthesized 
across multiple case study sources to construct the comparative performance analysis presented in the Findings section. The AI-
Enabled Procurement Maturity Framework (AIPMF) was developed through synthesis of existing maturity models (Gartner’s 
Procurement Maturity Model, CIPS Procurement Excellence Model) with the AI application taxonomy derived from the literature 
review. 

V. FINDINGS AND ANALYSIS 
A. AI Applications Across the Procurement Value Chain 
Table 5.1 maps the primary AI technologies to their specific applications across the six key domains of the procurement value chain, 
providing a structured overview of AI’s role in transforming procurement operations. 
 

Table 5.1: AI Technologies and Their Applications Across the Procurement Value Chain 
Procurement Domain AI Technology Specific Application Key Benefit 

Spend Analytics Machine Learning, NLP Automated spend categorization, tail 
spend identification, maverick spend 

detection 

100% spend visibility; 8–12% 
cost saving opportunity 

identification 
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Procurement Domain AI Technology Specific Application Key Benefit 

Demand Forecasting Machine Learning, 
Predictive Analytics 

AI-driven demand sensing using POS 
data, market signals, and historical 

patterns 

20–35% reduction in forecast 
error; inventory optimization 

Supplier Discovery & 
Selection 

ML, Web Scraping, 
NLP 

Automated supplier discovery, risk 
scoring, ESG compliance screening 

3–10x increase in supplier pool 
visibility; risk-adjusted sourcing 

Contract Management NLP, ML Automated contract extraction, 
obligation tracking, renewal alerts, 

clause risk flagging 

60–80% reduction in contract 
review time; compliance 

improvement 

Risk Management ML, Predictive 
Analytics 

Real-time supplier financial health 
monitoring, geopolitical risk scoring, 

disruption prediction 

Early warning of supply 
disruptions; proactive risk 

mitigation 

Transactional Automation RPA, ML Automated PO creation, 3-way 
invoice matching, supplier 

onboarding data entry 

70–90% reduction in manual 
processing time; near-zero error 

rates 

Procurement Chatbots NLP, Conversational AI Employee self-service for PO status, 
supplier queries, policy guidance 

24/7 support; 40–60% reduction 
in procurement helpdesk queries 

Negotiation Support ML, Analytics Should-cost modelling, price 
benchmarking, negotiation scenario 

simulation 

2–5% additional cost savings in 
supplier negotiations 

Source: Compiled from Toorajipour et al. (2021), Gartner (2022), McKinsey & Company (2022), Deloitte (2023) 
 

B. Measured Outcomes of AI Adoption in Procurement 
Table 5.2 presents a comparative analysis of procurement performance metrics before and after AI implementation, synthesized 
from published case studies of AI-enabled procurement transformation across manufacturing, retail, and pharmaceutical sector 
organizations. 
 

Table 5.2: Comparative Procurement Performance — Pre- and Post-AI Implementation 

Performance Metric Pre-AI Baseline Post-AI Implementation Improvement 

Spend Under Management (%) 55–65% 85–95% +30–40 percentage points 

Purchase Order Processing Time 3–5 days 2–4 hours (automated 
POs) 

70–85% reduction 

Invoice Processing Time 7–14 days 1–2 days 75–90% reduction 

Supplier On-boarding Time 4–6 weeks 3–5 days 70–80% reduction 

Demand Forecast Accuracy 65–75% 85–95% +15–25 percentage points 

Contract Compliance Rate 60–70% 85–95% +20–30 percentage points 

Cost Savings (% of Spend) 3–4% 6–8% 2x improvement 

Procurement FTE Productivity Baseline +30–45% output per FTE Significant uplift 

Supplier Risk Incidents Reactive detection Predictive, 3–6 months 
early warning 

Proactive risk management 

Source: Compiled from McKinsey & Company (2022), Deloitte Digital Procurement Survey (2023), Gartner (2022), KPMG (2023) 
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The data presents a compelling case for AI’s transformative impact on procurement performance. The most dramatic improvements 
are in transactional efficiency — purchase order and invoice processing times reduced by 70 to 90 percent through RPA and AI-
powered three-way matching — freeing procurement professionals from time-consuming administrative work to focus on strategic 
activities. The doubling of cost savings achievement (from 3–4% to 6–8% of spend) through AI-powered spend analytics and 
negotiation support represents direct bottom-line impact. Perhaps most strategically significant is the transformation of supplier risk 
management from reactive to predictive: AI systems monitoring supplier financial signals, news feeds, geopolitical data, and 
logistics disruptions can provide 3 to 6 months of early warning before supply disruptions materialize, enabling proactive mitigation 
rather than reactive crisis management. 
 
C. AI Spend Analytics: Deep Dive 
Spend analytics — the systematic collection, cleansing, classification, and analysis of organizational purchasing data to support 
procurement decision-making — represents the most foundational and widely adopted AI application in procurement. Traditional 
spend analytics relied on manual data extraction from ERP systems, labour-intensive cleansing and categorization, and periodic 
(monthly or quarterly) reporting cycles that rendered insights historical rather than actionable. AI-powered spend analytics 
platforms automate the entire analytics pipeline: Machine Learning algorithms classify spending into standardized category 
taxonomies with 95%+ accuracy, Natural Language Processing extracts and standardizes supplier names across inconsistent ERP 
data entries, and real-time dashboards make spend insights continuously available to procurement decision-makers. 
The business impact of AI spend analytics is substantial. A McKinsey (2022) analysis of 30 organizations that implemented AI 
spend analytics found average spend under management improvement of 30 to 40 percentage points, cost saving opportunities 
identified worth 8 to 12 percent of addressable spend, and a 70 percent reduction in the time required to produce spend analysis 
reports. For Indian organizations where procurement data is frequently distributed across multiple legacy ERP systems, regional 
financial systems, and paper-based records, AI spend analytics platforms with strong data ingestion and normalization capabilities 
represent a particularly high-priority investment. 
 
D. AI in Supplier Risk Management 
Supply chain disruption — dramatically highlighted by the COVID-19 pandemic’s impact on global supply chains in 2020–2021 — 
has elevated supplier risk management to a board-level procurement priority. Traditional supplier risk management relied on 
periodic supplier audits, financial statement review, and qualitative risk assessments: approaches too infrequent and narrow in scope 
to provide meaningful early warning of emerging supplier vulnerabilities. AI-powered supplier risk management systems 
continuously monitor hundreds of data signals for each supplier in a company’s supply base — financial distress indicators (credit 
rating changes, payment delays, profit warnings), operational signals (logistics disruptions, capacity constraints, quality incidents), 
geopolitical risk indicators (political instability, regulatory changes, trade policy shifts), and ESG compliance signals 
(environmental violations, labour standard breaches, governance concerns) — generating risk scores and early warning alerts that 
enable proactive intervention. 

Table 5.3: AI-Powered Supplier Risk Monitoring — Data Signals and Applications 
Risk Category AI-Monitored Data Signals Early Warning Capability 

Financial Risk Credit ratings, payment delays, earnings 
warnings, bankruptcy filings 

3–6 months advance warning of financial distress 

Operational Risk Logistics disruptions, capacity issues, quality 
complaints, delivery failures 

Real-time alerting; trend-based predictive scoring 

Geopolitical Risk Political instability, trade policy changes, 
sanctions, regulatory shifts 

Scenario modelling; alternate sourcing trigger alerts 

ESG / Compliance Risk Environmental violations, labour standard 
breaches, governance issues 

Proactive compliance screening; reputational risk 
management 

Natural Disaster / Force 
Majeure 

Weather events, geological activity, 
infrastructure disruptions 

Geographic risk mapping; supply continuity 
planning 

Source: Deloitte (2023); Gartner Supply Chain Risk Intelligence Report (2022) 
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E. AI and the Changing Role of the Procurement Professional 
A recurring theme in the literature on AI in procurement is the transformation of the procurement professional’s role. As AI 
automates the transactional and analytical tasks that historically consumed the majority of procurement professionals’ working time 
— PO processing, invoice reconciliation, spend data gathering, supplier data management — the human role in procurement shifts 
toward activities that require judgment, creativity, relationship-building, and strategic thinking: supplier relationship management, 
cross-functional stakeholder engagement, innovation scouting, sustainability strategy, and complex negotiation. 
 

Table 5.4: Transformation of Procurement Professional’s Role in the AI Era 

Activity Type Pre-AI Procurement Role AI-Era Procurement Role 

Spend Data Manual data extraction, cleansing, 
and categorization 

AI generates insights; human interprets and acts 

Supplier Evaluation Manual reference checks, financial 
statement review 

AI risk scoring; human relationship assessment 

Contract Review Manual clause-by-clause review AI flags risks and deviations; human negotiates 
resolution 

PO/Invoice Processing Manual approval routing and data 
entry 

AI automates; human handles exceptions only 

Risk Management Periodic audits and qualitative 
assessment 

AI continuous monitoring; human strategic 
response 

Supplier Negotiation Experience-based, limited data 
support 

AI provides should-cost models and market 
benchmarks 

Strategic Focus 20–30% of time on strategy 50–70% of time on strategy and value creation 

Source: Glas & Kleemann (2016); McKinsey & Company (2022); Deloitte (2023) 
 

VI. CHALLENGES IN AI ADOPTION FOR PROCUREMENT 
 

Table 6.1: Key Challenges in AI Adoption for Procurement and Mitigation Strategies 

Challenge Description Mitigation Strategy 

Data Quality and 
Fragmentation 

Procurement data distributed across 
multiple ERP systems, spreadsheets, 

and paper records; inconsistent supplier 
naming; incomplete transaction data 

Data governance programme; master data 
management; ERP consolidation as prerequisite 

Organizational Resistance Procurement professionals’ fear that AI 
will eliminate their roles; reluctance to 
trust AI-generated recommendations 

Change management; communication of AI-as-
augmentation; reskilling investment 

High Implementation Cost AI procurement platforms require 
significant licensing, integration, and 
implementation investment; ROI may 

be delayed 

Phased implementation starting with highest-
ROI use cases (spend analytics, invoice 

automation) 

Integration with Legacy 
ERP Systems 

Many organizations’ ERP systems have 
limited API connectivity for AI 

API-first integration architecture; cloud ERP 
migration where feasible 
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Challenge Description Mitigation Strategy 

platform integration 

AI Skill Shortage in 
Procurement 

Procurement professionals lack data 
science and AI literacy; IT teams lack 

procurement domain knowledge 

Cross-functional AI procurement teams; 
targeted upskilling programmes; vendor-

provided training 

Supplier Data Availability AI-powered supplier risk and 
performance systems require 

comprehensive, up-to-date supplier data 
that many organizations lack 

Supplier data enrichment from third-party 
providers; structured supplier data sharing 

agreements 

Algorithm Bias and 
Transparency 

AI models trained on historical data 
may perpetuate biases; procurement 

decisions made on opaque AI 
recommendations raise governance 

concerns 

Explainable AI requirements; algorithm audit 
processes; human-in-the-loop governance for 

high-stakes decisions 

Source: Schuetz & Venkatesh (2020); Mishra & Patel (2021); Gartner (2022) 
 

VII. AI-ENABLED PROCUREMENT MATURITY FRAMEWORK (AIPMF) 
Based on the literature review, application analysis, and performance evidence synthesized in this research, the study proposes an 
AI-Enabled Procurement Maturity Framework (AIPMF) comprising five maturity levels, providing organizations with a 
developmental roadmap for AI adoption in procurement: 
 
1) Level 1: Foundational — Data and Process Readiness 
Organizations at Level 1 are preparing the foundations for AI adoption: consolidating procurement data into a single ERP or 
procurement system, standardizing supplier master data and spend classification taxonomies, mapping and documenting core 
procurement processes, and building basic digital procurement capabilities (e-procurement, electronic invoicing, supplier portal). 
Without clean, structured, and accessible data, AI systems cannot function effectively. Level 1 is about getting the data house in 
order. 
 
2) Level 2: Emerging — Transactional Automation 
Level 2 organizations deploy AI for high-volume, rule-based transactional automation: Robotic Process Automation for purchase 
order creation and routing, AI-powered three-way invoice matching and exception handling, automated supplier onboarding 
workflows, and basic spend analytics for category visibility. The primary value at Level 2 is efficiency — freeing procurement staff 
from administrative burden and reducing process cycle times and error rates. 
 
3) Level 3: Developing — Analytics and Intelligence 
At Level 3, AI moves beyond process automation to generate strategic insights: advanced spend analytics identifying consolidation 
and savings opportunities across the supply base, AI-powered demand forecasting integrated with procurement planning, supplier 
performance analytics enabling data-driven supplier development decisions, and contract analytics providing visibility of 
contractual obligations and compliance. The primary value at Level 3 is insight — making the invisible visible and supporting better 
procurement decision-making. 
 
4) Level 4: Advanced — Predictive and Cognitive Procurement 
Level 4 organizations deploy predictive AI capabilities: supplier risk AI monitoring real-time signals and providing early disruption 
warnings, predictive price modelling enabling optimal purchase timing decisions, AI-assisted negotiation through should-cost 
modelling and market benchmarking, and conversational AI for employee procurement self-service. The primary value at Level 4 is 
prediction — enabling proactive rather than reactive procurement management and significantly enhancing the strategic value of the 
procurement function. 
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5) Level 5: Optimized — Autonomous and Strategic AI 
Level 5 represents the frontier of AI-enabled procurement: autonomous procurement systems capable of executing routine sourcing 
decisions within pre-defined parameters without human intervention; AI-powered strategic sourcing optimization across complex 
multi-variable category strategies; deep integration of procurement AI with supplier AI systems enabling real-time supply chain 
coordination; and AI-driven sustainability and ESG optimization across the supply base. The primary value at Level 5 is 
transformation — procurement reimagined as an AI-native, continuously optimizing function generating sustained competitive 
advantage. 
 

VIII. RECOMMENDATIONS 
A. For Procurement Leaders 
• Begin the AI procurement journey with a data audit: assess the completeness, consistency, and accessibility of your 

organization’s procurement data and address critical gaps before investing in AI platforms. 
• Prioritize high-ROI, low-complexity AI use cases for initial deployment — spend analytics and invoice automation typically 

deliver measurable value within 6 to 12 months and generate the organizational confidence needed to support broader AI 
investment. 

• Invest in procurement team upskilling: equip procurement professionals with data literacy, AI tool proficiency, and the strategic 
skills — supplier relationship management, stakeholder influence, commercial creativity — that become more valuable as AI 
handles transactional work. 

• Establish a clear AI procurement governance framework specifying decision rights for AI-generated recommendations, 
escalation paths for AI-flagged risks, and audit mechanisms for algorithm performance and bias. 

• Engage suppliers proactively in AI-enabled procurement transformation: share the benefits of data-driven supplier performance 
management and risk monitoring to build supplier support for data sharing and system integration requirements. 

 
B. For Technology and IT Leaders 
• Prioritize API-based integration architecture that enables AI procurement platforms to connect with existing ERP systems 

without requiring full ERP replacement — reducing implementation cost and risk. 
• Adopt cloud-based AI procurement platforms wherever possible to reduce infrastructure investment, benefit from vendor-

managed AI model updates, and enable rapid scaling as adoption grows. 
• Implement master data management (MDM) for supplier and spend data as a foundational enabler of AI procurement 

applications — without clean master data, AI tools cannot deliver their potential value. 
 
C. For Policy Makers 
• Support the development of AI-ready procurement talent through inclusion of AI literacy, data analytics, and digital 

procurement competencies in MBA, engineering, and supply chain management curricula at Indian universities. 
• Promote AI adoption in government procurement through the GeM (Government e-Marketplace) platform by integrating AI-

powered spend analytics, supplier risk scoring, and demand forecasting capabilities, creating a model for private sector 
adoption and developing a large-scale Indian AI procurement use case. 

• Develop MSME-specific support programmes providing subsidized access to cloud-based AI procurement tools and 
implementation support, enabling small and medium suppliers to participate in AI-enabled supply chains and capture the 
productivity benefits of digital procurement. 

 
IX. CONCLUSION 

This research has examined the role of Artificial Intelligence across the procurement value chain, demonstrating that AI is not 
merely an incremental improvement to existing procurement processes but a transformative force redefining what procurement can 
achieve. From spend analytics that provide complete visibility of organizational purchasing to predictive supplier risk systems that 
warn of disruptions months before they materialize, from automated invoice processing that eliminates days of manual 
reconciliation to AI-powered contract analysis that extracts and monitors thousands of contractual obligations simultaneously — the 
evidence is unambiguous that AI delivers substantial and measurable improvements in procurement efficiency, cost performance, 
risk management, and strategic capability. 



International Journal for Research in Applied Science & Engineering Technology (IJRASET) 
                                                                                           ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538 

                                                                                                                Volume 14 Issue IV Apr 2026- Available at www.ijraset.com 
     

 
5366 ©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 

 

The imperative for procurement professionals is not to resist this transformation but to lead it: building the data foundations that AI 
requires, investing in the skills and governance frameworks that enable responsible AI deployment, and embracing the shift in the 
procurement professional’s role from transactional administrator to strategic value creator. The AI-Enabled Procurement Maturity 
Framework (AIPMF) proposed in this research provides a structured roadmap for organizations at every stage of AI procurement 
adoption, from foundational data readiness to optimized autonomous procurement. 
For India’s rapidly growing manufacturing and services sectors, AI in procurement represents a significant competitiveness 
opportunity: the ability to reduce procurement costs, improve supply chain resilience, and accelerate decision-making at the speed 
and scale that global competition demands. Organizations that invest in AI-enabled procurement transformation today will be better 
positioned to navigate the supply chain challenges and competitive pressures of tomorrow. The future of procurement is intelligent, 
predictive, and strategic — and that future is already here. 
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