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Abstract: This article describes the fusion of recurrent neural networks and deep learning algorithms for text summarization
systems and analysis of the text learning process. Next, the text analytics learning model is summarized. In addition, applications
of deep learning-based text analysis are also introduced. Language is the most important part of communication between people.
Although there are many ways to express our thoughts and feelings, language is considered the most important medium of
communication. Speech recognition is the process by which machines recognize different people’s voices based on specific words
and phrases. End-to-end deep learning techniques can be used to identify and simplify spatial representations of text data and
semantic information. This study considers text analysis based on deep learning
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L. INTRODUCTION
The Text Summary helps you create a summary report of the given paraphrasing. Differences in pronunciation are clearly visible in
each person's speech. Voice is the easiest way to communicate, but speech recognition has some problems: Fluency, Pronunciation,
Broken Words, Stuttering, etc. All these issues must be considered when processing audio. Long documents take time and are
difficult to read and understand. Text synopsis solves this problem by providing a shortened synopsis with semantics.

A. Segmentation

The task of dividing text into meaningful segments is called text segmentation. These segments consist of words, phrases, or topics.
Topic segmentation, a type of text segmentation task that divides long texts into sections corresponding to specific topics or
subtopics, is part of our research. For example, consider automatic transcription of a one-hour podcast. Transcripts can be long, so
it's easy to lose track of what you're reading. The Automatic Topic Splitter solves this problem by splitting the text into several
segments, making the transcription easier to read.

B. Normalization

An important part of data management is data cleansing. As part of the data cleansing process, all database content is checked and
missing, inaccurate, duplicate, or irrelevant information is updated or deleted. Data cleansing is finding techniques that improve the
accuracy of a data set without necessarily affecting the existing data. It doesn't just remove old information to make room for new
data. The process of identifying and correcting bad data is called data sanitization. Most of the work that organizations do is data
driven, but few do it effectively. The most important phases of data processing are data cleansing, classification, and standardization.

C. Feature Extraction

The goal of feature extraction is to reduce the amount of resources required to describe large amounts of data. One of the main
problems in analyzing complex data is the sheer number of variables involved. Results can be improved using a built set of
application-dependent functions, often written by experts. Analyzes involving large numbers of variables typically require large
amounts of memory and computing power. Feature engineering is one of them.

D. Modelling

Modeling is about teaching a machine learning algorithm to predict labels from features, adapting it to your business needs, and
validating it. Computer models use deep learning to learn how to perform classification tasks directly from text or speech. Natural
Language Processing (NLP) uses text summarization techniques to provide concise and accurate summaries of referenced
documents.
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Summarizing long articles by hand is very difficult. Machine learning-based text summarization remains an extensive research area.
Statistical modeling techniques are used to identify hidden topics and keywords within groups of essays. A probabilistic approach to
learning, analyzing, and retrieving topics from document collections is topic modeling. LDA is most commonly used for extracting
summaries of multiple documents to verify that the extracted sentences accurately capture the ideas of the input documents. This
article describes a text summarization approach to reduce redundancy and improve the scope of the final summary.

Il. OBJECTIVE
The purpose of automatic text summarization is to present the original material in a semantically concise format. The main
advantage of summaries is that they shorten the reading process. His two types of text summarization techniques are:
Extractive and abstract. Selecting key sentences, paragraphs, etc. from the original content and concatenating them into a short
version constitutes the extractive summarization technique. Understanding the key ideas in a document and expressing those ideas
in plain, everyday language constitutes an abstract summary.
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IV.  CONCLUSION
In this research paper, we have successfully studied text-to-speech conversion and created a summary of this text. This model can be
used in the implementation of extended business meetings where one can get summary information about a particular meeting.
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