
 

14 III March 2026

https://doi.org/10.22214/ijraset.2026.79049



International Journal for Research in Applied Science & Engineering Technology (IJRASET) 
                                                                                           ISSN: 2321-9653; IC Value: 45.98; SJ Impact Factor: 7.538 

                                                                                                                Volume 14 Issue III Mar 2026- Available at www.ijraset.com 
     

 
5092 ©IJRASET: All Rights are Reserved | SJ Impact Factor 7.538 | ISRA Journal Impact Factor 7.894 | 

 

Weather-Aware Crop Watering Recommendation 
System Using Deep Learning 

 

A. Askarunisa1, K. Dharshini2, A. Iswarya3 
Department of Computer Science and Engineering, K.L.N. College of Engineering, Madurai, India 

 

Abstract: The rapid growth of modern agriculture demands intelligent systems to optimize water usage and improve crop 
productivity, as traditional irrigation methods often lead to inefficient resource utilization and inconsistent crop monitoring. This 
paper aims to develop a Weather-Aware Crop Watering Recommendation System using deep learning to provide accurate, real-
time cultivation guidance. The proposed system utilizes image-based crop classification through YOLO and Convolutional 
Neural Networks (CNN), combined with trained weather data and internal crop growth stage prediction to generate precise 
recommendations. The system processes user-uploaded images and outputs crop identification with confidence scores, along 
with detailed suggestions such as soil type, season, temperature range, water requirements, fertilizer usage, and expected yield. 
Experimental results demonstrate high prediction accuracy (above 95%) and improved decision-making efficiency, enabling 
optimized irrigation and reduced water wastage. The proposed approach provides a scalable and intelligent solution for 
precision agriculture, enhancing sustainable farming practices and supporting data-driven agricultural management in real-
world environments. 
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I. INTRODUCTION 
With the increasing demand for efficient agricultural the practices ,need for intelligent systems to optimize resource utilization and 
improve crop productivity has become more critical than ever. Traditional farming methods often rely on manual observation and 
fixed irrigation schedules, which can lead to inefficient water usage, inconsistent crop monitoring, and reduced yield. Additionally, 
varying environmental conditions such as temperature, season, and soil characteristics further complicate decision-making for 
farmers, making it essential to adopt data-driven and automated solutions. 
To address these challenges, advanced technologies such as deep learning and image processing have emerged as effective tools in 
modern agriculture. Deep learning models can analyze crop images, identify plant types, and detect subtle variations in growth 
patterns with high accuracy. In particular, models such as Convolutional Neural Networks (CNN) and YOLO (You Only Look 
Once) have shown significant performance in image classification and object detection tasks, enabling real-time and precise crop 
identification. The Weather-Aware Crop Watering Recommendation System proposed in this study integrates deep learning models 
with environmental awareness to provide intelligent and adaptive cultivation guidance. The system  allows users to upload crop or 
flower images, which are processed using CNN and YOLO models to accurately predict the crop type along with a confidence 
score. Furthermore, the system internally determines the crop growth stage, enhancing the precision of recommendations. 
Based on the predicted crop, growth stage, and trained weather data, the system generates comprehensive recommendations, 
including soil type, suitable season, temperature range, water requirements, fertilizer usage, and expected yield. In addition, a 
performance analysis module enables comparison between models through accuracy metrics and graphical visualization, supporting 
better model evaluation. The proposed system emphasizes real-time adaptability by continuously analyzing crop conditions and 
environmental factors to provide optimized irrigation guidance. Unlike traditional approaches, it integrates image-based prediction 
with weather-aware decision-making, ensuring efficient water usage and improved crop health. This holistic approach enhances 
precision farming practices, promotes sustainable agriculture, and provides a scalable and intelligent framework for modern 
agricultural management. 

II. LITERATURE REVIEW 
The rapid advancement of smart agriculture has led to an increasing need for intelligent irrigation systems capable of handling 
dynamic environmental conditions and optimizing water usage. Traditional irrigation methods, often based on fixed schedules and 
manual observation, have proven inefficient in adapting to varying crop requirements and weather conditions. As a result, modern 
approaches integrating machine learning and IoT technologies have gained prominence for their ability to enhance water efficiency 
and improve crop productivity. In particular, regression-based machine learning models combined with embedded systems have 
demonstrated effectiveness in sustainable irrigation management [1]. 
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Despite their strong performance, many existing systems rely heavily on numerical data and lack adaptability to real-time crop 
conditions. To address decision-making challenges, knowledge-based expert systems have been introduced, which utilize structured 
rules to guide irrigation practices [2].  
However, these systems often suffer from limited flexibility and are unable to dynamically adjust to changing environmental factors 
or crop growth variations. 
Furthermore, IoT-based smart irrigation systems incorporating weather forecasting have been developed to optimize irrigation 
scheduling based on environmental conditions [3]. While such systems improve water management by leveraging weather data, they 
do not incorporate image-based crop analysis, which is crucial for providing crop-specific and stage-aware recommendations. 
While prior works have achieved significant progress in water efficiency [1], decision support systems [2], and weather-based 
irrigation [3], a key research gap remains in developing a unified, intelligent system that integrates image-based crop identification, 
growth stage analysis, and weather-aware decision-making. Existing solutions lack the ability to combine these components into a 
single, real-time framework. 
To address these limitations, the proposed system integrates deep learning models such as YOLO and Convolutional Neural 
Networks (CNN) with weather data and crop growth stage prediction to deliver accurate, real-time irrigation recommendations. This 
approach bridges the gap between automation, adaptability, and precision, providing a comprehensive and scalable solution for 
smart and sustainable agricultural practices. 
 

III. METHODOLOGY 
The proposed Weather-Aware Crop Watering Recommendation System leverages a combination of deep learning, image processing, 
and environmental data analysis to provide accurate and intelligent irrigation and cultivation guidance. The system is designed as a 
scalable and modular framework that integrates multiple functional components, each contributing to improved prediction accuracy, 
adaptability, and efficient resource utilization.  
combining real-time image analysis with weather-aware decision-making, the system ensures precise and reliable recommendations 
for modern agricultural practices. 
 
A. Data Collection and Preprocessing   
The system utilizes a comprehensive dataset consisting of crop and flower images collected from publicly available agricultural 
repositories and datasets. In addition to image data, weather-related parameters such as temperature, seasonal variations, and 
environmental conditions are incorporated during the training process to enhance model performance. The preprocessing pipeline 
involves several standard techniques, including image resizing, normalization, noise removal, and data augmentation. These steps 
ensure uniformity in input data and improve the robustness of the deep learning models. Proper preprocessing also helps in reducing 
overfitting and enhances the generalization capability of the system. 
 
B. Feature Extraction and Selection   
A crucial component of this methodology is the extraction of meaningful visual and environmental features from the input data. 
Image-based features such as color distribution, texture patterns, and shape characteristics are analyzed to accurately identify crop 
types. Simultaneously, environmental features such as temperature range and seasonal conditions are considered to support decision-
making. Feature selection techniques are applied to retain only the most relevant attributes, reducing computational complexity and 
improving prediction efficiency. This ensures that the system operates effectively in real-time scenarios while maintaining high 
accuracy. 
 
C. Deep Learning Model and Prediction   
The system employs two advanced deep learning models, namely YOLO (You Only Look Once) and Convolutional Neural 
Networks (CNN), to perform crop classification tasks. The YOLO model is utilized for fast and efficient object detection, enabling 
real-time prediction capabilities, while the CNN model is employed for detailed image classification due to its high accuracy. Both 
models are trained using labeled datasets and optimized through iterative learning processes. Upon uploading an image, the selected 
model processes the input and predicts the crop type along with a confidence score. In addition, the system internally analyzes 
visual features to determine the crop growth stage, which plays a critical role in generating precise and stage-specific 
recommendations. 
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D. System Architecture and Recommendation Generation   
The system architecture integrates multiple modules, including input handling, prediction, recommendation, and performance 
analysis. An intelligent recommendation module generates detailed cultivation guidance based on the predicted crop type and 
growth stage. The system provides information such as soil type, suitable growing season, optimal temperature range, water 
requirements, fertilizer usage, and expected yield. A weather-aware decision mechanism further refines these recommendations by 
analyzing environmental conditions, ensuring efficient water utilization and preventing over-irrigation or under-irrigation. 
Additionally, a performance evaluation module provides graphical visualization and comparison of YOLO and CNN model 
performance, enabling users to assess accuracy and reliability.  
Furthermore, the system is designed to support real-time processing, allowing users to receive instant predictions and 
recommendations with minimal delay. The modular architecture ensures scalability, enabling the integration of additional datasets, 
advanced models, or external APIs in future enhancements. The system also improves decision-making by combining image-based 
analysis with environmental insights, providing a more holistic approach to crop management. By leveraging automation and 
intelligent analytics, the framework minimizes human effort while maximizing agricultural efficiency. This integrated framework 
ensures that the system delivers accurate, real-time, and practical recommendations, supporting precision agriculture and promoting 
sustainable farming practices in dynamic environmental conditions. 

 
Fig. 1 Flow Diagram 
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IV. RESULT AND DISCUSSION 
This section presents the performance and effectiveness of the proposed Weather-Aware Crop Watering Recommendation System. 
The system was tested using multiple crop and flower images to evaluate its prediction accuracy, recommendation quality, and 
overall usability. 
Initially, the user uploads a crop or flower image through the system interface. The uploaded image is processed by the selected 
deep learning model (YOLO or CNN) for classification. 
Figure 2 shows the sample input image uploaded by the user for crop identification. 

 
Fig.2 Uploading Image 

 
The system then analyzes the input image and identifies the crop type using the selected model. The prediction includes the crop 
name along with a confidence score, demonstrating the accuracy of the model. 
Figure 3 illustrates the predicted crop output generated by the system, where the model successfully identifies the flower as "Black-
eyed Susan" with a high confidence score of 99.80%. 

 
Fig. 3 Prediction Result 

 
Based on the identified crop and internally predicted growth stage, the system generates detailed cultivation recommendations. 
These recommendations include soil type, suitable growing season, temperature range, water requirements, fertilizer usage, and 
expected yield. 
Figure 4 presents the cultivation recommendation output provided by the system, which helps users make informed agricultural 
decisions. 

 
Fig.4 Cultivation Recommendation 
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The system also integrates weather data to refine irrigation recommendations, ensuring efficient water usage under varying 
environmental conditions. This weather-aware approach significantly reduces water wastage and improves crop productivity. 
In terms of model performance, both YOLO and CNN models were evaluated. The YOLO model demonstrated faster prediction 
speed, making it suitable for real-time applications, while the CNN model achieved slightly higher accuracy in classification tasks. 
The experimental results indicate that the system achieves high prediction accuracy (above 95%) and provides reliable, real-time 
recommendations. The integration of image-based analysis, growth stage prediction, and weather-aware decision-making enhances 
the overall effectiveness of the system. 
Overall, the proposed system successfully combines deep learning and environmental insights to deliver accurate, efficient, and 
practical solutions for precision agriculture, supporting sustainable farming practices. 
 

V. CONCLUSION 
This paper presented a Weather-Aware Crop Watering Recommendation System using deep learning techniques to enhance 
agricultural decision-making. The proposed system successfully integrates image-based crop classification using YOLO and 
Convolutional Neural Networks (CNN) with environmental data to provide accurate and real-time cultivation recommendations. By 
identifying the crop type, predicting the growth stage, and incorporating weather conditions, the system generates detailed guidance 
on soil type, season, temperature, water requirements, fertilizer usage, and expected yield. 
The experimental results demonstrate that the system achieves high prediction accuracy and provides reliable recommendations, 
thereby improving irrigation efficiency and reducing water wastage. The integration of weather-aware decision-making further 
strengthens the system’s ability to support sustainable and precision farming practices. 
In future work, the system can be enhanced by incorporating real-time weather APIs, expanding the dataset to include a wider range 
of crops, and utilizing advanced deep learning models to further improve accuracy and scalability. Overall, the proposed system 
offers a practical and intelligent solution for modern agriculture, contributing to efficient resource management and improved crop 
productivity. 
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