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Abstract: Social media is one of the popular networks in the world. Its provides facilities creating and sharing information
among various web users. Users also search images based on their requirement with the help of free tags. Tag-based image
search is one of the methods of web image retrieval to get accurate image shared by web users in social networks. In this paper
we describe the information about the issue of how to get Top ranked solution elements with similar and diversity. To solve the
diversity issue in this research paper we implemented novel technique for Image search with diversity for image retrieval based
on tags in social media. In that initially we found similarity tags among each tag then it will help to design a tag graph. In that
Community detection method can be used to find semantic tags in cluster images then after inter-community and intra
community ranking are applied for end results.
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L. INTRODUCTION

Nowadays internet widely used for searching information in society. Social media allows users to search information according to
requirements and sharing sites like Flicker [1]. In social media image retrieval process based on user content based.intially.
Relevance-based ranking scheme used to search images based on relevant keywords [3].its describes information about
The ranking images. Users also upload images and share with others [20].same image and tag used by various users. In recent years
few researchers [21] apply graph clustering with this we can assign image to cluster .By utilizing this user will get results with
effectively. Ranking to image based on user selection. Then next image chosen based on distance with first top rank image so we
Find high rank image .clustering algorithm [22] uses to sort topics based on topic. In this article we focus on diversity problem in
retrieving images. In this research paper, we focus on the topic diversity. We initially collection all the tags in the primary retrieval
image list to create the tags with related semantic be the similar cluster, and then allocate images into various clusters. The images
with in the same cluster are viewed as the ones with similar semantics. After ranking the clusters and images in each cluster, we
choose one image from every cluster to achieving our semantic diversity

1. RELATED WORKS
Previously we found various literatures regarding image retrieval based on ranking. Those literatures mainly concentrated on
various issues those are tag processing, image relevance ranking and diversity in that Liu et al. [1] proposed novel method to rank
the tags of a given image called a tag ranking method. We get the fisrt relevance scores and another method is random walk is
implemented to process these scores over a tag similarity graph. Similar to [1], and [26] sort the tag list by the tag relevance scores
which are learned by counting votes from visually similar neighbors. The applications in tag-based image retrieval also have been
conducted. Based on these initial efforts, We get the first relevancy scores and another methodology is random walk} is enforced to
process these scores over a tag similarity graph. just like [22], and [23] kind the tag list by the tag relevance scores that are learned
by counting votes from visually similar neighbors. The applications in tag-based image retrieval even have been conducted.
supported these initial efforts,Lee and Neve [26] described information about the a variant of the popular baseline neighbor voting
algorithm for image retrieval process Agrawal and Chaudhary [24] described information about tag ranking algorithm as per image
content. Zhu et al. [25] described information about the adaptive teleportation random walk model for voting graph its design based
on relationships between image tags.

1. OVERVIEW OF THE SYSTEM
In the proposed system we introduced novel topic called diverse ranking approach to find images. In implemented system
consisting of two methods. One is inter-community ranking method another one is intra-community ranking methods are introduced
to get a high-quality trade-off between the diversity and significance performance. To identify issue of community in our best
approach is tag graph construction according to each tag word vector and mining approach of community are employed. This
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community represents relationship between tags and in this word vector of every tag based on the English Wikipedia corpus with
the model word2vec.We will give rank to image based on user selecting and download images from social media. In the novel
technique ranking process in this adaptive random walk model is used to get information about the closest tags and it’s also used in
changing topologies to find it also used in dynamic community detection method

Step 1:Tag Graph construction

Step 2:Image mapping To community
Step 3:The Inter-community Ranking
Step 4:Intra-community ranking
After inter-community ranking,

Step 5:Results

Fig 1: Implemented system

V. METHODOLOGY
In implemented system included five parts in that initially our system work on image dataset to design tag graph based on tag
information. It’s used to extract topic community. To identify Communities of images Affinity propagation clustering method is
used. Next we assign each image to one community as per image tag overlap ratio among community and image. After this we
implement adaptive random walk model to rank topic communities as per the similar relevance between the community and query.
One is inter-community ranking method another one is intra-community ranking methods are introduced to get a high-quality trade-
off between the diversity and significance performance.

V. IMPLEMENTATION
This implemented system divides into following modules
A. Admin
This module describes the information about Admin process in this admin need to login with valid credentials. Then after this he

will perform following operations. Such as
view all inter(all) and intra(same) user and their details and authorize them, view all image
and its details, view inter(all) and intra(same) group images, view all friend requests and
status, view all search requests and authorize , View all inter(all) and intra(same) user search

history and finally generate chart for all images based on rank .

B. User

This module describes the information about user process. Before access this system user should register first then he will get
credentials for accessing system once admin accepted. After user can login with credentials provided by admin then he can perform
few below operations like.

view profile details, search friend and send request and accept requests, request for image search
.add images by providing details and view his images , Search the images based on tag name and
description of image of intra(same).inter(all) and view details and make like and dislike to

images. Finally view his search history details.|

The following sequence diagram describes the information about implemented system.
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VII. CONCLUSION
As per my analysis our implemented system provides better results than other systems. In this system we use effective diverse re-
ranking to get image retrieval process based on tag. To improve diversity in image retrieval we use tag graph construction and
communication detection. In that initially we found similarity tags among each tag then it will help to design a tag graph. In that
Community detection method can be used to find semantic tags in cluster images then after inter-community and intra community
ranking are applied for end results.

REFERENCES

[1] D. Liu, X. Hua, L. Yang, M. Wang, and H. Zhang, “Tag ranking”. WWW, 2009: 351-360.

[2] X. Qian, H. Wang, Y. Zhao, et al.,Image Location Inference by Multisaliency Enhancement. IEEE Trans. Multimedia 19(4): 813-821 (2017)

[3] D.Liu, X. Hua, M. Wang, and H. Zhang, “Boost Search Relevance for Tag-Based Social Image Retrieval”. ICME, 2009:1636-1639.

[4] X Lu, X. Liand X. Zheng, Latent Semantic Minimal Hashing for Image Retrieval,IEEE Trans. Image processing, vol. 26, no. 1, pp. 355-368, 2017.

[5] M. Wang, K. Yang, X. Hua, and H. Zhang, “Towards relevant and diverse search of social images”. IEEE Trans. Multimedia, 12(8):829-842, 2010.

[6] A. Ksibi, A. Ammar, and C. Amar, “Adaptive diversification for tagbased social image retrieval”. International Journal of Multimedia Information Retrieval,
2014, 3(1): 29-39.

[71 Y. Gao, M. Wang, H. Luan, J. Shen, S. Yan, and D. Tao, “Tag-based social image search with visual-text joint hypergraph learning”. ACM Multimedia
information retrieval, 2011:1517-1520.

[8] X. Li, B. Zhao, and X. Lu, A General Framework for Edited Video and Raw Video Summarization," IEEE Transactions on Image Processing. Digital Object
Identifier (DOI): 10.1109/T1P.2017.2695887.

[9] K. Song, Y. Tian, T. Huang, and W. Gao, “Diversifying the image retrieval results”, In Proc. ACM Multimedia Conf., 2006, pp. 707-710.

[10] R.Leuken, L. Garcia, X. Olivares, and R. Zwol, “Visual diversification of image search results”. In Proc. WWW Conf., 2009, pp.341-350.

[11] R.Cilibrasi, and P. Vitanyi, “The Google Similarity Distance”. IEEE Trans. Knowledge and Data Engineering, 19(3):1065-1076, 2007.

[12] X. Qian, H. Wang, G. Liu, and X. Hou, “HWVP: Hierarchical Wavelet Packet Texture Descriptors and Their Applications in Scene Categorization and
Semantic Concept Retrieval”. Multimedia Tools and Applications, May 2012.

[13] X. Lu, Y. Yuan, X. Zheng, Jointly Dictionary Learning for Change Detection in Multispectral Imagery, IEEE Trans. Cybernetics, vol. 47, no. 4, pp. 884-897,
2017.

[14] J. Carbonell, and J. Goldstein, “The use of MMR, diversity based reranking for reordering documents and producing summaries”. SIGIR 1998.

[15] Wu, J. Wu, and M. Lu, “A Two-Step Similarity Ranking Scheme for Image Retrieval. In Parallel Architectures”. Algorithms and Programming, pp. 191-196,
IEEE, 2014.

[16] G. Ding, Y. Guo, J. Zhou, et al., Large-Scale Cross-Modality Search via Collective Matrix Factorization Hashing. IEEE Transactions on Image Processing,
2016, 25(11): 5427-5440.

[17] G. Agrawal, and R. Chaudhary, “Relevancy tag ranking”. In Computer and Communication Technology, pp. 169-173, IEEE, 2011.

[18] L.Chen, S. Zhu, and Z. Li, “Image retrieval via improved relevance ranking”. In Control Conference, pp. 4620-4625, IEEE, 2014.

[19] L. Wu, and R. Jin, “Tag completion for image retrieval”. Pattern Analysis and Machine Intelligence, IEEE Transactions on, 35(3), 716-727, 2013.

[20] Y. Yang, Y. Gao, H. Zhang, and J. Shao, “Image Tagging with Social Assistance”. ICMR, 2014.

[21] X. Qian, X. Liu, and C. Zheng, “Tagging photos using users' vocabularies”. Neurocomputing, 111(111), 144-153, 2013.

[22] D. Dang-Nguyen, et.al, “Retrieval of Diversity Images by Pre-filtering and Hiearchical Clustering”. MediaEval,2014.

[23] D. Liu, X. Hua, L. Yang, M. Wang, and H. Zhang, “Tag ranking”. WWW, 2009: 351-360.

[24] D. Mishra, “Tag Relevance for Social Image Retrieval in Accordance with Neighbor Voting Algorithm”. IJCSNS, 14(7), 50, 2014.

[25] G. Agrawal, and R. Chaudhary, “Relevancy tag ranking”. In Computer and Communication Technology, pp. 169-173, IEEE, 2011.

[26] X.Zhu, W. Nejdl, “An adaptive teleportation random walk model for learning social tag relevance”. ACM SIGIR, pp. 223-232, 2014.

[27] S. Lee, and W. Neve, “Visually weighted neighbor voting for image tag relevance learning”. Multimedia Tools and Applications, 1-24, 2013.

©IJRASET: All Rights are Reserved 3157



d lIsRA

ef n\m
cross’ COPERNICUS

10.22214/1JRASET 45,98 IMPACT FACTOR: IMPACT FACTOR:
7.129 7.429

INTERNATIONAL JOURNAL
FOR RESEARCH

IN APPLIED SCIENCE & ENGINEERING TECHNOLOGY

Call : 08813907089 (V) (24*7 Support on Whatsapp)




