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Abstract: Air passengers (the buyers) are typically searching for the most effective period of time to get airfares to get the 
maximum amount saving as potential whereas airlines (the sellers) invariably try and maximize their revenues by editing totally 
different costs for an equivalent service. The sellers have all the mandatory data (for example historicalsale, marketdemand, 
customer profile , and behavior) to form the choice whether or not to extend or decrease airfares at totally 
different times before the departure dates. On the opposite hand, the patrons are solely ready to access restricted data to 
help their higher cognitive process on whether or not to attend or purchase transportation promptly. during this paper, we tend 
to propose a replacement model that may facilitate the client to predict the value trends while not official data from the airlines. 
Our findings incontestible that the planned model will predict the trends similarly as actual transportation’s changes up to the 
departure dates victimisation public airfare information offered on-line despite the missing of the many key options just like 
the range of unsold seats on flights. we tend to conjointly identified the options that have the strongest impacts on 
the transportation changes. 
Index term: Air passenger, cost, seats availability. 

I. INTRODUCTION 
It is well known that airlines normally deploy complex commercial algorithms called yield management to implement variable 
pricing strategy. These pricing techniques can automatically adjust the airfare based on many factors including seat availability, 
market competition, and seasons such as New Year holidays or summer. The ultimate objective is to maximize overall revenue or 
profit for each flight. In the other hand, air passengers are often looking for the cheapest price, mostly by trying to purchase airfare 
as far from the departure date as possible because most passengers believe that airfare will be probably increased when the purchase 
date comes nearer to the departure date, but it is not always true and air passengers end up paying more than they should for the 
same seat/service. With the explosive growth of the Internet and ecommerce, air passengers nowadays can check airfare and 
availability of any airlines around the world easily.  
When satisfying with an airfare, these customers can purchase their desired tickets online through official airline or agent websites.  
To help the customers to buy the most inexpensive airfare, there have been a number of prediction models to predict the airfare prior 
to the departure. In particular, various data mining methods, as well as time series data analytics, were used to output ’buy’ or ’wait’ 
signals for customers. Prediction models are also constructed using regression methods like Partial Least Square Regression or 
Linear Quantile Mixed Regression. 

II. LITERATURE SURVEY 
A. A Regression Model For Predicting Optimal Purchase Timing For Airline Tickets 
Optimal timing for airline ticket purchasing from the consumer’s perspective is challenging principally because buyers have 
insufficient information for reasoning about future price movements. This paper presents a model for computing expected future 
prices and reasoning about the risk of price changes.  
The proposed model is used to predict the future expected minimum price of all available flights on specific routes and dates based 
on a corpus of historical price quotes. Also, we apply our model to predict prices of flights with specific desirable properties such as 
flights from a specific airline, non-stop only flights, or multi-segment flights. By comparing models with different target properties, 
buyers can determine the likely cost of their preferences.  
We present the expected costs of various preferences for two high-volume routes. Performance of the prediction models presented is 
achieved by including instances of time-delayed features, by imposing a class hierarchy among the raw features based on feature 
similarity, and by pruning the classes of features used in prediction based on in-situ performance.  
Our results show that purchase policy guidance using these models can lower the average cost of purchases in the 2 month period 
prior to a desired departure. The proposed method compares favorably with a deployed commercial web site providing similar 
purchase policy recommendations. 
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B. A Linear Quantile Mixed Regression Model for Prediction of Airline Ticket Prices 
We find it frustrating that different passenger on the same flight in the same flight class pay very different prices for their tickets 
while getting the exact same service. This research proposes four statistical regression models for airline ticket prices and compare 
the goodness of fit. With this prediction model passengers can make a more informed decision whether to buy the ticket or wait a 
little longer. We used a data set containing 126,412 observations of ticket prices of 2,271 different flights from San Francisco 
Airport to John F. Kennedy Airport, these observations have been made on a daily basis by Infare [2]. We find a model that fits the 
behavior of the data fairly well many days before departure. Therefore this approach could help future air travelers to decide 
whether to buy a ticket or not. 

C. An Airfare Prediction Model For Developing Markets 
Air passengers (the buyers) are often looking for the best time period to purchase airfares to get as much saving as possible while 
airlines (the sellers) always try to maximize their revenues by revising different prices for the same service. The sellers have all the 
necessary information (for example historical sale, market demand, customer profile, and behavior) to make the decision whether to 
increase or decrease airfares at different times prior to the departure dates. On the other hand, the buyers are only able to access 
limited information to assist their decision making on whether to wait or purchase airfare right away. In this paper, we propose a 
new model that can help the buyer to predict the price trends without official information from the airlines. Our findings 
demonstrated that the proposed model can predict the trends as well as actual airfare's changes up to the departure dates using public 
airfare data available online despite the missing of many key features like the number of unsold seats on flights. We also identified 
the features that have the strongest impacts on the airfare changes. 

D. A Data-Mining Approach to Travel Price Forecasting 
With the advent of yield management in the air travel industry, large bodies of data-mining techniques have been developed over the 
last two decades for the purpose of increasing profitability of airline companies. The mathematical optimization strategies put in 
place resulted in price discrimination, similar seats in a same flight being often bought at different prices, depending on the time of 
the transaction, the provider, etc. It is the goal of this paper to consider the design of decision-making tools in the context of varying 
travel prices from the customer’s perspective. Based on vast streams of heterogeneous historical data collected through the internet, 
we describe here two approaches to forecasting travel price changes at a given horizon, taking as input variables a list of descriptive 
characteristics of the flight, together with possible features of the past evolution of the related price series. Though heterogeneous in 
many respects ( e.g. sampling, scale), the collection of historical prices series is here represented in a unified manner, by marked 
point processes (MPP). State-of-the-art supervised learning algorithms, possibly combined with a preliminary clustering stage, 
grouping flights whose related price series exhibit similar behavior, can be next used in order to help the customer to decide when to 
purchase her/his ticket. 

III. EXISTING AND PROPORSED SYSTEM 
A. Existing System 
In the company of the touchy enlargement of the internet along with online dealing, sky travelers these days know how to ensure 
sky travels and ease of access of several sky travels roughly effectively. While rewarding by means of an sky travels, these patrons 
be able to obtain their idyllic tickets online all the way through spokesperson sky travels or expert sites. To aid the patrons with 
business the mainly cost-effective sky travels, at hand there are no calculated models to anticipate the sky cost former the air travel. 
Edifying up an prospect mold requires a records rest nevertheless there are no contemporary and scattered sky travel record base in 
intensifying air travel advertises that can be utilized for this effort. 

B. Disadvantages of Existing System 
1) The preponderance of the wide-ranging inhabitants second-hand to reserve tickets with added posh pace in view of the fact that 

there is no prospect mold egress. 
2) There was a hardship in currency and moment in time. 

 
C. Proposed System 
We anticipate one more mold that knows how to aid the procurer with predicting the assessment patterns devoid of ability records 
from the carriers. Our discoveries exhibited that the anticipated mold can anticipate the patterns just as real sky travel cost’s 
progressions up to the impersonation schedule utilizing unlock sky carrier cost in order easily reached online in spite of the mislaid 
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of loads of means highlights like the size of unsold spaces on sky carrier.We equally renowned the highlights that have the most 
beached possessions on the sky carrier changes. To lend a hand to the patrons with trade the most self-effacing carrier charge, there 
have been various conjecture molds to prophesy the carrier cost prior the carrier, we bent with modish idea Random Forest 
Algorithm. 

D. Advantages Of Proposed System 
1) Prophecy mold is contrived utilizing machine learning 
2) Random Forest mold is utilized 
3) Our projected mold predicts the carrier charge for next seven days. 

 
IV. MODULES DESCRIPTION 

A. Modules 
1) Data Acquisition & Preprocessing 
2) Feature Extraction 
3) Model Training 
4) Model Validation 

 
B. Data Acquisition & Preprocessing 
We are collecting the flight fare data and storing it into our system. During Data pre-processing, there may be artifacts in the data that 
should be corrected prior to feature analysis. In this module we will get the data from the online source. Further we will resize the data 
for future use. This data scaling process can increase or decrease the shape of a target data so that the absolute size of data is 
adjusted.Computers are able to perform computations on numbers and are unable to interpret objects in the way that we do. We have 
to somehow convert the data to numbers for the computer to understand. 

C. Feature Analysis 
Now it’s time for feature analysis. Feature analysis is related to dimensionality reduction. When the input data to an algorithm is too 
large to be processed and it is suspected to be redundant (e.g. the same measurement in both feet and meters, or the repetitiveness of 
data), then it can be transformed into a reduced set of features (also named a feature vector).Determining a subset of the initial 
features is called feature selection. The selected features are expected to contain the relevant information from the input data, so that 
the desired task can be performed by using this reduced representation instead of the complete initial data. 

D. Model Training 
An Ensemble learning approach is used in this proposed approach. We are using a supervised learning algorithm. Random Forest 
classifier combines weak classifier algorithm to form strong classifier. A single algorithm may classify the objects poorly. But if we 
combine multiple classifiers with selection of training set at every iteration and assigning right amount of weight in final voting, we 
can have good accuracy score for overall classifier.RF can be used to boost the performance of any machine learning algorithm. It is 
best used with weak learners. These are models that achieve accuracy just above random chance on a classification problem.Now 
we will split the dataset into train and test dataset where Train dataset will be used for model training. After model construction it is 
time for model training. We were able to build an ensemble learning based classifier that can recognize the flight fare will vary or 
not.  

E. Model Validation 
Once the model has been trained it is possible to carry out model testing. During this phase a test set of data is loaded. This data set 
has never been seen by the model and therefore its true accuracy will be verified. Finally, the saved model can be used in the real 
world. The name of this phase is model evaluation or validation. This means that the model can be used to evaluate new data. 

V. EXPERIMENTAL RESULTS 
An upshot is the last outcome of activities or occasions communicated intuitively or quantitatively. Finishing exploration is an 
equipped inspection is a lot of elementary quantitative association flanked by the exposition amounts. 
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VI. CONCLUSIONS AND FUTURE WORK 
In this paper, we have evaluated several conventional machine learning algorithms on our airfare dataset to build an interpretable 
prediction model that can predict the trend of airfare in an emerging aviation market (Vietnam) to help customers to decide when 
they should purchase airfare to get as most saving as they can. We used data collected from the websites that sell airfare online 
using our own tool. We were only able to access limited public information that missed key features such as the number of unsold 
seats on a flight. Our final interpretable prediction model is built by stacking two separated prediction models Random Forest and 
Multilayer Perceptron. We use fine-tuned weights for stacking, using R-squared as main the evaluation metric. The performance of 
our proposed prediction model is 7.7% better than the one of Multilayer Perceptron and 4.4% of Random Forest. Our proposed 
model not only predict the airfare but also identify which airfare’s features that have the strongest impacts on the airfare changes. In 
future, we plan to improve our prediction model by predicting airfare as well as flight delay at the same time as flight delay could 
cause changes in the flight schedule and result in airfare upgrading cost that affects the final saving of customers. In addition, the 
prediction model could be extended to include international and multi-stop flights. The same approach can be applied not only for 
predicting airfare  but also for predicting hotel prices which have similar characteristics like airfare where price discrimination is a 
well-known practice.  
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